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Preface to "Multivariate Approximation for solving
ODE and PDE”

Multivariate approximation is an extension of approximation theory and approximation
algorithms. In general, approximations can be provided via interpolation, as approximation/
polynomials’ interpolation and approximation/interpolation with radial basis functions or more in
general, with kernel functions. In this book, we have covered the field through spectral problems,
exponential integrators for ODE systems, and some applications for the numerical solution of
evolutionary PDE, also discretized, by using the concepts and the related formalism of special
functions and orthogonal polynomials, which represent a powerful tool to simplify computation.
Since the theory of multivariate approximation meets different branches of mathematics and is
applied in various areas such as physics, engineering, and computational mechanics, this book

contains a large variety of contributions.

Clemente Cesarano
Editor
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Abstract: In this paper we analyze the bias in a general linear least-squares parameter estimation
problem, when it is caused by deterministic variables that have not been included in the model.
We propose a method to substantially reduce this bias, under the hypothesis that some a-priori
information on the magnitude of the modelled and unmodelled components of the model is known.
We call this method Unbiased Least-Squares (ULS) parameter estimation and present here its essential
properties and some numerical results on an applied example.

Keywords: parameter estimation; physical modelling; oblique decomposition; least-squares

1. Introduction

The well known least-squares problem [1], very often used to estimate the parameters of
a mathematical model, assumes an equivalence between a matrix-vector product Ax on the left,
and a vector b on the right hand side: the matrix A is produced by the true model equations, evaluated
at some operating conditions, the vector x contains the unknown parameters and the vector b are
measurements, corrupted by white, Gaussian noise. This equivalence cannot be satisfied exactly, but the
least-squares solution yields a minimum variance, maximum likelihood estimate of the parameters
x, with a nice geometric interpretation: the resulting predictions Ax are at the minimum Euclidean
distance from the true measurements b and the vector of residuals is orthogonal w.r.t. the subspace of
all possible predictions.

Unfortunately, each violation of these assumptions produces in general a bias in the estimates.
Various modifications have been introduced in the literature to cope with some of them: mainly, colored
noise on b and/or A due to model error and/or colored measurement noise. The model error is often
assumed as an additive stochastic term in the model, e.g., error-in-variables [2,3], with consequent
solution methods like Total Least-Squares [4] and Extended Least-Squares [5], to cite a few. All these
techniques let the model to be modified to describe, in some sense, the model error.

Here, instead, we assume that the model error depends from deterministic variables in a way that
has not been included in the model, i.e., we suppose to use a reduced model of the real system, as it is
often the case in applications. In this paper we propose a method to cope with the bias in the parameter
estimates of the approximate model by exploiting the geometric properties of least-squares and using
small additional a-priori information about the norm of the modelled and un-modelled components of
the system response, available with some approximation in most applications. To eliminate the bias
on the parameter estimates we perturb the right-hand-side without modifying the reduced model,
since we assume it describes accurately one part of the true model.

2. Model Problem

In applied mathematics, physical models are often available, usually rather precise at describing
quantitatively the main phenomena, but not satisfactory at the level of detail required by the application
at hand. Here we refer to models described by differential equations, with ordinary and/or partial

Mathematics 2020, 8, 982; do0i:10.3390 / math8060982 1 www.mdpi.com/journal /mathematics



Mathematics 2020, 8, 982

derivatives, commonly used in engineering and applied sciences. We assume, therefore, that there are
two models at hand: a true, unknown model M and an approximate, known model M,. These models
are usually parametric and they must be tuned to describe a specific physical system, using a-priori
knowledge about the application and experimental measurements. Model tuning, and in particular
parameter estimation, is usually done with a prediction error minimization criterion that makes the
model response to be a good approximation of the dynamics shown by the measured variables used
in the estimation process. Assuming that the true model M is linear in the parameters that must be
estimated, the application of this criterion brings to a linear least-squares problem:

% = argmin || Ax" — f||%, 1)
X' eR?

where, from here on, ||-|| is the Euclidean norm, A € R"*" is supposed full rank rank(A) = n, m > n,
% € R™1, Ax’ are the model response values and f is the vector of experimental measurements.
Usually the measured data contain noise, i.e., we measure f = f + €, with € a certain kind of additive
noise (e.g., white Gaussian). Since we are interested here in algebraic and geometric aspects of the
problem, we suppose € = 0 and set f = f. Moreover, we assume ideally that f = Ax holds exactly.
Let us consider also the estimation problem for the approximate model M,:

xll = argmin [|Ax" — f)1?, 2)
x'eRMa

where A, € R"<Ma x| € R"*1 with n, < n. The choice of the notation for x/l is to remind that the
least-squares solution satisfies A,x/l = P4, (f) =: fll, where fll is the orthogonal projection of f on the
subspace generated by A;, and the residual Agxll — f is orthogonal to this subspace. Let us suppose
that A, corresponds to the first 1, columns of A, which means that the approximate model M, is
exactly one part of the true model M, i.e., A = [A,, Ay] and so the solution ¥ of (1) can be decomposed
in two parts such that
Xa

AX = [Aur Au} = Aafa + Aufu = f (3)

u

This means that the model error corresponds to an additive term A, %, in the estimation problem.

Note that the columns of A, are linearly independent since A is supposed to be of full rank. We do
not consider the case in which A, is rank-deficient, because it would mean that the model is not well
parametrized. Moreover, some noise in the data is sufficient to determine a full rank matrix.

For brevity, we will call A the subspace generated by the columns of A and A4,, A, the
subspaces generated by the columns of A,, A, respectively. Note that if A, and A, were orthogonal,
decomposition (3) would be orthogonal. However, in the following we will consider the case in which
the two subspaces are not orthogonal, as it commonly happens in practice. Oblique projections, even if
not as common as orthogonal ones, have a large literature, e.g., [6,7].

Now, it is well known and easy to demonstrate that, when we solve problem (2) and A, is not
orthogonal to A;, we get a biased solution, i.e., xl #* X

Lemma 1. Given A € R™*" withn > 2 and A = [A,;, Ay, and given b € Rmx1 ¢ I (Aqg), call x the
least-squares solution of (2) and X = [%,, Xy| the solution of (1) decomposed as in (3). Then

(i) if Ay L Agthen x!l = z,,
(ii)  if Ay L Ay then x|l # x,.

Proof. The least-squares problem Ax = f boils down to finding x such that Ax = P4, (f). Let us
consider the unique decomposition of f on A, and AF as f = fl + fL with fl = P4 (f) and
ft=r, 1(f). Call f = f4 + fu the decomposition on A, and A,, hence there exist two vectors
xg € R, x, € R" ™ such that f; = Agx, and f, = Auxy. If A, L A, then the two decompositions
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are the same, hence fl = f, and so x| = %,. Otherwise, for the definition of orthogonal projection ([6],
third point of Def at page 429), it must hold xIl # z,. O

3. Analysis of the Parameter Estimation Error

The aim of this paper is to propose a method to decrease substantially the bias of the solution of
the approximated problem (2), with the smallest additional information about the norms of the model
error and of the modelled part responses.

In this section we will introduce sufficient conditions to remove the bias and retrieve the true
solution in a unique way, as summarized in Lemma 4. Let us start with a definition.

Definition 1 (Intensity Ratio). The intensity ratio Iy between modelled and un-modelled dynamics is defined as

_ [ AaXall
S Al

In the following we assume that a good approximation of this intensity ratio is available and
that its magnitude is sufficiently big, i.e., we have an approximate model that is quite accurate.
This information about the model error will be used to reduce the bias, as shown in the following
sections. Moreover we will consider also the norm Ny = || Aaxa| (o1, equivalently, the norm [| Ayxyl]).

3.1. The Case of Exact Knowledge about I¢ and N¢

Here we assume, initially, to know the exact values of 1 ¢ and N [Z ie.,

N¢ = Ny = || Asxa],

f f
I = I_ — HAafaH (4)
= = Az

This ideal setting is important to figure out the problem also with more practical assumptions.
First of all, let us show a nice geometric property that relates x, and f, under a condition like (4).

Lemma 2. The problem of finding the set of x, € R" that give a constant, prescribed value for Iy and Ny is

equivalent to that of finding the set of fo = Aaxq € Ay of the decomposition f = f, + f, (see the proof of
Lemma 1) lying on the intersection of A, and the boundaries of two n-dimensional balls in R™. In fact, it holds:

2

Ny =|A 3B, (0,N N

Sl [REONM e () i @
Iy = 12wl fa € 9Bu(f1, Ty) f

Proof. For every x, € R" holds,

N¢ = | fall = | Aaxal|
{I f: G- N N - Ny = ©)
PR ™ @A~ VIFPA = amalr VI Pl

Il fall = N

1A=l = () = R = ”

where we used the fact that f, = LU + fi with fil = AHL(fu) = ft, ,‘) = Py, (fu) = Aadxs =
f” — Agxg, and 6x, = (xIl — x,). Hence the equivalence (5) is proved. O
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Given If and Ny, we call the feasible set of accurate model responses all the f, that satisfy the
relations (5). Now we will see that Lemma 2 allows us to reformulate problem (2) in the problem of
finding a feasible f, that, replaced to f in (2), gives as solution an unbiased estimate of %,. Indeed,
it is easy to note that A,%, belongs to this feasible set. Moreover, since f; € A;, we can reduce the
dimensionality of the problem and work on the subspace .A; which has dimension ,, instead of the
global space A of dimension 7. To this aim, let us consider U, the matrix of the SVD decomposition
of A,;, A, = U, S, VﬂT, and complete its columns to an orthonormal basis of R" to obtain a matrix U.
Since the vectors fg, f e rr belong to the subspace A;, the vectors f}, f I € R” defined such that
fa = Ufy and fl = UfI must have zeros on the last n — 1, components. Since U has orthonormal
columns, it preserves the norms and so ||fIl|| = ||fl|| and ||fa|| = ||fall- If we call f,, I € R" the
first 11, components of the vectors f;, fll (which have again the same norms of the full vectors in R")
respectively, we have

{ fa € 9By, (0,Ny), @

fo€ 3By, (F1,7)).

In this way the problem depends only on the dimension of the known subspace, i.e., the value of 1,,

and does not depend on the dimensions m > n, and n > n,. From (8) we can deduce the equation

of the (n, — 2)-dimensional boundary of an (1, — 1)-ball to which the vector f, = A;x, must belong.
In the following we discuss the various cases.

3.1.1. Casen, =1

In this case, we have one unique solution when both conditions on I and Ny are imposed.
When only one of these two is imposed, two solutions are found, shown in Figure 1a,c. Figure 1b
shows the intensity ratio I.

Intensity Ratio value w.rtx_a

L
Ay f Auziu / 30
25
e Az, 20
@ 15
10

f Az, [t Ay
P /‘/‘ ~_ N 05

o A

Ay, <= - < 00

—100 —50 0 50 100 150

(b)

Figure 1. Case n, = 1. (a): Case 1, = 1, m = n = 2. Solutions with the condition on Ny. In the figure:
the true decomposition obtained imposing both the conditions (blue), the orthogonal decomposition
(red), another possible decomposition (green) that satisfy the same norm condition Ny, but different I;
(b): Case n, = 1. Intensity Ratio value w.r.t the norm of the vector A,x,: given a fixed value of Intensity
Ratio there can be two solution, i.e. two possible decomposition of f as sum of two vectors with the
same Intensity Ratio; (c): Case n, = 1, m = n = 2. Solutions with the condition on I 5. In the figure:
the true decomposition obtained imposing both the conditions (blue), the orthogonal decomposition
(red), another possible decomposition (green) with the same intensity ratio I, but different Ny.
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3.1.2. Casen, =2

Consider the vectors f,, fl € R"=2 as defined previously, in particular we are looking for
fa = [€1,&)] € R Hence, conditions (8) can be written as

2. 22 N2

{Cl ’ 53” ZNf N —  Fr fAr-2fla+ @) -2fle=N-T2, 9
(€1 _fl) + (&2 _fgz) - Tf

where the right equation is the (1, — 1) = 1-dimensional subspace (line) F obtained subtracting
the first equation to the second. This subspace has to be intersected with one of the beginning
circumferences to obtain the feasible vectors f;, as can be seen in Figure 2a and its projection on A,
in Figure 2b. The intersection of the two circumferences (5) can have different solutions depending on
the value of (Ny — [ f I — Tf. When this value is strictly positive there are zero solutions, this means
that the estimates of Iy and Ny are not correct: we are not interested in this case because we suppose the
two values to be sufficiently well estimated. When the value is strictly negative there are two solutions,
that coincide when the value is zero.

é', \\
e f B ‘\
OB, (f1, Tr) i 3 !
! Y O_‘, '
1
A ’
A ’
EE Y 4
-~ A é l.\ <o _ - “r’ -
Aa OB, (0, Nf) “ PF 9B, (0,N¢)
(@) (b)

Figure 2. Case 11, = 2. (a): Case n, = 2, m = n = 3, with Azx, = [Aa(1)Aa(2)][xa(1)x4(2)]7.
In the figure: the true decomposition (blue), the orthogonal decomposition (red), another possible
decomposition of the infinite ones (green); (b): Case n, = 2, m = n = 3. Projection of the
two circumferences on the subspace A,, and projections of the possible decompositions of f (red,
blue and green).

When there are two solutions, we have no sufficient information to determine which one of the
two solutions is the true one, i.e., the one that gives f; = A,%;: we cannot choose the one that has
minimum residual, neither the vector f; that has the minimum angle with f, because both solutions
have the same values of these two quantities. However, since we are supposing the linear system to be
originated by an input/output system, where the matrix A, is a function also of the input and f are
the measurements of the output, we can take two tests with different inputs. Since all the solution sets
contain the true parameter vector, we can determine the true solution from their intersection, unless
the solutions of the two tests are coincident. The condition for coincidence is expressed in Lemma 3.

Let us call A,; € R"*" the matrix of the test i = 1,2, to which correspond a vector f;. The line
on which lie the two feasible vectors f, of the same test i is F; and S; = A;r’i]-',' is the line through the
two solution points. To have two tests with non-coincident solutions, we need that these two lines
&1, S do not have more than one common point, that in the case n, = 2 is equivalent to S; # S, i.e,,
AZ’l]-'l # A;z]-'z, ie, F| # A,MAZ/Z]:Z =: F1p. We represent the lines F; by means of their orthogonal
vector from the origin f" bi— lart,iﬁ- We introduce the matrices C,, C f C fp such that A;» = CpA, 1,

i

fo=Csfi, f) = Crofl and kg such that || £ || = ksl £
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Lemma 3. Consider two tests i = 1,2 from the same system with n, = 2 with the above notation. Then it
holds Fy = Fip if and only if Co = Cg).

Proof. From the relation fiH =Pa,(fi) = Au,i(ALAari)*lAL fi, we have

) = Aap(Aly Agp) VAT fo = CaAg1 (AL CTCoAgy) VAT CTC £ (10)

Itholds F| = Fip < f"”’l = for t12 . — Aa,lA;r’2 f‘”t'z, hence we will show this second equivalence.
We note that Iort2 = kflor1 and calculate

I f”
fmt,lz = Au,lAI,ZfO"'2 = Aa,lAZ,l C; ( ort2 i f ) Ay 1Aalcn kflm'tl fP Hl = An,lAI,l C;Cfpfmtll* (11)
1A kell £l
Now let us call st the vector such that f"”’1 = Aulls"’t'l, then, using the fact that C, = C p
we obtain

2 = A AL 1 CECrpAnys = A1 (Al 1 Ag1)s7 = (sinceAl 1 Agy = 1,) = Ag1s”™ (12)
Hence we have Fip = Fy <= A1 Af CICp, f! = forl = CiCp,=1. O

3.1.3. Casen, > 3

More generally, for the case 1, > 3, consider the vectors f;, f I e R as defined previously,
in particular we are looking for f, = [¢1,...,&x,] € R". Conditions (8) can be written as

g
Z é \{ — F: L((fP-2fla)=NE-T7, (13)
i i=1

where the two equations on the left are two (1, — 1)-spheres, i.e., the boundaries of two 1,-dimensional
balls. Analogously to the case 1, = 2, the intersection of these equations can be empty, one point
or the boundary of a (1, — 1)-dimensional ball (with the same conditions on (Ny — || f I — Tf).
The equation on the right of (13) is the (11, — 1)-dimensional subspace F on which lies the boundary
of the (1, — 1)-dimensional ball of the feasible vectors f,, and is obtained subtracting the first equation
to the second one. In Figure 3a the graphical representation of the decomposition fIl = f, + fl‘,| for
the case 1, = 3 is shown, and in Figure 3b the solution ellipsoids of 3 tests whose intersection is one
point. Figure 4a shows the solution hyperellipsoids of 4 tests whose intersection is one point, in the
case n, = 4.

We note that, to obtain one unique solution x, we must intersect the solutions of at least two tests.
Let us give a more precise idea of what happens in general. Giveni = 1,...,n, tests we call, as in
the previous case, f°'* the vector orthogonal to the (1, — 1)-dimensional subspace F; that contains
the feasible f;, and S; = AZ/i.E. We project this subspace on A, 1 and obtain F; = A, A;i}'i that
we describe through its orthogonal vector for1i = Aa,lAZ,,'fm’i~ If the vectors fort:1, fort12 . fortlna
are linearly independent, it means that the (1, — 1)-dimensional subspaces F1, Fi, . .. Fi,, intersect
themselves in one point. In Figure 4b it is shown an example in which, in the case 1, = 3 the vectors
fortl, fort12 fort13 gre not linearly independent. The three solution sets of this example will intersect
in two points, hence, for 1, = 3, three tests are not always sufficient to determine a unique solution.
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2B, (0,Ny)

Case na = 3. Intersection of the solution Sets of 3 tests.

— test1 "
— test2 [
— test3 10

(@) (b)
Figure 3. Case n, = 3. (a): Case n; = 3, m = n =4, n — n, = 1: in the picture f”, i.e., the projection of
f on Aq,. The decompositions that satisfies the conditions on Iy and Ny are the ones with f, that lies on
the red circumference on the left. The spheres determined by the conditions are shown in yellow for
the vector f; and in blue for the vector f Ih— a,. Two feasible decompositions are shown in blue and
green; (b): Case 1, = 3. Intersection of three hyperellipsoids, set of the solutions x, of three different
tests, in the space R"=3,

Case na = 4. Intersection of the solution sets of 4 tests

(a) (b)
Figure 4. Case n,; > 3. (a): Case n, = 4. Intersection of four hyperellipsoids, set of the solutions x,; of
four different tests, in the space R"=%; (b): Case 1, = 3. Example of three tests for which the solution
has an intersection bigger than one single point. The three (1, — 1)-dimensional subspaces Fi, Fi3, Fi3
in the space generated by A, intersect in a line and their three orthogonal vectors are not linearly
independent.

Lemma 4. For all n, > 1, the condition that, given i = 1,...,n, tests, the n, hyperplanes S; = AZ Fi
previously defined have linearly independent normal vectors is sufficient to determine one unique intersection,
i.e., one unique solution vector %o, that satisfies the system of conditions (4) for each test.

Proof. The intersection of 1, independent hyperplanes in R" is a point. Given a testi and S; = A} . F;
the affine subspace of that test

Si=vi+W;={vj+wecR"™ : w-n; =0} = {x €R™ : nl (x —v;) =0},

where n; is the normal vector of the linear subspace and v; the translation with respect to the origin.
The conditions on S; relative to n, tests correspond to a linear system Ax = b, where n; is the i-th
row of A and each component of the vector b given by b; = n! v;. The matrix A has full rank because of
the linear independence condition of the vectors n;, hence the solution of the linear system is unique.
The unique intersection is due to the hypothesis of full column rank of the matrices A, ;:
this condition implies that the matrices A, ; map the surfaces F; to hyperplanes S; = A, ; ;. O
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For example, with n, = 2 (Lemma 3) this condition is equal to considering two tests with
non-coincident lines S1, Sy, i.e., two non-coincident Fy, Fp;.

3.2. The Case of Approximate Knowledge of Iy and Ny Values

Let us consider N tests and call If;, Nf; and Ty, the values as defined in Lemma 2, relative to test
i. Since the system of conditions

Nf,i = H\lﬁa/ix’ll\” and {Nf,i = || Agixall (14)
a,iXa
Ui = gl Ty = If] = Agial

is equivalent, as shown in Lemma 2, we will take into account the system on the right for its simplicity:
the equation on Ty ; represents an hyperellipsoid, translated with respect to the origin.

In a real application, we can assume to know only an interval in which the true values of I is
contained and, analogously, an interval for Ny values. Supposing we know the bounds on I and N,
then the bounds on Tf can be easily computed. Let us call these extreme values N}”“", N’ J’,”’”, Tj’,"” , T;”’”,
we will assume it always holds

N > max.(Ny ), T > max;(Tr;),
fo= A f’l) and fo= A f'l) (5)
N < (), T < min(Ty),

for each i-th test of the considered seti =0,...,N.
Condition (4) is now relaxed as follows: the true solution %, satisfies

1 4gi%all < N, 14g,%a — f1| < Ty,

, . (16)
1 Agiall > Ny, 14gi%a — £l > Tpin,

for each i-th test of the considered seti =0,...,N.

Assuming the extremes to be non-coincident (N74" £ N7% and T#" + T¥), these conditions
do not define a single point, i.e., the unique solution ¥, (as in (4) of Section 3.1), but an entire closed
region of the space that may be even not connected, and contains infinite possible solutions x different
from %,.

In Figure 5 two examples, with 1, = 2, of the conditions for a single test are shown: on the left
in the case of exact knowledge of the Ny ; and Ty; values, and on the right with the knowledge of
two intervals containing the right values.

Given a single test, the conditions (16) on a point x can be easily characterized. Given the condition

I fall = l|Aaxall = N,

we write x, = }_ x,;v; with v; the vectors of the orthogonal basis, given by the columns V of the SVD
decomposition A, = USVT. Then

fa = Aaxa = USVT (Y xivi) = US(Y_xier) = U(Y_sixie) = Y sixiu;.
7 7 7 7

Since the norm condition | f,|> = Yi(sixi)? = N% holds, then we obtain the equation of the
hyperellipsoid for x, as:

1

Sl = YA N2 -
iXi —;( )2— £ (17)

The bounded conditions hence gives the region inside the two hyperellipsoids centered in
the origin:

Bl
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2
N}'“" < E,‘ (ll)z < N}"”. (18)
Si

Analogously for the I condition, the region inside the two translated hyperellipsoids:

2
TS —fl =T (19)
i B

Given a test i, each of the conditions (18) and (19), constrain ¥, to lie inside a thick hyperellipsoid,
i.e., the region between the two concentric hyperellipsoids. The intersection of these two conditions

for test i is a zero-residual region that we call Z;,

Z,. = {x € R™ | (18) and (19) hold }. (20)

It is easy to verify that if Ny is equal to the assumed N}“” or NJ’Z’”X ,or Ty ; is equal to the assumed
T™min or TMX the true solution will be on a border of the region Z;,, and if it holds for both N [7 and

Ty,; it will lie on a vertex.

-0.05

-0.10 e

e

-0.15

-004 003 002 -001 000 001 00z 003 004

(a) (b)
Figure 5. Examples of the exact and approximated conditions on a test with 72, = 2. In the left equation
the two black ellipsoids are the two constraints of the right system of (14), while in the right figure
the two couples of concentric ellipsoids are the borders of the thick ellipsoids defined by (16) and the
blue region Z,, is the intersection of (18) and (19). The black dot in both the figures is the true solution.
(a): Exact conditions on Ny and T; (b): Approximated conditions on Ny and Ty.

When more tests i = 1,..., N are put together, we have to consider the points that belong to the
intersection of all these regions Z;,, i.e.,

zr = ﬂ Zri . (21)

i=0,...,N

These points minimize, with zero residual, the following optimization problem:

N ) N
min Y min(0, || Ag x| = NF™)? + Y max(0, || Agix|| — Nf™)*+
* iz i=1 22)

N ) N
+ Y min(0, || Agix — FlIl = TP 4+ Y max(0, || Agix — || - Tp)2.
i=1 i=1

It is also easy to verify that, if the true solution lies on an edge/vertex of one of the regions Z;,,

it will lie on an edge/vertex of their intersection.
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The intersected region I, tends to monotonically shrink in a way that depends from the properties
of the added tests. We are interested to study the conditions that make it reduce to a point, or at least
to a small region. A sufficient condition to obtain a point is given in Theorem 1.

Let us first consider the function that, given a point in the space R", returns the squared norm of
its image through the matrix A,:

N2(x) = | Aax]3 = [UZVTx[3 = [2V7]3 = (£VT)T(£VTx) = 5T (VETEVT)x =

Ulvl;x 23)
=|l| @290% || =0F({x)*+ 3 (032)* +...,
where v; are the columns of V and x = [x(1) x(2) ..., x(n,)].
The direction of maximum increase of this function is given by its gradient
20201 xv1 (1) + 20301 x0a (1) + - - - + 202 vF, xv,, (1)
UN2(x) = 2(VE2VT)x = | 20f01x01(2) + 20305 x02(2) + - - + 207, 05, 20, (2) (4)
Analogously, define the function TJ% (x) as
TH(x) = l|4ax = I3 = JuzVTx = fI]f = |2V Tx - £} =
= (@VTx— T EVTx = fl) = VT T (v -2V T+ (AT ()
= x(VZZVT)x - Z(X)TVZf” + (fH)T(fH) = (25)
ool x
||| eodx | - A
. 2
with gradient
VTH(x) = 2(VE?VT)x —2vEfl =
2020l xv1 (1) + 2030  xva (1) + - - - + 202 0L xv,, (1) —202 ¥ fl()o;(1)
: : (26)
20f0{x01(j) + 20307 x0a () + -+ 207 o o, ()| | 207 K fl(ei(j) |

Definition 2. (Upward/Downward Outgoing Gradients) Tuke a test i, and the functions NJ%(x) and T}(x) as
in (23) and (25), with the formulas of the gradient vectors of these two functions VN ; (x), VTy,i(x) as in (24)

Nmin/max

and

and (26). Given the two extreme values T}”i”/ max

for each test, let us define
o the downward outgoing gradients as the set of gradients calculated on the points on the minimum hyperellipsoid
{=VNpi(x) | Npi(x) = N} and - {=VTp;(x) | Tr(x) = T/} @7)

they point inward to the region of the thick hyperellipsoid.
e the Upward Outgoing Gradients as the set of negative gradients of points on the maximum hyperellipsoid

{VNgi(x) [ Npi(x) = Ny} and - {VTyi(x) | Tpi(x) = T} (28)

10
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they point outward the region.

Note that the upward/downward outgoing gradient of function Nj%(x) (or TJ%(x)) on point x
is the normal vector to the tangent plane on the hyperellipsoid on which the point lies. Moreover,
these vectors point outward the region defined by Equation (18) (and (19) respectively). In Figure 6,

an example of some upward/downward outgoing gradients of function N}(x) is shown.

[T
T
11y

T

Figure 6. In the figure some upward/downward outgoing gradients are shown: the blue internal ones
are downward outgoing gradients calculated on points x on the internal ellipsoid with Ny ;(x) = N}m",
while the external red ones are upward outgoing gradients calculated on points x on the external

ellipsoid with Ny ;(x) = N}””".
Theorem 1. Given N tests with values I ; and Ny ; in the closed intervals [I}"i”, I}"‘” | and [N}"i”, N}"“" |, take

the set of all the upward/downward outgoing gradients of functions N%,i(x) and T},i(x) calculated in the true

solution %,, i.e.,
{val,'(,Ya)fUT i=1,...,N | Nfl,'(fﬂ) = N}nax} @] {val,'(,Ya)fUT i=1,...,N | Nf,i(iﬂ) = N}""”}U 29)

U{VTyi(Ta) fori=1,...,N | Tp;(%a) = TP} U{VTy(%a) fori=1,...,N | Tr;(%a) = T}™"}.
If there is at least one outgoing gradient of this set in each orthant of R, then the intersection region I, of

Equation (21) reduces to a point.

Proof. What we want to show is that given any perturbation Jy of the real solution %;, there exists at
least one condition among (18) and (19) that is not satisfied by the new perturbed point %, + Jy.

Any sufficiently small perturbation Jy in an orthant in which lies an upward/downward outgoing
gradient (from now on “Gradient”), determines an increase/decrease in the value of the hyperellipsoid

function relative to that Gradient, that makes the relative condition to be unsatisfied.
Hence, if the Gradient in the orthant considered is upward, it satisfies Ny;(%,) = N}””X (or

analogously with Ty ;) and for each perturbation J; in the same orthant we obtain
Nyi(%q + 0x) > Npi(%a) = N~

(or analogously with Ty ). In the same way, if the Gradient is downward we obtain
Nyi(%a + 6x) < Nyi(%a) = Nf™

(or analogously with Ty ;).
When in one orthant there are more than one Gradient, it means that more than one condition
|

will be unsatisfied by the perturbed point ¥, + d, for a sufficiently small d, in that orthant.

11
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4. Problem Solution

The theory previously presented allows us to build a solution algorithm that can deal with
different a-priori information. We will start in Section 4.1 with the ideal case, i.e., with exact knowledge
of I and Ny. Then, we generalize to a more practical setting, where we suppose to know an interval
that contains the T values of all the experiments considered and an interval for the N values. Hence,
the estimate solution will satisfy Equations (18) and (19). In this case we describe an algorithm for
computing an estimate of the solution, that we will test in Section 5 against a toy model.

4.1. Exact Knowledge of I and Ny

When the information about I and Ny is exact, with the minimum amount of experiments
indicated in Section 3 we can find the unbiased parameter estimate as the intersection I, of the
zero-residual sets Z;, corresponding to each experiment. In principle this could be done also following
the proof of Lemma 4, but the computation of the v; vectors is quite cumbersome. Since this is an ideal
case, we solve it by simply imposing the satisfaction of the various Ny and T conditions (Equation (14))
as an optimization problem:

1

N
minF(x)  with F(x):;(HAur,-foNf,i)er

1

N
([ Agix — Il = Tp)% (30)
=1

The solution of this problem is unique when the tests are in a sufficient number and satisfies the
conditions of Lemma 4.

This nonlinear least-squares problem can be solved using a general nonlinear optimization
algorithm, like Gauss—-Newton method or Levenberg-Marquardt [8].

4.2. Approximate Knowledge of Iy and N¢

In practice, as already pointed out in Section 3.2, it is more realistic to know the two intervals that
contain all the N I7 and I 7 values for each test i. Then, we know that within the region I, there is also
the exact unbiased parameter solution X,, that we want at least to approximate. We introduce here
an Unbiased Least-Squares (ULS) Algorithm 1 for the computation of this estimate.

Algorithm 1 An Unbiased Least-Squares (ULS) algorithm.
1: Given a number n;.4s of available tests, indexed with a number between 1 and #nyesss,

and two intervals, IJ’['”", I}’”’x and [N}”i’l, N}"”x ] , containing the I i and N i values of all tests.

2: At each iteration we will consider the tests indexed by the interval [1, i;]; set initially iy = n,.
3: while it < Ntests do
1) compute a solution with zero residual of the problem (22) with a nonlinear least-squares
optimization algorithm,
2) estimate the size of the zero-residual region as described below in (31),
3) increment by one the number i; of tests.
. end while
. Accept the final solution if the estimated region diameter is sufficiently small.

Lo

In general, the zero-residual region Z,, of each test contains the true point of the parameters vector,
while the estimated iterates with the local optimization usually start from a point outside this region
and converge to a point on the boundary of the region.

The ULS estimate can converge to the true solution in two cases:

1. the true solution lies on the border of the region I, and the estimate reach the border on that
point;
2. theregion I, reduces to a dimension smaller than the required accuracy, or reduces to a point.

12
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The size of the intersection set I, of the zero-residual regions Z;, is estimated in the
following way.
Let us define an index, that we call region shrinkage estimate, as follows:

§(x) = min{n | ZA,ZY(ery’”(S) >0}, (31)
seP

where we used y = 1.5 in the experiments below, P = {§ € R™ | 6(i) € (—1,0,1) Vi=1,...,n,} and
A, is the Dirac function of the set I,.

5. Numerical Examples

Let us consider a classical application example, the equations of a DC motor with a mechanical
load, where the electrical variables are governed by the following ordinary differential equation

{um = —Kw(t) — RI(t) + V(£) — fu(t) @2)

I(ty) =1,

where I is the motor current, w the motor angular speed, V the applied voltage, and f,(t) a possible
unmodelled component

fu(t) = —mmerrcos(npores0(t)), (33)

where 71,5 is the number of poles of the motor, i.e., the number of windings or magnets [9], 71+ the
magnitude of the error model and 6 the angle, given by the system

{wa) =6(t) -

w(to) = wyp.

Note that the unknown component f, of this example can be seen as a difference in the potential
that is not described by the approximated model. We are interested in the estimation of parameters
[L, K, R]. In our test the true values were constant values [L = 0.0035,K = 0.14, R = 0.53].

We suppose to know the measurements of I and w at equally spaced times ty, ..., t5 with step &,
such that t; = fo + kh, and ty,1 = t; + h. In Figure 7 we see the plots of the motor speed w and of the
unknown component f, for this experiment.

wt) Lutt)

me (sec) time (sec)

(@) (b)

Figure 7. The plots of (a) w(t) and (b) f,(t) in the experiment.

We compute the approximation of the derivative of the current signal i (tx) with the forward finite
difference formula of order one

f(ik) = 7I(tk) _hl(tkil), for tk = i’],...,i’N

13
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with a step it = 4 x 10~*. The applied voltage is held constant to the value V(t) = 30.0.
To obtain a more accurate estimate, or to allow the possibility of using higher step size values £,
finite differences of higher order can be used, for example the fourth order difference formula

h) = I(t —2h) 78[(tk*h)l‘£h81(tk+h) - I(tk+2h)/ for =ty tg_,

With the choice of the finite difference formula, we obtain the discretized equations

LI(ty) = —Kaw(tx) — RI(t) + V(tx) — ful(te), for tr=1ty,...,ty. (35)
We will show a possible implementation of the method explained in the previous sections, and the
results we get with this toy-model example. The comparison is made against the standard least-squares.
In particular, we will show that when the information about I f and N i is exact, we have an exact
removal of the bias. In case this information is only approximate, which is common in a real application,
we will show how the bias asymptotically disappears when the number of experiments increases.
We build each test taking the Equation (35) for n samples in the range t1, ..., ty, obtaining the
linear system

) w(te) (k) fulti) V()

tn) @ltin) Tt | ol Hfaltin)| | Vitin) 6
: : : R : .

i(tk+n) W(tgsn) I(tk+,,) fultiin) V(tkin)

so that the first matrix in the equation is A, € R"*" with n, = 3, the number of parameters to
be estimated.

To measure the estimation relative error é,,; we will use the following formula, where %, is the
parameter estimate:

= L35 1520) 2Dl @)
Mo i 5 [[%a(5)]]2

Note that the tests that we built in the numerical experiments below are simply small chunks of
consecutive data, taken from one single simulation for each experiment.

The results have been obtained with a Python code developed by the authors, using NumPy for
linear algebra computations and scipy.optimize for the nonlinear least-squares optimization.

5.1. Exact Knowledge of Iy and Ny

As analyzed in Section 4.1, the solution of the minimization problem (30) is computed with a local
optimization algorithm.

Here the obtained results show an error &, with an order of magnitude of 1077 in every test we
made. Note that it is also possible to construct geometrically the solution, with exact results.

5.2. Approximate Knowledge of Iy and N¢

When I ¢ and N ¢ are known only approximately, i.e., we know only an interval that contains all the
I i values and an interval that contains all the N i values, we lose the unique intersection of Lemma 4,
that would require only 7, tests. Moreover, with a finite number of tests we cannot guarantee in
general to satisfy the exact hypotheses of Theorem 1. As a consequence, various issues open up. Let’s
start by showing in Figure 8 that when all the four conditions of (15) hold with equality, the true
solution lies on the boundary of the region I, as already mentioned in Section 3.2. If this happens,
then with the conditions of Theorem 1 on the upward/downward outgoing gradients, the region I, is

14
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a point. When all the four conditions of (15) hold with strict inequalities, the true solution lies inside
the region I, (Figure 8b). From a theoretical point of view this distinction has a big importance, since
it means that the zero-residual region can or cannot be reduced to a single point. From a practical
point of view it becomes less important, for the moment, since we cannot guarantee that the available
tests will reduce I, exactly to a single point and we will arrive most of the times to an approximate
estimate. This can be more or less accurate, but this depends on the specific application, and this is out
of the scope of the present work.

0001
o002

0003
o005 0004

018 o007 0006
0009 0008

(a) (b)
Figure 8. Two examples of (zero-residual) intersection regions I, C R3 with different location of the
true solution: inside the region or on its border. For graphical reasons the region has been discretized
and the dots are the grid nodes; the bigger ball (thick point) is the true solution. (a): The true solution
(ball) is on the border of I ;; (b): The true solution (ball) is internal to L.

To be more precise, when the conditions of Theorem 1 are not satisfied, there is an entire region
of the parameters space which satisfies exactly problem (30), but only one point of this region is the
true solution %,. As more tests are added and intersected together, the zero-residual region I, tends to
reduce, simply because it must satisfy an increasing number of inequalities. In Figure 9 we can see
four iterations taken from an example, precisely with 3, 5, 9 and 20 tests intersected and .., = 19.
With only three tests (Figure 9a), there is a big region I, (described by the mesh of small dots), and here
we see that the true solution (thick point) and the current estimate (star) stay on opposite sides of
the region, as accidentally happens. With five tests (Figure 9a) the region has shrunk considerably
and the estimate is reaching the boundary (in the plot it is still half-way), and even more with nine
tests (Figure 9c¢). The convergence arrives here before the region collapses to a single point, because
accidentally the estimate has approached the region boundary at the same point where the true solution
is located.

In general, the zero-residual region Z,, (20) of each test contains the true solution, while the
estimate arrives from outside the region and stops when it bumps the border of the intersection
region I, (21). For this reason we have convergence when the region that contains the true solution is
reduced to a single point, and the current estimate £, does not lie in a disconnected sub-region of I,,
different from the one in which the true solution lies. Figure 10 shows an example of an intersection
region I, which is the union of two closed disconnected regions: this case creates a local minimum in
problem (30).

15
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(c) (d)
Figure 9. The intersection region I, C R3 at different number of tests involved. For graphical reasons
the region has been discretized and the dots are the grid nodes; the bigger ball is the true solution and
the star is the current estimate in the experiment. (a) 3 tests; (b) 5 tests; (c) 9 tests; (d) 20 tests.

(a) (b)
Figure 10. The intersection region I, C R3 at different number of tests involved. On the left a few
tests have created a single connected region while, on the right, adding more tests have splitted it into

two subregions. For graphical reasons the region has been discretized and the dots are the grid nodes;
the bigger ball is the true solution and the star is the current estimate in the experiment. (a) A (portion
of a) connected region I,; (b) A region I, split into two not connected sub regions.
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In Figure 11 we see the differences N7"** — N' min qnd TMmex — Tmin yg g, The differences are

bigger for higher values of the model error. It seems that this is the cause of a more frequent creation
of local minima.
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Figure 11. The three plots show the values assumed by the extreme values (15) as a function of n1,y,.
(a): {I}”i", I}"’”} VS. Merr; (b): {N}”i”, Nj'(”‘”} VS. Merr; () {Tf’,"i”, Tf”"”} VS. ey

Figure 12 synthesizes the main results that we have experienced with this new approach. Globally

it shows a great reduction of the bias contained in the standard least-squares estimates; indeed, we had
to use the logarithmic scale to enhance the differences in the behaviour of the proposed method while
varying mr. In particular,

with considerable levels of modelling error, let us say m.,, between 2 and 12, the parameter
estimation error é,, is at least one order of magnitude smaller that that of least-squares; this is
accompanied by high levels of shrinkage of the zero-residual region (Figure 12b);

with higher levels of m,,, we see a low shrinkage of the zero-residual region and consequently
an estimate whose error is highly oscillating, depending on where the optimization algorithm has
brought it to get in contact with the zero-residual region;

at mer = 18 we see the presence of a local minimum, due to the falling to pieces of the
zero-residual region as in Figure 10: the shrinkage at the true solution is estimated to be
very high, while at the estimated solution it is quite low, since it is attached to a disconnected,
wider sub-region.

the shrinking of the zero-residual region is related to the distribution of the outgoing gradients,
as stated by Theorem 1: in Figure 12d we see that in the experiment with ., = 18 they occupy
only three of eight orthants, while in the best results of the other experiments the gradients
distribute themselves in almost all orthants (not shown).

It is evident from these results that for lower values of modelling error 1., it is much easier to

produce tests that reduce the zero-residual region to a quite small interval of R", while for high values
of .y it is much more difficult and the region I, can even fall to pieces, thus creating local minima.
It is also evident that a simple estimate of the I, region size, like (31), can reliably assess the quality of
the estimate produced by the approach here proposed, as summarized in Figure 12c.
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Figure 12. The plots summarize the results obtained by the ULS approach to parameter estimation no
the model problem explained at the beginning of this section. (a): The relative estimation error (37)
vs. Mier; (b): The I, region shrinkage estimate (31) vs. m.r; (¢): The relative estimation error (37) vs.
the estimate of the I, region shrinkage, considering the experiments with ni., € [2,20]; (d): A three
dimensional view of the Outgoing Gradients at the last iteration of the experiment with n1.,, = 18.

6. Conclusions

In this paper we have analyzed the bias commonly arising in parameter estimation problems
where the model is lacking some deterministic part of the system. This result is useful in applications
where an accurate estimation of parameters is important, e.g., in physical (grey-box) modelling typically
arising in the model-based design of multi-physical systems, see e.g., the motivations that the authors
did experience in the design of digital twins of controlled systems [10-12] for virtual prototyping,
among an actually huge literature.

At this point, the method should be tested in a variety of applications, since the ULS approach
here proposed is not applicable black-box as Least-Squares are. Indeed, it requires some additional
a priori information. Moreover, since the computational complexity of the method here presented
is relevant, efficient computational methods must be considered and will be a major issue in future
investigations.

Another aspect that is even worth to deepen is also the possibility to design tests that contribute
optimally to the reduction of the zero-residual region.
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Abstract: The aim of this work is to study oscillatory properties of a class of fourth-order
delay differential equations. New oscillation criteria are obtained by using generalized Riccati
transformations. This new theorem complements and improves a number of results reported in the
literature. Some examples are provided to illustrate the main results.
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1. Introduction

In this article, we investigate the asymptotic behavior of solutions of the fourth-order
differential equation

y
() (" @)) + L) f (w08 (1) =0 ¥ 2 5. &

Throughout this paper, we assume the following conditions hold:

(Z1)  « are quotient of odd positive integers;
(Z)  beC'([xg,),R),b(x) >0, b (x) > 0and under the condition

© 1
——dx = 0. 2
/xo b7 () = @)

(Z3) g;i € Clxp,00),q(x)>0,i=1,2,...,j,
(Z4) 191' S C[X0,00), 19,' (X) <x, lim)Hoo 191‘ (x) = oo; i= 1,2,..,j,
(Zs) f € C(R,R) such that

f(x)/x*>1¢>0, forx #0. 3)
Definition 1. The function y € C3[vy, 00), v, > vy, is called a solution of equation (1), if b (x) (w" (x))* €
ct [xw, 00), and w (x) satisfies (1) on [xy, 00).
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Definition 2. A solution of (1) is called oscillatory if it has arbitrarily large zeros on [xy,, 00), and otherwise is
called to be nonoscillatory.

Definition 3. Equation (1) is said to be oscillatory if all its solutions are oscillatory.

Differential equations arise in modeling situations to describe population growth, biology,
economics, chemical reactions, neural networks, and in aeromechanical systems, etc.; see [1].

More and more scholars pay attention to the oscillatory solution of functional differential
equations, see [2-5], especially for the second/third-order, see [6-8], or higher-order equations
see [9-17]. With the development of the oscillation for the second-order equations, researchers began
to study the oscillation for the fourth-order equations, see [18-25].

In the following, we show some previous results in the literature which related to this paper:
Moaaz et al. [21] studied the fourth-order nonlinear differential equations with a continuously
distributed delay

(@ (@e")) + [(a@f @@ =0 @

by means of the theory of comparison with second-order delay equations, the authors established
some oscillation criteria of (4) under the condition

5}

1
——d .
X0 pl/x (x) X< oo ®)

Cesarano and Bazighifan [22] considered Equation (4), and established some new oscillation
criteria by means of Riccati transformation technique.
Agarwal et al. [9] and Baculikova et al. [10] studied the equation

1 Y
(@ (%)") +a () f @@ (x) =0 ©)
and established some new sufficient conditions for oscillation.

Theorem 1 (See [9]). If there exists a positive function g € C' ([xo, ), (0,00)), and @ > 1 is a constant
such that

. x (g (s _
imsup | (g ()9() = A0 T2 (s (s))K> ds =0, @)

where A == (1/ (k4 1)) (2 (n — 1)1)*, then every solution of (6) is oscillatory.

Theorem 2 (See [10]). Let f (xl/") /x> 1for0 < x < 1such that

L ¢ ol 1
im it 1960 (G S ) & o ®

for some ¢ € (0,1), then every solution of (6) is oscillatory.

To prove this, we apply the previous results to the equation

4 Co 9
w® (x) + x—4w <Ex) =0,x>1, )
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then we get that (9) is oscillatory if

The condition 7) (8)

The criterion ¢ > 60 c¢o > 28.7

From above, we see that [10] improved the results in [9].

The motivation in studying this paper is complementary and improves the results in [9,10].

The paper is organized as follows. In Section 2, we state some lemmas, which will be useful in
the proof of our results. In Section 3, by using generalized Riccati transformations, we obtain a new
oscillation criteria for (1). Finally, some examples are considered to illustrate the main results.

For convenience, we denote

J(x):= _/:o ;ds, Fi (x) :=max{0,F (x)},

bl/x (s)
P(x):=g(x) (f;q,(x)< 3 > T (x)o(x) )

gh(x)  (k+1)pfex® & (x) 2B
@ T wtmem LT Tm Ty

S o ] K 1/x ) %1
¢ (x) = & () (/ (lj(‘;)/ izlq,-(s)‘*sf’)ds> Ww),

where B4, B are constants and g, ¢ € c! ([x0,00), (0, 00)).

¢ (x) =

and

Remark 1. We define the generalized Riccati substitutions

7 (x) =g (x) (b(x)ugxwg)) (o), 5:2()), (10)
d
: @ i=c (L84 ) an
' w(x)  o(x))"

2. Some Auxiliary Lemmas

Next, we begin with the following lemmas.

Lemma 1 ([8]). Let p be a ratio of two odd numbers, V > 0 and U are constants. Then,
PPRE (P Q)PP < ZQUP (14 p)P 0], PQZ0,p21

and )
U — Vb6 < B uPt
S0P v

Lemma 2 ([15]). Suppose that h € C" ([xg, ), (0,00)) , h") is of a fixed sign on [xp,00) , h(") not identically
zero, and there exists a x1 > xq such that

RO (x) B (x) <0,
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forall x > x1. If we have limy_,o0 1 (x) # O, then there exists xp > X such that

7

) = o B o

for every B € (0,1) and x > xp.

Lemma 3 ([19]). If the function u satisfies u') > 0 for all j = 0,1,...,n, and u"+1) < 0, then

P -y 20

3. Oscillation Criteria
In this section, we shall establish some oscillation criteria for Equation (1).

Upon studying the asymptotic behavior of the positive solutions of (1), there are only two cases:

Case (1) : w(r) (x)>0 for r=0,1,23.
Case (2): w(x)>0 for r=0,1,3andw” (x)<0.

Moreover, from Equation (1) and condition (3), we have that (b (x) (w" (x)))". In the following,
we will first study each case separately.

Lemma 4. Assunie that w be an eventually positive solution of (1) and w'") (x) > 0 forall r = 1,2,3. If we
have the function 7t € C![x, 00) defined as (10), where g € C' ([xg, ), (0,00)), then

7 (x) <~ (x) + 9 (x) 7 (x) - St @, 12)

forall x > x1, where x1 is large enough.

Proof. Let w be an eventually positive solution of (1) and w) (x) > 0forall r = 1,2,3. Thus,
from Lemma 2, we get
w' (x) > gxzw"’ (%), (13)
for every € € (0,1) and for all large x. From (10), we see that 7t (x) > 0 for x > xq, and
b(x) @) (x) P (b (@")")" (x)
/ _ /
@ = g (P R e PO

)
w ! (x) w' (x) b (x) ()" (x) Kkp1g (x)
—xg (x) w?* (x) + b¥ (x) 5K+1(x)'

Using (13) and (10), we obtain

w0 < S W g LOE T
e 5O A i)
< $07 ) 4 LT ON)
s 3200 (B i) a el
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Using Lemma 1 with P = 7t (x) / (g (x) b (x)), Q = B1/ (b (x) 6(x)) and B = «, we get

<g<§>(;)<x>‘b(x>ﬁ§x<x)>% - (%)

1/x

Pk T(x) B1
xb# (x) 6(x) <(K+1)g(x > >

From Lemma 3, we have that w (x) > w’ (x) and hence

(16)

From (1), (14), and (15), we obtain

xk+1
[3

’ j 3 K

) < Eln -t Law (”—2’) ~xg ) 52 (s )
ooy £22 B nx) P xpag (x)
()30 () (;d;% (x)6(x) <(K+l) g(x)b(x) b(xW(x))) s (x)6+1(x)

This implies that

¢ (x)  (k+1)pYFex? B Kex? £
= (g(x) - 2b% (x) 8(x) )n YT W () g () =)

j 3000\ " (1+x)/x 2
-9 (x) ((qu (X) <l9‘x(3 )> + 8/3211)% (x)z;{Jrl(zf)lK) .

' (x)

Thus,

Kex? Kl

(%) < =9 (x) + ¢ (x) 7T (x) = W”T (x).

The proof is complete. [

Lemma 5. Assume that w is an eventually positive solution of (1), w") (x) > 0 for r = 1,3 and w” (x) < 0.
If we have the function @ € Cl[x, ) defined as (11), where & € C' ([xg, %), (0,0)), then

1
@ (x) < =y (x) +¢" () @ (x) - mwz (x), 17)
forall x > x1, where xy is large enough.
Proof. Let w be an eventually positive solution of (1), w(”) > 0 for r = 1,3 and w” (x) < 0.

From Lemma 3, we get that w (x) > xw’ (x). By integrating this inequality from 9; (x) to x, we get

i (x)

w(6;(1) = 7

w (x).

Hence, from (3), we have

w* (x). (18)
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Integrating (1) from x to u and using w’ (x) > 0, we obtain

u ]
b(w) (" ()" =b () (@ ()" = = [ Y ai(s) f (w(8i(s))ds

u J 9 (S)
< I i
< —lwf (x) / ;q, () L ds
Letting 1 — oo, we see that
o J or
b(x) (w" (x))K > (wk (x)/ qi (s) ZS,ES)ds

and so
0% (s)

o J ( 1/x
w” (x) > w(x) < b(x) / Zq, (s) iy(ds) .

Integrating again from x to co, we get

- o K (s 1/x
" (x) < —w (x)/Y (b([;;)/v 2%‘ (s) 19’5’5 )ds> do. (19)

From the definition of @ (x), we see that @ (x) > 0 for x > x;. By differentiating, we find

! /! 2
@)= EBom i S qw (F - L)y R o

Using Lemma 1 with P = @ (x) /¢ (x),Q = B2/6(x) and p = 1, we get

(369 - ) > (56) - (G- ). @

From (1), (20), and (21), we obtain

This implies that

) o J K (s 1 2 _ % x
¢ (x) (/ (bfv)/v )qu(s)""ls,ﬁ)ds) o 2= Lo ) “)‘

Thus,

The proof is complete. [
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Lemma 6. Assume that w is an eventually positive solution of (1). If there exists a positive function g €
C ([xg, 00)) such that

[ (v (B) 20 oo -

eg2 (K+ 1)K+1
for some e € (0,1), then w does not fulfill Case (1).

Proof. Assume that w is an eventually positive solution of (1). From Lemma 4, we get that (12) holds.
Using Lemma 1 with

U=¢(x), V=rex?/ (2(b(x)g(x))1/K> and x =7,

we get

i)“ b(x)g (x) (9 (x))** 23)

ex2 (K+1)K+1

nf<x)§_¢(x)+(

Integrating from x; to x, we get

s <¢, ) - <3> b(s)8(s) («p(s))"“) ds < (),

. £s2 (K + l)K+1
for every € € (0, 1), which contradicts (22). The proof is complete. [J

Lemma 7. Assume that w is an eventually positive solution of (1), w(") (x) > 0 for r = 1,3 and w” (x) < 0.
If there exists a positive function { € C ([xo,00)) such that

[ (v -0 @ @F)ds =, en
then w does not fulfill Case (2).

Proof. Assume that w is an eventually positive solution of (1). From Lemma 5, we get that (17) holds.
Using Lemma 1 with
U=¢"(x), V=1/¢(x),kx=1and x = @,

we get
7 (x) < " () + 36 (x) (97 (x))2. 25)

Integrating from x1 to x, we get

[(#©- 38600 7)<,

X1

which contradicts (24). The proof is complete. [

Theorem 3. Assume that there exist positive functions g, € C ([xg, o)) such that (22) and (24) hold, for some
e € (0,1). Then, every solution of (1) is oscillatory.

When putting ¢ (x) = x% and ¢ (x) = x into Theorem 3, we get the following oscillation criteria:

27



Mathematics 2020, 8, 552

Corollary 1. Let (2) hold. Assume that

. x 2\ b(s)e(s)(d(s))H
imse [ (060 () PHELT Jamen @
forsomee € (0,1). If . )
timsup [ (919 = 1£6) (91 (9)7) ds = o, @)
where
a8 , 9 ()" Sﬁglﬂ)/;{xz—zﬁﬂ)
e = <€i§ql m( x ) ’ 2b% (x) 651 (x)
] _ 3 (ktDpre 1 2B
¢ (x) ;JFW’ (Pl(x)'—; ﬁ
and

then every solution of (1) is oscillatory.

Example 1. Consider a dl‘}‘fﬁeﬂtl’lll equution
ZU( ) )+ —w|=x]=0x>1 28
( ) 4 2 ’ = 4 ( )

where ¢y > 0 is a constant. Note that k = b (x) = 1, q (x) = co/x* and ¢ (x) = x/2. Hence, we have

5 (x0) = o0, p(s) = £l.

If we set { = By = 1, then condition (26) becomes

i : 2\"b(s)g(s) (¢ (s))" _ “(a 9
gl <<"<5)(esz> e e (55
= oo if ¢o > 36.

Therefore, from Corollary 1, the solutions of Equation (28) are all oscillatory if co > 36.
Remark 2. We compare our result with the known related criteria for oscillations of this equation as follows:
1. Byapplying Condition (7) in [9] on Equation (28) where 8 = 2, we get
co > 432.
2. Byapplying Condition (8) in [10] on Equation (28) where ¢ = 1/2, we get

co > 51.

Therefore, our result improves results [9,10].
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Remark 3. By applying Condition (26) in Equation (9), we find
co > 6.17.

Therefore, our result improves results [9,10].

4. Conclusions

In this article, we study the oscillatory behavior of a class of nonlinear fourth-order differential
equations and establish sufficient conditions for oscillation of a fourth-order differential equation by
using Riccati transformation. Furthermore, in future work, we get some Hille and Nehari type and
Philos type oscillation criteria of (1).
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Abstract: In the present paper, we propose a numerical method for the simultaneous approximation
of the finite Hilbert and Hadamard transforms of a given function f, supposing to know only the
samples of f at equidistant points. As reference interval we consider [—1, 1] and as approximation
tool we use iterated Boolean sums of Bernstein polynomials, also known as generalized Bernstein
polynomials. Pointwise estimates of the errors are proved, and some numerical tests are given to
show the performance of the procedures and the theoretical results.

Keywords: Hilbert transform; Hadamard transform; hypersingular integral; Bernstein polynomials;
Boolean sum; simultaneous approximation; equidistant nodes

1. Introduction

The Hilbert transform in its original form is an integral transform given by

H(f,t) = Wx(f)t dx, teR )

Alongside this form there are different variants defining Hilbert transforms on a finite interval,
on the torus, or discrete groups. Objects of our studies are the finite Hilbert transform and its
derivative, namely the Hadamard transform, both defined on the finite (standard) interval [—1,1].
They are given by

1 1
HiH =4, %dx, Hf) = %dx, “1<t<, @)
where the single and double bar-integral notation indicate that the involved integrals have to be
understood as the Cauchy principal value and the Hadamard finite-part integrals, respectively.

The interest in integrals of this kind is due to their wide use to formulate boundary-value problems
in many areas of mathematical physics (potential theory, fracture mechanics, aerodynamics, elasticity,
etc...) in terms of singular integral equations in [—1, 1] involving such integrals (see e.g., [1-5] and the
references therein).

In fact, the Hilbert transform in its aforementioned form (1) and all its relatives appear in various
fields in mathematical analysis, signal processing, physics and other fields in science. Among them are

Mathematics 2020, 8, 542; d0i:10.3390 / math8040542 31 www.mdpi.com/journal /mathematics
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partial differential equations, optics (X-ray crystallography, electron-atom scattering), electrodynamics
and quantum mechanics (Kramers-Kronig relation), signal processing (phase retrieval, transfer
functions of linear systems, spectral factorization). We will not go into details here but instead
refer to the comprehensive two volume treatise by F. King [6] on many aspects of the Hilbert transform
and its various variants. Due to its outstanding relevance it is of great importance to possess procedures
which allow computation of the Hilbert transform numerically with high degree of accuracy. This
problem was studied by many authors for all the different variants of the Hilbert transform and under
different assumptions. We limit the citation here to only a few interesting papers [7-9].

Our focus in the present paper lies on the numerical computation of the finite Hilbert and
Hadamard transforms (2). There is an extensive literature on numerical methods for these transforms.
We only mention here [5,10] and the references therein. Many of these methods produce a high degree
of approximation, especially when the smoothness of f increases (see e.g., [11-15]). Since they are
based on Gaussian quadrature rules and its modified versions or product rules, they require the
values of f to be given at the zeros of Jacobi polynomials which often is not the case. For example,
in many applications the measurements of f are produced by devices which sample the function
on equidistant knots. Other procedures which pay attention to this fact and which are frequently
used in applications involve composite quadrature rules on equally spaced points. However, this
type of quadrature rules suffers from a low degree of approximation or show saturation phenomena.
Hence there is a need to establish a new approach which combines the advantages of both the
aforementioned methods.

To move towards this goal, we propose some quadrature rules obtained by means of the sequence
{Bu,sf}m of the so-called generalized Bernstein polynomials, defined as iterated Boolean sums of the
classical Bernstein polynomials { B, f }. ([16-18]). These types of formulas are based on equally spaced
knots in the interval [—1, 1] and their convergence order increases with increasing smoothness of the
function, in contrast to various popular rules based on piecewise polynomial approximation. Moreover,
there exists a numerical evidence showing that the speed of convergence of the formula increases for
higher values of the parameter s and for fixed m (see [19], Remark 4.1).

Concerning the numerical computation of the Hilbert transform #(f), we revisit the method
introduced in [20] from both the theoretical and computational point of view. Indeed, here, according
to a more recent result obtained in [21], we estimate the quadrature error in terms of the more refined
kth ¢g-modulus of Ditzian and Totik, instead of the ordinary modulus of smoothness. As consequence,
we get error estimates in Sobolev and Holder Zygmund spaces and we are able to state the maximum
rate of convergence for functions in such spaces. The second improvement of the method in [20]
regards the computation of the quadrature weights that is performed in a more stable way. It is based
on a recurrence relation which does not require the transformation to the canonical bases {1, x, ..., x™},
but it preserves the fundamental Bernstein polynomials {p,, x(x) }}L -

As regards the Hadamard transform #!(f, t), before introducing the numerical procedure for
its computation, we prove that H!(f,t) presents algebraic singularities at the endpoints of the
interval, when the density function f satisfies a Dini-type condition. Successively, we introduce
a quadrature rule for approximating #!(f, t) always based on the polynomials B, s f and useful also
for the simultaneous approximation of H(f,t) and H!(f,t), since the samples of the function f at
the equidistant nodes employed in the computation of (f,t) have been reused to approximate
HY(f,t) too. The convergence of such a quadrature rule is proved by using the simultaneous
approximation property of the generalized Bernstein polynomials, and similarly to the Hilbert
transform case, for the quadrature error we state weighted pointwise estimates.

It comes out that the additional integer parameter s introduced by the By, s f can be suitable chosen
to accelerate the convergence of the quadrature rules for both the transforms # and H!. Moreover,
the coefficients of both the quadrature rules are given in a simple compact vectorial form and can be
efficiently computed by recurrence.
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The outline of the paper is as follows. Section 2 contains some notation and preliminary
results concerning the generalized Bernstein polynomials and the Hilbert and Hadamard transforms.
The quadrature rules with the corresponding pointwise error estimates can be found in Section 3 where
details about the recurrence relations for their coefficients are also given. Section 4 contains additional
numerical details for computing the quadrature weights and some numerical tests which show the
performance of our procedures and confirm the theoretical estimates. Finally, in Section 5 the proofs
are given.

2. Notation and Preliminary Results

In the sequel C will denote a generic positive constant which may differ at different occurrences.
We will write C # C(a, b, ..) to indicate that C is independent of 4, b, ... Moreover, if A, B > 0 depend on
some parameters the notation A ~ B means that there are fixed constants C;,C, > 0 (independent of
the parameters in A, B) such that C;A < B < CA. For m € N, we set NJ' = {0,1,2,...,m} and
denote by P, the space of all algebraic polynomials of degree at most m. C™ will denote the space of
functions with m continuous derivatives on [~1,1] and C? is the space of the continuous functions on
[~1,1] equipped with the uniform norm || f|| := max,¢_1 1) |f(x)[. In CY, setting ¢(x) := v/1— x2, itis
possible to define the following ¢-modulus of smoothness by Ditzian and Totik ([22], Theorem 2.1.2)

w;(f/t) = sup HAZ(prr reN
0<h<t
where

k=0

. h
Bpgif(0) = L (1) ( ' )f (v 0 -20300).
We recall that ([22], Theorem 2.1.1)
Wp(f+1) ~ Knp(f, ') = inf{||f = gl| + £']g" || : g~V € Ac}, @)

where AC denotes the space of the absolutely continuous functions on [—1,1].
By means of this modulus of continuity, we define the subspace DT C CP of all functions satisfying
a Dini-type condition, namely

DT:{fGCO: /01Wdu<oo}, )

where we set W (f, 1) = wy(f, u).
Moreover, the Holder-Zygmund space of order A > 0 is defined by

w" (f,t
ZA_{fecO: sup "’f{ )<oo, r>A}, A>0, 5)

t>0

and equipped with the norm

wy(f:t)

£z, = £ +sup 2572, r> A
t>0

The space Z, constitutes a particular case of the Besov-type spaces studied in [23] where it has
been proved that ([23], Theorem 2.1)

[ £llz, ~ il;g(n +DME(f),  Ea(f) = Anf If =PIl ©)
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Such norms’ equivalence ensures that the previous definitions are indeed independent of the
integer r > A we choose. Moreover, by (6) we get an interesting characterization of the continuous
functions f € Z, in terms of the rate of convergence to zero of the errors of best uniform polynomial
approximation of f, which in turn is closely related to the smoothness of f (see e.g., Corollary 8.2.2
and Theorem 6.2.2 of [22]). More precisely, for any continuous function f and any A > 0 we have

fEZy < Eu(f) =0(n") <= wjp(f,t) = Ot"), Vr > A. @)
Furthermore, by the previous definitions, for any r > A > 0 we get

wo(fit) <COfllzy,  Yfe€Zrn  C#C(fH) ®)

In the case that A = k € N, by virtue of (3), we have that the space Z, is equivalent to the
Sobolev space

Wy = {f(k’l) € AC: | f®ok| < oo}, keN,
equipped with the norm | f{lw, = |If]| + | f%) @k||, and we recall that ([22], Theorem 4.2.1)

we(f, 1) =0() <= feW, Vr €N, )
wp(fit) =o(t) = fePry, VreN. (10)

Finally, since we are going to use a result of [24] based also on the ordinary moduli of smoothness
(cf. Theorem 2), we conclude the subsection by recalling their definition and some properties.

Set
Apf(x) ::f<x+g) —f(x—%), A = Ah(AI’fl), r>1,

the ordinary r-th modulus of smoothness of f is defined as
w'(f,t) :== sup ||ALf]l, reN.
0<h<t

It is related with the ¢ modulus by

wy(f,t) <C&'(f 1), C#C(f,h).

Moreover, set
Wy = {fk—l € AC:|IfP)| < oo}, keN

we have the following analogues of (9) and (10) (see e.g., [22], p. 40)

W'(f,)=0() <= feW,CW, VreN 11)
J(f,t)y=o0(") = feP._q, Vre N (12)

2.1. Generalized Bernstein Polynomials in [—1,1]

For any f € C° the m-th Bernstein polynomial B, f is defined as

m 2k
Bmf(x) = Zf(tk)pm,k(x)r tk = a - 1/ X € [_1/ 1}/ (13)
k=0
where
1 (m k m—k
pus() = g () A+ KA =" k=01, (19
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are the so-called fundamental Bernstein polynomials. They satisfy the following recurrence relation

(1—x) (1+x)

pm,k(x) = mel,k(x) + pmfl,kfl(x)/ m=1,2,..., (15)
with poo(x) =1and pyr(x) =0ifk <0ork > m.

The computation of B, f(x) can be efficiently performed by the de Casteljau algorithm
(see e.g., [25]).

Based on the polynomial By, f, the generalized Bernstein polynomial B, sf were introduced

separately in [16-18]. They are defined as the following Boolean sums

Busf=f—(f—Buf)’, s€N, Buif =Buf.

Please note that B, s f € P, and it can be expressed as

)
B f(x me] tj::é—, xe[-1,1], (16)
where
S . .
e z() DB () By = Ba(ByY), =15, a7)
1

An estimate of the error Ry, sf := f — By,sf in uniform norm is given by the following theorem
Theorem 1. [21] Let s € N be fixed. Then for all m € N and any f € C° we have

I =Busfl <c{¥ (1 o=) + LI}, ez

Moreover, for any 0 < A < 2s we obtain
_A
1f = Busfll = O(m~3), m— 0o = @B(f,t) = O(F)
and the o-saturation class is characterized by
|f — Busf|l = o(m™®) <= fisa linear function.

Remark 1. Please note that unlike the basic Bernstein operator B, the Boolean sums B,y s may accelerate the
speed of convergence as the smoothness of f increases. In particular, taking into account (7)—(9), from Theorem 1
we deduce

£z,

If = Busf]l < CpL NV EZyuith0<A<25,C# Clm, f). (18)
m

About the simultaneous approximation of the derivatives of f by means of the sequence { By, s f } i,
the following estimate holds.

Theorem 2 ([24], Corollary 1.6). Let s € N be fixed. Then for all m,k € N and any f € C* we have
G (rom) e (fn)ra(fm), k=1

I(f = Bus )Pl < € ®
ws f(k) 1 +w f(k) l + ”f ” k>2
¢ m "m m =<

where w = w' and C # C(m, f).
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Remark 2. From Theorem 2 and (9), (11) we deduce the following maximum rate of convergence
1 _
79 = Bush) O =0 () (n =) €Ny, ke (19

mS

Finally, we give some details on the computation of B, s f and its first derivative.

Observe that a more convenient representation of the fundamental polynomials {pf;)]}:”: o is given
by [26] (see also [27])

P (x) = pu(x)Cus,  Vx e [-1,1], (20)
where we set
P (x) = [pep(x), Pl (), Pl (X)),
Pm(x) = [Pm,O(x)/--me/M(x)]/

and Cy, s € RUMH)X(m+1) jg the changing basis matrix given by
Cus =T+ T -A)+...+ (T —-A, Cu1=1, (21)
where 7 denotes the identity matrix and A is the matrix with entries
A= (Aj)  Aijj=pumilt),  ijENG. (22)

Let cg"]m) be the entry (i, j) of Cys, then in view of (20) we get

m
L) = Y pui0e!), vre[-1,1], @3)
i=0
and consequently

Bm,sf(x) = ZO ( Ocl(;,"'s)f(t].)> Pm,i(x)- (24)
=0 \j

In matrix-vector notation this reads as

Bu,sf(x) = pm(x)Cunsf, (25)

with
f:=[f(to), f(h), ., f(tw)]"-

As regards the derivatives of the Bernstein polynomials B, s f, we obtain from (25) the following
useful representation

(Busf)' (x) = pu(x)Cinsf, (26)

where

Prln(x) = [P:n/o(x)r s p:n,m(x)]r

Finally, concerning the entries of the vector pl,(x), i.e., the derivatives of the fundamental
Bernstein polynomials at x € [—1,1], starting from the definition (14), easy computations yield
the expression

Prug®) = 5 (P-1x1(¥) = k@), k=0,0..,m, @)

with the usual convention p,, ;(x) = 0if j ¢ Nj'.
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2.2. Hilbert and Hadamard Transforms

First, we recall the finite Hilbert transform #(f, t) is defined by

H(f,t):fllf(x)tdx: lim [ SO gy [ ﬁdx}. (28)

X — e—0t -1 x—t tre X —t

The following theorem provides a sufficient condition for the existence of H(f,t) in (—1,1)
when the density function f satisfies a Dini-type condition. It also shows the behavior of #(f, ) as t
approaches the endpoints of the interval [—1, 1].

Theorem 3 ([28], Theorem 2.1). Forany f € DT and |t| < 1, we have

ot (15 ) ol < (i + [ 82, e e,

Consider now H!(f,t), which is the finite part of the divergent integral in the Hadamard sense
(see for instance [5,10,14]), i.e., defined for |¢| < 1 as (cf. [5], Equation (1.3))

’Hl(f,t):7€1 S)_gx — tim {/H f(x) dx—&-/tl G (O]) B

1(x—1)2 =0t | -1 (x—1)? te (x — )2 €

An alternative definition interprets H!(f,t) as the first derivative of H(f) at ¢, i.e.,

1
H(f 1) = %][qi(ix)tdx, 1 <1, (30)

being (30) and (29) equivalent when f’ is an Holder continuous function (see [5]).

By the following theorem, we are going to state that for all functions f with f' € DT, we have
that H1(f, t) exists finite for any |t| < 1, while it algebraically diverges at the endpoints of the interval
(—1,1].

Theorem 4. Let the function f € Cl bes.t. f' € DT. Then, for any —1 < t < 1, we have

cogoi<e (i [ L), ez @

3. The Quadrature Rules

3.1. On the Computation of H(f,t)

The numerical method for computing H(f, ) is based on the following proposition

Proposition 1. Forany f € DT and for any |t| < 1, we have

1 — f(t 1-—t
H(f, ) = /71 %dx + f(t)log (1—“) , 32)
In view of (32), we mainly must approximate the function
F(f1) = ./_11 wtm 1<t<l. (33)

For any given s € N, by means of the polynomial sequence {By,sf } m, we define the following

approximation of F(f, ) - 5 t
Fustfot) = [ Bl O sl 0], (54
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and let
Dy s(f,t) := F(f, t) — Fns(f, 1), —-1<t<1. (35)
Please note that
(s) (s)
m 1 p, (%) = pyi(t) m S
Fus(ft) =) f(t)) / — = Y. F(t)DY (), (36)
=0t j=0

and taking into account the relation in (20) between the bases { p, i (x) }IENm and { pe m l },eNm we have

DS)] ms/ sz x_fmz dx —: ZC ‘7mz 37)

About the computation of {g,,,;(t) }jeNgx we can prove the following

Proposition 2. For the sequence {q,,;(t)} the following recurrence relation holds

qo0(t) = 0, qio(t) =-1, qa(t)=1
1—t 1
Qm,O(t) = (zi)qm—l,o(t) -
(1-1t) (1+41)
qm,k(t) = 2 Qm—l,k(t) + qm—l,k—l(t)r 1< k <m-—1
1+t 1
LIm,m(t) = ( 5 )mel,mfl(t)""g'
Setting
qm ["]mO anl( ) ~~~/Qm,m(t)}/ (38)

the quadrature rule (34) takes the form

]:m,s(frt) = Qm(t) Cinsf. (39)

This formula can be directly applied to approximate #(f, t) in the form given in (32), i.e., supposed
to know f(t), we can approximate

—t
1+t

t

HF0) = F (1) +1og (17 ) F0) = Fus (1) +1og (1) £

In the case only the samples f(t;) # f(t) are given, we propose to approximate H(f, t) by

Hons () 1= Fnslf.) + 108 (11 ) Bus (). (40)

Using matrix-vector notation as in (39) and (25) we arrive at

Hons(,) = [ (0) 108 (157) Po(0)] Cnsf )
The quadrature error can then be expressed as

Ems(frt) = H(f,t) = Hms(f1)
= Dys(f, t)+10g< )[f(t) Bm,Sf(t”
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About the convergence of both the previous quadrature rules 7, s and #;, s, the following
theorem estimates the associate errors, ®;, s and &, s respectively.

Theorem 5. Let be —1 < t < 1. Then for any f € DT, we have

r

ot (5 i < ctogm [ (1, )+ L] e [ 500,

withr < mand C # C(m, f,t).
The same estimate continues to hold for @y, s(f, t), which satisfies also

1 1 1
2 7 / / 1
@ustfl <o (£o=) ot (£) v ()| wreeh @)
with C # C(m, f, t).
In case of smoother functions, from the previous estimates and (7), (8), (9) and (11), we easily get

Corollary 1. Let be —1 < t < 1. Then forall f € Z), with 0 < A < 2s, we have

e \IIfllz
[Ems(f,8)] < Clog (5 ) 573 logm, € #Cm, £,1),
and the same holds for | Dy, s(f, t)|. Moreover, for all f € CkY with 1 < k < 2s, we have

Ons(f0l < o CECOm D).

In conclusion, we remark that in proving Theorem 5 we also stated the following relations between
the quadrature errors and the approximation errors by generalized Bernstein polynomials

Ems(F,1)] < c1og( ) [1ogm|f quf|\+/ )du}, Vf € DT,
[Py (f, 1)] CI(f = Busf)'Il, Vf e ch.

3.2. On the Computation of H'(f, t)

IN

We are going to use the following proposition

Proposition 3. Forany f € C's.t. f' € DT and for all |t| < 1, we have

Wi = [ LSOO D g piiog (1) s [ 2]
Let
/f f,()(xft)dx —“1<t<1
x—t) ’ '

Supposed both f’(t) and f(t) are known, then we can get the exact value of the non-integral part
at the right-hand side of (44). In this case, the numerical computation of #!(f, ) can be performed by
the following quadrature rule

]:l (f/ t) = ]:rln,s(f/ t) + q)}n,s(f/ t)/ (45)
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e U B f () — Busf(t) — (Busf) ()(x 1)
1 L Bm,sfx _Bm,sft — Bm,sf, t)(x—t - d
FLof) = L CEE dx = 2 Fus(f,1). (46)
Using (36), (37) and (46), we get
m m d (S)
R = LAY Sob,
j=0 j=0
T = Zc"’s (1) 1= (1), @)

where the polynomials dm,i(t), i=0,...,m, can be computed recursively, according to

Proposition 4. The sequence d, ;(t),i = 0,...,m, satisfies the following recurrence relation

dio(t) = 0, dii(t) =0,
11—t 1

dm,O(t) = ( 2 )dmfl,O(t) - Eq"t—l,ﬂ(t)/
11—t 1 1+t 1

dm,k(t) = ( 2 )dm—l,k(t) - Equl,k(t) + ( 2 )dm—l,kfl(t) + Eqm—l,kfl(t)/

1<k<m-—1,

1+t 1

dm,m(t) = ( 5 )dm—l,mfl(t) + Eqm—l,m—l (t)

The previous recurrence relation can be easily deduced by Proposition 2.
Let
A (£) = [dm,o(t), dim (), - dmm(H)], (48)

then the quadrature rule (46) takes the following form
-7:31,5 (f,t) = du(t) Cin,s . (49)

In the case that only the vector f is known, we have to approximate also the non-integral part in
(44) and we propose the following quadrature rule

Hl(frt) = Hllﬂ,s(f/t) +gr}1,s(frt)r (50)

where €} (f, ) denotes the error and

2
Hiaf0) = Fhslfo) +108 (11) Busf) (0= 113 Busf (1) (51)
By (49), (25) and (26), the rule in vector form is given by
2
Hs(5,) = [an(0) 108 (157) Ph() — 22 Put)] Gt )

We point out that both the rules (49) and (52) are based on the same data vector f used in the rules
(39) and (41). We see that our method allows simultaneous approximation of the Hilbert transform
H(f, t) and its first derivative H!(f, t) for |t| < 1 by using the same samples of the function f.
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About the convergence of the quadrature rules }'7}1,5 and H}n,s, the following theorem estimates the
associate errors ®}, . and £}, . by means of the error of approximation when f and f’ are approximated
by generalized Bernstein polynomials.

Theorem 6. Let be —1 < t < 1. Then for any f € Cls.t. f' € DT, we have

(1= B)IER )] < € (I ~ B | +logmI(F  Bsf I + [ “(”(f)d} 53

withr < mand C # C(m, f,t).
The same estimate can also be applied to ®}, ((f,t), which in the case of continuously differentiable
functions in C? satisfies also

|@hs(f ) < CI(f = Busf)"l,  ¥feC, (54)
with C # C(m, f, t).

Thanks to this theorem, by Theorem 1 and Theorem 2 we can easily get estimates of the quadrature
errors £} and CD}H,S based on several moduli of smoothness of f and f’. For brevity we omit the
details and only state the following result, which easily follows by using (9) and (11) in the estimates
of Theorems 1 and 2, which in turn are used in Theorem 6.

Corollary 2. Let —1 < t < 1and s € N. For all functions f € C*1, with 1 < k < 2s, and for sufficiently
large m € N, we have

C
(1-)EL(f.0] < Wlogm, C #C(m,t).

The same estimate holds for @}, ((f, ), which also satisfies
C
1 7 k+2
S < , ), , 1<k <2s.
@5 (f, 0] < =5, C#C(mt), VfeC™? 1<k<2s
’ m

4. Numerical Details and Some Experiments

First, we recall some details given in [19] about the computation of the matrix Cy, s in (21). We start
from the matrix A defined in (22). It will be constructed by rows by making use of the triangular
scheme in (15) and thus for each row m? long operations are required. On the other hand, since A is
centrosymmetric, i.e., A = JAJ, where J is the counter-identity matrix of order m + 1 (J; ; = i m—j,
i,j € N{', being J},; the Kronecker delta), it will be enough to compute only the first ("’T“> or
(%) rows, according to m is odd or even, respectively. Therefore, the construction of A requires
about ”’73 long operations. Furthermore, since the product of two centrosymmetric matrices can be
performed in almost "’Ts long operations [29], the matrix Cy; s in (21) can be constructed in almost
(s —2)m®/4 long operations, instead of (s — 2)m? ones, i.e., with a saving of about the 75%. A more
significant reduction is achieved when the parameter s = 27, p € N, p > 1. Indeed, by using ([30], (14))

1
Czr = Cppp1 + (T = A Cpop1, (55)

the matrix Cy, s can be determined by 2(log, s — 1) products of centrosymmetric matrices and therefore
. 3 . . . .
requiring almost - (log, s — 1) long operations. For instance, for s = 256, if we use Equation (21),

255 products of centrosymmetric matrices require about 255’%3 ~ 63.7m3 long operations. On the
contrary, if we use (55) then approximatively only 3.5m3 long operations are needed.
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Now we propose some numerical tests obtained by approximating #(f,t) and H!(f, t) by means
of the quadrature rules { Fyus(f, ) }m and {FL o (f, t) }m, respectively, namely for a given t € (—1,1),
we compute

M0 ~ Fuslft)+log (157) £0),
WD)~ Faalfot) +log (157) £/ - 12z £

For any choice of m we consider different values of s. In the tables we report the approximating
values of the integrals. All the computations have been performed in double-machine precision
(eps ~ 2.22044¢ — 16).

Example 1.

-1 1 5
H(f,t):fﬁlimxdx, Hl(f,t):%il(ﬁﬁdx, =01

x —1)2
Here f € C* and as we can see the performance of the quadrature rules improves keeping m fixed and
increasing the values of s. An empty cell means that there is no improvement in the computation. In particular

as we can see in Tables 1-2, the machine precision is attained for m = 128 and s = 16 as well as for m = 64 and
s =32.

Table 1. Example la:—fil XSTOJ,CI dx.

m s=28 s =16 s =32 s =64

8 1.868 1.8688 1.86885 1.86885

16  1.8688 1.868855 1.86885558 1.868855589

32 1.868855 1.868855589 1.868855589128 1.86885558912878
64  1.868855589 1.8688555891287 1.86885558912878

128 1.86885558912 1.86885558912878
256  1.8688555891287

Table 2. Example 1b:f" G S Tpdx.

m s=38 s =16 s =32 s =64
8 —0.466 —0.4668 —0.4668 —0.46685
16 —0.4668 —0.46685 —0.466857 —0.466857
32 —0.46685 —0.466857 —0.46685700178 —0.46685700178498
64  —0.466857 —0.466857001784 —0.46685700178498
128 —0.4668570017 —0.4668570017849

256  —0.466857001784 —0.46685700178498

Example 2.

1 _ L 1 _ L
H(f,t):]lilwdx, Hl(f,t):ﬁl%dx, t=03.

x—t (x—1t)

In this case, f € Z 15, and as the results in Tables 3—4 show, the numerical errors agree with the
theoretical estimates.
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15
Table 3. Example Za:«fll \x;ﬁ)gl; dx. Exact value —3.29987610310676.

m s=28 s=16 s =32 s=64
16 -3 —3.298 —3.299 —3.2998
32 —3.299 —3.29987 —3.29987 —3.299876
64 —3.299876 —3.299876 —3.299876 —3.299876
128 —3.29987610 —3.2998761 —3.29987610 —3.29987610
256 —3.29987610 —3.299876103 —3.299876103 —3.2998761031
e512  —3.2998761031 —3.2998761031 —3.29987610310 —3.2998761031
1024  —3.299876103106 —3.299876103106 —3.2998761031066 —3.2998761031067
1 |x-05/%
Table 4. Example 2b: ", oz
m s=28 s =16 s =232 s =64
32 3.0 3.03 3.038 3.0383
64 3.038 3.03838 3.03838 3.038388
128  3.03838 3.038388 3.038388 3.0383888
256  3.0383888 3.0383888 3.03838883 3.03838883
512 3.03838883 3.03838883 3.038388835 3.03838883525
1024 3.038388835 3.03838883528 3.03838883525 3.03838883525
Example 3.
1 exp(x)sin(x) dx
H(f,t :71 SPWsIiy) 4x -y g7,
(1) 1 14+x2 x—t

Here f € C®. In this test (see Table 5), we want to show the performance of the quadrature rule when m
is fixed and s increases, highlighting how we get an improvement, but it seems till to a certain threshold. This

behavior will be the subject of future investigations.
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- L0+X X1

Xp - (x)urs (x)dxe

Ttﬁnm ardurexy g a1qer,
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5. Proofs
The following three lemmas will be useful in the sequel.

Lemma 1. Let f € DT and Py, € Py, m > 2. Then

i wy(f = Pa,t) a wh(f,1)
/Oq’tdtSC<(f—Pm)|oo+/0 ’ dt),

t
wherer € Nwithr < mand 0 < C # C(m, f).

Proof. Taking into account that wy(f, t) is a non-decreasing function of ¢, we have

1 1
in We(f — P, t) = /7 Py, t < © We (f Pm,j)
/O ol — ,-;mé wolf = Purt) czi.

Then, by applying the following Stechkin type inequality ([22], Theorem 7.2.4)

—~—

J
we(f 1) <Ct) Ei(f), 0<C#C(f,h),

i=0

we get

i — Py, t © 1 J
/ Mtjt < CZ%ZEi(f,pm)
0 t j=mJ" iZ0

i=

j=m

IN

c<f—Pm>oo(i]>+CZ ¥ s

j=m j m ] izm

and taking into account that }7 12 < € holds for all n € N, with C # C(n), we obtain

/% wo(f — P, 1)
0

21
t dt S CH(f Pm ||°0+CZE 2]7
i=m ]:i

< ClI(f = Pw) ||oo+CZ

i=m

Finally, by applying the Jackson type inequality ([22], Theorem 7.2.1) (see also [31], Section 2.5.2),

Ealf) < ey (fr), r<m A COnp),
and recalling that ([22], (4.1.3))

we(g at) < Cawy(g,t), Va>1, C#C(gtun), (56)
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we deduce
© £ (f) 2 w’( Y g
l;l i = c[; zzr;tw l 1)/ au
o 1
S C 2 /11—1 w _C/m 1 (U

% wi’ , m t W wV ,t
_ C/ qJ(f m—1 dtSC/ q)f )dt,
0 t 0 t

which completes the proof. [

Lemma 2. Forany —1 <t < —3%, and for any f s.t. f' € DT, we have

7é~2t+1 f(x) dxgc(/(:md +||f\|>

1 (x—t)? o 1+t

where C # C(f, t).

j[2t+1 dx

Proof. Since =0, we write

S (TR (O O (CICEL P AY .

J 1 (x—1)2 J -1 (x —1)? J -1 (x—1t)?
= Aqy(t) + Ay(b). (57)

Concerning Aj, by reasoning as done in proving Proposition 3 we have that f’ € DT implies

2t-+1 _ o B
Al(t):/i1 f) f((tz_{)z(t)(x P

and using
7 = f0 = O -0 = [[1F'(2) - F e, (58)

we obtain the form

mw = [ fro-reu] s [0 [ 1r@ - row] g2

Hence, changing the variables x = t — §vV1— 2, T =t — % 1 — #2 in the first addendum and
x=t+5V1-12, 1= t+% 1 — 2 in the second one, we get

Ai(t) = /02\/% {/Ov {f’ <t+g\/ﬁ> _f (t,gmﬂ dh] %7
./02 " </00 Ahq»(t)f/(t)dh) i—g.

Consequently, for any —1 < < —1 we obtain

/0‘2@ (/a ”Ahqvf/”dh> g < /(,ZWSUP 18ngf’ de
/2rww(f do < /f wq)i 9 o

A1 (8)]

IN

’
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and using (56), we conclude that

Ay (1)] < /0% wolf'10) 4y - /01 w, (ﬂ,%u) ‘%” < C/O1 L’(i,’”)du. (59)

g

Finally, since
2t+1 [y . t—e 1 i 2t+1 1 4 2 2
7{1 (x—12  eoor U,l (x—1)2 ”/Hg (x —1)2 x‘E} BTN

[ax()| = poglo) <20

and the statement follows by collecting this last inequality, (59) and (57). O

we have

Similarly, we can prove the following

Lemma 3. Forany } <t <1, and for any f s.t. f' € DT, we have

Fuispptese () 5P {2L).

where C # C(f, t).

Proof of Theorem 4. Assume first that —1 < t < —1. In this case, ¢?(t) ~ (1 +t) and we have

pof |~ oo [ [T ‘6‘”
Since
(1+1) /Zjﬂ : S f"t))zdx <clifll,

the statement follows from Lemma 2 for any —1 < t < f%,
Assume now 1 < t <1, so that ¢?(t) ~ (1 — t). By using the decomposition

P (1) [H (0] ~ (1 1) \/ <f fxt))z"” f fgxt))zd

& x|, (61)

and taking into account that

a-o| [ L] <

the statement follows from Lemma 3 for any % <t<l1.

Finally, suppose |t| < 1 and fix } < a < 1. In this case, ¢(t) ~ 1 and we consider the

following decomposition

: flx) Haf(x) = f() = f(H(x =)
70 ‘Hl(f't)‘ . /\H\zu (x - f)zdx+ 7£H (x—1t)? e
t+a dx (62)
+H0f, aom|

For the first term at the right-hand side of (62) we get
[0,
l—t]2a (x — 1)
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Concerning the second addendum of (62), we proceed analogously to the estimate of A;(t) in
Lemma 2. More precisely, by using f' € DT and (58) we obtain

F G OES (U PR Ly RS (RSOSSN

t—a (x—1t)? a (x —1)2

</, a+/t+a> (/x (1) - f'()]d ) (x’ixt)zr

and by changing the variables x = t + {¢(t) and T = t + L¢(t), we get

Aot (3 o]k o {240

t+u dx 2

Finally, as regards the third term at the right-hand side of (62), since=f, ", S = Tawe have
t+a  dx 2
< —
o f," 2 < 2.
and the theorem is completely proven. [
Proof of Proposition 1. Start from the standard decomposition
Hfb) = 7[ f FE =P 44 royma, e, ©63)

and taking into account

T dx 1—t
H(1,t) = .7[_1x7t =log (1—“> ,

we must prove that the principal value integral in (63) is indeed an improper integral. To this aim, let

us first prove that
/1de: im L @O, (64)
t x—t

e=0" Ji+e x—t

Please note that for any € > 0,

JLLCES PNy (LU EY G

Jt+e x—t u

Moreover, for any g € AC, we note that

flutt)=f() = flutt)—glutt) = F(0) +g(t) +glu+ 1)~ g(t)
u+t
< 2f-gl+ [ @0

ut+t do
< 2lf—gll+ ¢ / —
If =8l +lig"ell / 2@

arcsin(u + t) — arcsin(t
- 2||f—gn+u|\g’(pu[ () ®)

On the other hand, recalling that

arcsiny:y+£+iy5+ —y + » =y lyl <1
6 40 112 1152 ’
we easily get
arcsin(u + t) — arcsin(t)
u

<C #C(tu), [t] <1, 0<u<2,
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and therefore, the previous estimate and (3) yield

flu) =50y < ¢ ( inf 1F =gl +ulg'pl ) = CKag(f,u) ~ ol )

Hence, for all |t| < 1 it follows

lim T futt) - f() du<Chm/ wq)fu du, C #C(1),

e—0T Je u e—0t

i.e., under the assumption f € DT, (64) holds.

Similarly proceeding, we can prove that

/ OO PN (OE ()
x—t

e—0T Je u

du < oo

and the statement follows. [

Proof of Proposition 2. For 1 < k < m — 1, by using the recurrence relation (15) and taking into

account that ﬁl Py (¥)dx = mil holds Vh € NjJ', we get

qm,k(t) - % /l (1 — x)pm—l'k(x) — (1 — t)pmfl,k(t) dx

x—t

A+ 2)pm—1x-1(x) = A+ pm-14-1(t)
2/ 1k—1 1e1lt) oo

x—t
_ 1 1 xpmfl,k(x) - tpmfl,k(t)
= 3 <qm—1,k(t) —/71 o dx>
1 Voxp 11 (%) — tpy—q 51 (t
+§ <qm—1/k—l(t)+/_1 Pim—1c—1( ngtpm 1h—1( )dx>

1 2 1 2
= 3 <qul,k(f) o tqm&,k(ﬂ) T3 <an—1,k—1(t) a7t tmel,kfl(t)>

= L+ LD

Gn—1k-1(t).

For k = 0, we have

o) = [ OV ==t 2 (g, 1000 2 14,1000

lft 1
= 5 )qm 1k(t) = e

For k = m we proceed analogously. [

Proof of Theorem 5. Set Ry, sf = f — By sf, we have

Em,s(f/t) = H(Rm,sf/ t)/ and q)m,s(frt) = ]:(Rm,sf/t)‘

Applying Theorem 3, &, 5(f, ) can be estimated as follows

1 Rms 7
|Ems(f,1)] < Clog <ﬁ) {HRm,SfH +/0 Mdu , C#C(m,f,t), (65)
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and by Theorem 1 we further obtain
1
IRmsfll <€ {wff <f—) + —”f”} . C#C(m,f).

Moreover, by Lemma 1 we get

/Olwdu _ /O%w(p(RZsf / w, Rmsf W

u
i wh(f,
< c(/o "’(L{)du+|Rm,sf|1ogm>,

and (42) follows from this last estimate, (65) and (66).
Regarding the quadrature error ®,,5(f, t), we observe that

‘Dm,s(f/t) = ]:(Rm,sf/t) = ’H(Rm/sfrt) 10% <1+t> Rmsf( )

which leads to
log™ ( > [@us(f,t)] < log™! <?et2> [H(Rmsf,t)| +C|Rmsf(t)]
2 ) 1Emsl 01+ ClRnafl|

IN

Clog™! (l

Hence, in the case that f € DT, the estimate (42) holds for @, s(f,t) as well.
Finally, if f € C! then, by applying the mean value theorem, we get

|@ys (f,1)] = ‘/jl Runsf(x) = Rsf(F) .

= < CI(f = BusfY

and (43) follows from Theorem 2. [

Proof of Proposition 3. We start from the standard decomposition

Wl = SISO OG0, 0SS 0G 0,

(x —t)2 (x—t)2

and recalling the definitions

7g (xggxz)zdx = lim {/:E (xg(,xt))zdx T /; (xgixz)zdx _ de(t)} ,
1&113( = lim {/tie &x)dxnt ' &dx} ,

J1x—t e—0t |J-1 x—1t Jiye x —t

we note that

%;§?W:‘f%” %;g:ﬂhzﬁui$:b4%5>

Moreover, taking into account that

fE) = f(6) = f(Ge)(x—1t),  min{x,t} < {rr < max{x,t},

50
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we have

jg flx —fHE=1 ][ f'@x) = (1)

x—t) (x—1t) dx.

Hence to complete the proof, we have to prove that this last principal value integral is indeed an
improper integral if ' € DT.

We are going to prove that

/ f/ ‘:xt )dx— lim 1 f/(CX,t)if/(t)dx<oo (68)
(x—1) e—0" Jite (x—1t) ’
being the proof of
[ED SOy [ S G SO o,
(x—1t) e—0+ J-1 (x—1)
analogous.

Setlyr = (x — )0+, with0 < 6 < 1, for any € > 0, we have

AL BT PNy (L R I PNy b AT LY (G

e (x—1t) e (x—1) u

On the other hand, forany g € AC, |t| < 1,0 < 6 < 1and 0 < u < 2, similarly to the proof of
Proposition 1, we have

fl(uo+1t)— f(t) flud +1t) = g(uf + ) — f/(£) + g(t) + g(ub +t) — g(t)

, uf+t ,
< 2f —gl+ [ oo
arcsin(uf + t) — arcsin(t
< 20f gl + uly'gl | T D)
< C(llf =gl +ullg'el),  C#Cl(gub,t).

Hence, by means of (3), we get

At 41 g
lim Mdu<6 hm/ w(P

e—0t Je u e—0+
and under the assumption f’ € DT, (68) follows. [

Proof of Theorem 6. We start from

grln/s(f/t) = Hl(Rm,Sfrt)/ Rm,Sf(t) = f(t) - Bm,Sf(t)‘

By Theorem 4, we have

(1— ) [ (Rusf, £)] < C (IlRm,sfH +f Md) .

T
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Since

= ((Rm,sf)/, we((Rm sf) )
/0 ‘Pf {/ /m} q)
w @p((Rmsf)', 7) .
S/o %d7+2“(Rm,sf) H/% =
= ‘/Om MdT+2“(Rm,bf)/‘| 10gm’

by Lemma 1 we get

(1= 2)[H! (Rusf, )| < C <|Rm,sf|| + [1(Rusf)' [ log m + /(; w‘”({'T)dT> ,

i.e., (53) holds.
The same estimate (53) also holds for d>,lnls, since by (44) we have

2
®ha(1) = H Rusf 1) —108 (1) Rusf) () + 1R (1),
and we note that

(1-P)

t0g (151) Rasf 0] < ClRusfYL, € #CC1f,m),

1+t

2

(1= 2) | {25 Ruaf 1) < 2R |

Finally, (54) follows from the Peano form of the Taylor’s remainder term, namely

/ 1y (X — t)z .
g(x) =gt) + & ()(x =) +8"(8) =5, min{x,t} <& < max{xt},

which for g = Ry, f, yields

| F (R f,t)]

/1 |Rusf (x) = Runsf(£) = (Rusf)" (£) (x — t)|dx
-1 (x—t)2

< | Rush)" |-

|3 (f )]

A

|
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Abstract: This work is concerned with the oscillatory behavior of solutions of even-order neutral
differential equations. By using the technique of Riccati transformation and comparison principles
with the second-order differential equations, we obtain a new Philos-type criterion. Our results
extend and improve some known results in the literature. An example is given to illustrate our
main results.

Keywords: even-order differential equations; neutral delay; oscillation

1. Introduction

In this article, we investigate the asymptotic behavior of solutions of even-order neutral differential
equation of the form

(b0 (= )Y+ Cant17 o) =, o

where t > to, n > 4 is an even natural number, k > 1is an integer and z (¢) := u (t) + p (t) u (o (t)).
Throughout this paper, we assume the following conditions to hold:

(P1) 7 is a quotient of odd positive integers;

(Py) b eClty,),b(t) >0,0b (t) >0;

(P;) ¢ € Cltg,0),8; € Clto,0), ¢’ (t) > 0, 6(t) < & (1), o(t) < t and limiseo (t) =
lim¢ 0 6; (F) =00, i =1,2,...,k;

(P4) p.qi € C[to,OO),q,' (t) >0,0< p(t) < po < o and

17 () ds = oo )

Jty

Definition 1. The function u € C3[t,, ), t, > ty, is called a solution of (1), if b (t) <z<”*1) (1.‘))Ay €

Cty, 00), and u (t) satisfies (1) on [t,, o). Moreover, a solution of (1) is called oscillatory if it has arbitrarily
large zeros on [t,, ), and otherwise is called to be nonoscillatory.

Mathematics 2020, 8, 412; d0i:10.3390/math8030412 55 www.mdpi.com/journal /mathematics
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Definition 2. Let
D={(t;s) €R*:t>s>ty}and Dy = {(t,5) € R?: t > s > ty}.

A kernel function H; € p (D,R) is said to belong to the function class 3, written by H € S, if, for
i=1,2,

(i) Hj(t,s) =0fort > ty, Hi(t,s) >0, (t,s) € Dy;
(ii) Hj (t,s) has a continuous and nonpositive partial derivative dH;/9ds on Dy and there exist functions
0,8 € C' ([to, ), (0,00)) and h; € C (Do, R) such that

S (05)+ S 19) =i (9 HY T 1) )
and 5 ,
= Ha(t5)+ 1;((55)) Hy (t,5) = ha (1,5) \/Ha (1, 9). )

The oscillation theory of differential equations with deviating arguments was initiated in a
pioneering paper [1] of Fite, which appeared in the first quarter of the twentieth century.
Delay equations play an important role in applications of real life. One area of active research in
recent times is to study the sufficient criteria for oscillation of differential equations, see [1-11], and
oscillation of neutral differential equations has become an important area of research, see [12-30].
Having in mind such applications, for instance, in electrical engineering, we cite models that describe
electrical power systems, see [18]. Neutral differential equations also have wide applications in applied
mathematics [31,32], physics [33], ecology [34] and engineering [35].

In the following, we show some previous results in the literature related to this paper:
Moaaz et al. [23] proved that if there exist positive functions 77, { € C! ([tp, ), R) such that the
differential equations

, ACRIUI0)) N R 4 _
91+ (m—mw TENCIE )))) gOPE @) (67 (1)) =0

and
9 (0 + (T Rus D) (67T (1)) =0

are oscillatory, then (1) is oscillatory.
Zafer [29] proved that the even-order differential equation

2 () +q (D) x (o () =0 ©®)

is oscillatory if
t _ (n—1)(n-2)

/ Q(s)ds > (-2 , (6)

o (t) e

or ,

lim sup Q(s)ds > (n—1)20=D=2) ¢/ () > 0.
t—oo  Jo(t)
where Q (t) := ¢" ' (1) (1= p (c (1)) 4 (1)
Zhang and Yan [30] proved that (5) is oscillatory if either

lim mf/ s)ds > (n ;1)!, (7)
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or
t
lim sup Q(s)ds> (n—1)!, o(t) >0.

t—oo Jo(t)

It's easy to note that (n — 1)! < (n — 1) 2(*=D("=2) for n > 3, and hence results in [30] improved
results of Zafer in [29].
Xing et al. [28] proved that (1) is oscillatory if

(6711) 280> 0,0/ () > 00 >0, 07 (5 (1) <

and

Sy

t=00 Jo1(5(1)) b (s) do00 e

where 7 (t) :=min {q (671 (t)) ,q (6 L (¢ (+))) }.

Hence, [28] improved the results in [29,30].

In our paper, by carefully observing and employing some inequalities of different type, we
provide a new criterion for oscillation of differential Equation (1). Here, we provide different criteria
for oscillation, which can cover a larger area of different models of fourth order differential equations.
We introduce a Riccati substitution and comparison principles with the second-order differential
equations to obtain a new Philos-type criteria. Finally, we apply the main results to one example.

lim inf /t () (s"fl)wds > (51 + 7 > M, (8)
0

2. Some Auxiliary Lemmas

We shall employ the following lemmas:
Lemma 1 ([5]). Let B be a ratio of two odd numbers, V > 0 and U are constants. Then

B up+1
oy < BT UPT
Uu —Vu < (,B—l—l)ﬁ“ VB

Lemma 2 ([6]). If the function u satisfies ul® (t)>0,i=0,1,...,.n,and u(n+l) (t) <0, then

u(t) u' (t)
> .
o/l = 1/ (n—1)!

Lemma 3 ([4]). The equation
(b() @ () +qB)ur () =0, ©)

where b € Clty,0), b(t) > 0and q(t) > 0, is non-oscillatory if and only if there exist a t > tq and a function
v € Cl[¢, ) such that
v

1+1/y
U IO

v () +

fort > t.

Lemma 4 ([2], Lemma 2.2.3). Let u € C" ([ty, ), (0,00)) . Assume that u'") (t) is of fixed sign and not
identically zero on [tg, 00) and that there exists a t > to such that u"=2 (£)u®) (t) < 0 forall t > ty. If
lim¢se0 1 (£) # 0, then for every p € (0,1) there exists t,, > ty such that

u (t) > ﬁtnil ‘u(n,]) (t)’ fOT’t > tV‘
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3. Main Results

In this section, we give the main results of the article. Here, we define the next notation:

P (1) ! (1 - (071 (071 (t)))k% > , fork=2,n,

PO\ (e ) pe (e (1)
o k 1y
Ro(t) = (i [ Lao i Gitonas)
0 b(t) f 1‘:11 2 1
_m () \YT (@ @) 6 1) (@ @)
o0 = 15 (seramy) w87 (1 :
o) - W (4s) HY (4,5) ((n—2))7b (" (5 (£))) 6(t)
DT (i (e 6 () @ (1) (6 (1))

and -
Ry (t) = / Ry—1(s)ds, m=1,2,..,n—3.
t

Lemma 5 ([8], Lemma 1.2). Assume that u is an eventually positive solution of (1). Then, there exist two
possible cases:
(S1) z(H)>0,2(1)>0,2"(t) >0, 2z V() >0, z"(£) <0,
(S2)  z(t) >0,200(t) > 0, 20UV (£) < 0 for all odd integer
je{1,3,..,n—3},z0D() > 0,z00(t) <0,

fort > tq, where t1 > ty is sufficiently large.

Lemma 6. Let u be an eventually positive solution of (1) and

((7_1 <(7_1 (t)))ni] < <0'_1 (t))”i1 p (17_1 (17_1 (t))) . (10)

@) 1z (e )
2T e @ T e T "

Proof. Let u be an eventually positive solution of (1) on [ty, c0). From the definition of z (t), we see that

p(u(o(t)) =z(t) —u(t)

Then

and so

Repeating the same process, we obtain
__ 1! ) (2T ®) w07 (1))
Y= ) <Z<" ) <p(a—1(a-1<t>>> p(rl(rl(t)))))’

which yields

y z (o7 (1) B 1 z (et (o7l (1)))
02 @TE)  p@T®) po? '

Thus, (11) holds. This completes the proof. [
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Lemma 7. Assume that u is an eventually positive solution of (1) and

(b () (z<n4> (t))”)' < -2 (fl (6 (t))) é g: (1) PY (8; (), if z satisfies (S1) 12)

and
2" () +Ry3(t)z (0’1 (6 (t))) <0, if z satisfies (S3). (13)

Proof. Let u be an eventually positive solution of (1) on [y, o). It follows from Lemma 5 that there
exist two possible cases (S1) and (Sy).
1

Suppose that Case (S;) holds. From Lemma 2, we obtain z (t) > Wtz’ (t) and hence the

function 7"z (t) is nonincreasing, which with the fact that o (t) < t gives

(o (t))”’1 (e (o)) < (07 (o (t)))"’1 z(c71 (1) (14)

Combining (11) and (14), we conclude that

! I G Gt 0) -
u(t) > ST <1 (1 (t))n—l (o (o1 (t)))) z (17 (t))
= P,(t)z (17_1 (t)). (15)

From (1) and (15), we obtain

G EO)) < -Laepew (o 60)
i=1
k
< = () LRI 1)
Thus, (12) holds.
Suppose that Case (S;) holds. From Lemma 2, we find
z(t) > t2' (1) (16)

and thus the function ¢!z (t) is nonincreasing, eventually. Since 0! (t) < ¢~! (=1 (t)), we obtain

otz <U’1 ((7’1 (t))) <o! (U’l (t)) z (U’l (t)) . 17)

Combining (11) and (17), we find

G Gl O))) -
D) (1 ey )

which with (1) yields

(b (zV (t))v), + Y ()P (6 ()2 (71 (5 (1)) 0. (18)
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Integrating the (18) from t to co, we obtain
270 (1) 2 b0 ()2 (71 (5 (1)) -
Integrating this inequality from ¢ to oo a total of n — 3 times, we obtain
" -1
2 (1) + Ry (Dz (07 (6(1))) 0.
Thus, (13) holds. This completes the proof. [

Theorem 1. Let (2) and (10) hold. If there exist positive functions 8,v € C! ([to, o) ,IR) such that

. 1 £ -
llrtrlsogpm /h (Hi(t,s)y(s) —O(s))ds = o0 (19)
and "
. 1 t . v (s)h5(t,s)
llir;sogpm /fl <H2 (t,s)p* (s) — 42> ds = oo, (20)
where . B
$6) =000 Las (P} (3:0), 97 () = v )by () ()
and
- o M s) HY (t5) ((n=2))7b (e (5(t)) 6(t)

O(s)

1 - N7’
D™ (e @) M) @ 6 (H)" )
then (1) is oscillatory.
Proof. Let 1 be a non-oscillatory solution of (1) on [ty, 00). Without loss of generality, we can assume

that u is eventually positive. It follows from Lemma 5 that there exist two possible cases (S1) and (S3).
Let (S1) hold. From Lemma 7, we arrive at (12). Next, we define a function ¢ by

b(t) (200 (t))7
0 ::G(t)m > 0.
Differentiating and using (12), we obtain
/ k
O S ONIC) WACEACIO)
b(1) (20 () (e (6 (1)) G (1) 2 (7 (3 (1)
e A6 0) -
Recalling that b (t) (z(”’l) (t))A’ is decreasing, we get
bt (6 (1) (7Y (o ((S(t))))7 >b(t) (20D (t))”.
This yields
n— — 7 b (t) n— v
(Z( 2 (U NG (f)))) > BTG ) (Z( Y (t)) : (22)
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It follows from Lemma 4 that

(e 0 (1) 2 - 1112)! (o (5(0))71—22(11—1) (=), (23)

forall u; € (0,1) and every sufficiently large ¢. Thus, by (21), (22) and (23), we get

/ () -
ORI g(t)é(tfﬂ(tg 9; (B P (& (1)

e bt “*b(w(z‘””)(t))"“(”(5«)))(<t))’(a*<(s<t>))”’2
MO e s T e m) (15 (1)
Hence,
, o' (1) a Y
) < Gt -0 Lai P (@) (24)
i=1
—omeET (1)

Multiplying (24) by H; (t,s) and integrating the resulting inequality from t; to t; we find that

/H1 (ts)y(s)ds < &(t)H(bh) +/ < Hi (¢, s)+%,((§))H1(t,s)>§(s)ds

7/:@(5) Hi (t,5) &7 (s)ds.
From (3), we get
'ttHl(t,s)l/J(s)ds < C(tl)Hl(t,t1)+/t[h1(t,s)HI’/(7+l)(t,s)é(s)ds

t =1
- / O (s) H (t,s) &7 (s)ds. 25)
Jt
Using Lemma 1 with V = © (s) Hy (t,s), U = Iy (t,9) HY/WH) (t,s) and u = ¢ (s), we get

b (ts) HY Y (4,5) € (5) — © () Hy (1,5) 6T (5)
W () HY (t,5) (n—2))7b (e (5(£))) 6 (t)
@)™ (e e ) ) e e w)" )"

which with (25) gives

ﬁ/t: (Hi(ts) ¢ (s) = ©(s)) ds <& (1),

which contradicts (19).
On the other hand, let (S;) hold. Using Lemma 7, we get that (13) holds. Now, we define

o) =v(n 2 26)
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Then ¢ (t) > 0 for t > t;. By differentiating ¢ and using (13), we find

/ " / 2
o) = Wi ro? mw(t)(z “))

v (t) z (1) z(t)
v -1
< T0p0 -0 SO L. @)
By using Lemma 2, we find that
z(t) >tz (t). (28)
From (28), we get that
-1
(0@ () 2 wz(t). (29)
Thus, from (27) and (29), we obtain
v -1
o0 < o0 o0 R0 () - T, (30)

Multiplying (30) by H; (t,s) and integrating the resulting from #; to ¢, we obtain

[Htv 98 < o) Hh)

+ tlt (;SHQ (t,s) + l;/((ss)) H, (t,S)) ¢ (s)ds

- /}: %Hz (t,5) ¢* (s) ds.

Thus,
/ttHz(t,s)lP* (s)ds < (P(t1)H2(t,t1)+/fth2 (t,s) \/mtp(s)ds
_/tltﬁHz(t's)(Pz (s)ds
tu(s)h3(t,s
< (P(tl)HZ(f,h)Jr/t %ds

and so

t 2
H, (1t,t1) ~/tl (Hz (t,s) 1/;* (s) — lJ(s)}Z(t,S)) ds < (P(tl)l

which contradicts (20). This completes the proof.

In the next theorem, we establish new oscillation results for (1) by using the theory of comparison

with a second order differential equation.

Theorem 2. Assume that the equation

k
y' (1) +y(#) ;qi (t) Py (6 (1)) =0 61
’ -1
[0(t) (v ()] +Ras (1) (%) YT (1) =0, (32)

are oscillatory, then every solution of (1) is oscillatory.
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Proof. Suppose to the contrary that (1) has a eventually positive solution u and by virtue of Lemma 3.
From Theorem 1, we set 6 (t) = 1in (24), then we get

741 k
F(O+O(E T + ) q(t) Pl (5 (1) <0.
i=1

Thus, we can see that Equation (31) is nonoscillatory, which is a contradiction. If we now set
v (t) = 1in (30), then we obtain

L CIO))

t

¢’ (t) + Ru3 (t) ( > + 2 (1) <0.

Hence, Equation (32) is nonoscillatory, which is a contradiction.
Theorem 2 is proved. [

Corollary 1. If conditions (19) and (20) in Theorem 1 are replaced by the following conditions:

. 1 f _
hmsupm ./t1 Hy (t,s) ¢ (s)ds = o0

t—yo00

and .
limsup——— [ ©(s)ds < co.
CoePH, (1) Jn )
Moreover,
t
limsup———~ [ H(t,s) 9" (s)ds = co

[aoopHZ(trtl) h 2( )l/) ()

and

. 1 't 2
hmsupm /h v (s)h5(t,s)ds < oo,

t—o0

then (1) is oscillatory.

Corollary 2. Let (10) holds. If there exist positive functions v,0 €' ([tg, o) ,R) such that

0 k
/ <9 (5) Y4 () PY (6 (5)) — @ (s)) ds = o 33)
fo i=1
and y
1 ) o k -1 @ «
'/to (Plv(s)/t (},(lg)/g ;qi (s) (%) ds) dgn(s)) ds = oo, (34)
where
o) (=2 r(e @ (1) (@ ()"
@+ (o (1) (v (0 (1)) (T (@ (0))")
and

then (1) is oscillatory.

Example 1. Consider the equation

1 (4) 70 1
(x (t) +16x (51‘)) + t—4x <§t> =0, t>1, (35)
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where qo > 0. We note that r (t) =1, p (t) = 16, T (t) = /2, o (t) = t/3and q (t) = qo/t*.

Thus, we have
1 7
Pi(t) = 35, P2 (H) = 355

Now, we obtain

o k
/. (9(5)Z%(s)PZ(&(s))—Ms)) ds = oo

and

/r:o Plv(s)/too (r(lg)/g‘” qui(s) (1—1(5(7(3)))“515)1/“(1@_71(1}) ds

i
_ [T _1
- /,U (1152 4> ds,

= oo, ifgo > 4114,

Thus, by using Corollary 2, Equation (35) is oscillatory if qo > 41.14.

4. Conclusions

The aim of this article was to provide a study of asymptotic nature for a class of even-order neutral
delay differential equations. We used a generalized Riccati substitution and the integral averaging
technique to ensure that every solution of the studied equation is oscillatory. The results presented
here complement some of the known results reported in the literature.

A further extension of this article is to use our results to study a class of systems of higher order
neutral differential equations as well as of fractional order. For all these there is already some research
in progress.
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Abstract: Poisson equation is a widely used partial differential equation. It is very important to study
its numerical solution. Based on the strategy of domain decomposition, the alternating asymmetric
iterative algorithm for 3D Poisson equation is provided. The solution domain is divided into several
sub-domains, and eight asymmetric iterative schemes with the relaxation factor for 3D Poisson equation
are constructed. When the numbers of iteration are odd or even, the computational process of the
presented iterative algorithm are proposed respectively. In the calculation of the inner interfaces, the
group explicit method is used, which makes the algorithm to be performed fast and in parallel, and avoids
the difficulty of solving large-scale linear equations. Furthermore, the convergence of the algorithm
is analyzed theoretically. Finally, by comparing with the numerical experimental results of Jacobi and
Gauss Seidel iterative algorithms, it is shown that the alternating asymmetric iterative algorithm based
on domain decomposition has shorter computation time, fewer iteration numbers and good parallelism.

Keywords: poisson equation; domain decomposition; asymmetric iterative schemes; group explicit;
parallel computation

1. Introduction

Poisson equation is an elliptic partial differential equation, which frequently appears in many fields
such as fluid dynamics, heat transfer, electromagnetics, acoustics, electrostatics mechanical engineering
and so on. Many researches on studding the numerical techniques to approximate the solution of Poisson
equation have been made in the past few decades. The application of finite difference methods for solving
Poisson equation will normally lead to a large, block, and sparse system of equations. Direct methods and
iterative methods [1] are normally considered as common approaches for solving such system of equations.
Several high precision multigrid and compact difference methods are given in [2-6]. Romao et al. [7,8]
provides the Galerkin and least-squares finite element methods in the solution of 3D Poisson equation.
In [9,10], the Haar wavelet methods are given. Speyer et al. [11] provide a preconditioned bi-conjugate
gradient stabilized method which is efficient, albeit nonmonotonic and convergent.

With the continuous improvement of computer hardware, people are more and more focused on
solving large-scale scientific and engineering problems quickly and efficiently on parallel computers.
Therefore, people wish to find some direct methods and iterative methods, which have the characteristic
of much better solving elliptic equations and easier parallel implementation. In recent years, parallel
algorithms are also constantly emerging. Several new parallel methods of direct solution are proposed.
P. Valero-Lara and A. Pinelli et al. [12] provide the implementation of a fast solver based on a block cyclic
reduction algorithm for the linear systems of a three dimensional separable elliptic problem. And they
also study on the parallel characteristics of an algorithm for the direct solution of linear systems with a
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block-tridiagonal coefficient matrix (BLKTRI problem) [13]. C. P. Stone et al. [14] analyze the performance
of a block tridiagonal benchmark. Many authors have given the implementation of scalar tridiagonal
solver on GPUs [15-17]. Y. Zhang [16] also illustrates several methods to solve tridiagonal systems on
GPUs. Because of the direct method to solve large-scale sparse and block diagonal equation systems,
when the coefficient matrix is close to singularity, the calculation will often stop or make mistakes. So
people also find iterative methods which can be solved by constructing some efficient iterative schemes
to approximate the problem itself, so that the iteration can reach a certain accuracy. In [18-21], a class of
efficient parallel finite difference iterative algorithms for Poisson equation were also proposed.

In addition, the domain decomposition method [22] is also a powerful tool for parallel implementation,
which studies parallelization from the model level of physical problems. This kind of method can
decompose scale problem into small-scale problem and solve serial problem into parallel problem.
The explicit-implicit domain decomposition method is proposed by Kuznetsov [23]. Because the numerical
boundary conditions on the internal boundary are often not the same as those of the original mathematical
model or the corresponding physical problems, different methods to obtain the internal boundary
information form different explicit-implicit domain decomposition (EIDD) methods. This leads to the
idea of parallel implementation for iterative method based on domain decomposition. In [24], the authors
have proposed a kind of finite difference parallel iterative algorithm for two-dimensional Poisson problem,
and verified its efficiency and accuracy.

This paper extends to the study of the domain decomposition method for three-dimensional Poisson
problem. Several finite difference asymmetric iterative schemes are constructed, and each asymmetric
iterative schemes are used to solve the sub-domains alternatively and in parallel; in the processing of
inner interfaces, group explicit (GE) method [25,26] is used. The calculation on the whole solution domain
is explicit but using the implicit iterative schemes, which greatly avoids the difficulty of solving linear
equations and improves the calculation speed and accuracy. When the number of iteration is odd or
even, the iterative process of the presented algorithm is given respectively, and a kind of efficient iterative
algorithm is established based on domain decomposition for solving three-dimensional Poisson equation.

This paper is outlined as follows. In Section 2, we present several asymmetric iterative schemes.
Section 3 gives the alternating asymmetric iterative algorithm. And the convergence and the optimal
relaxation factor are obtained in Section 4. In Section 5, we perform the numerical experiments to examine
the presented algorithm. Finally we give the conclusion of this paper in Section 6.

2. Asymmetric Iterative Schemes

Consider the three-dimensional Poisson problem,

%u  *u  *u
$+W+g—f(x,y,z),(x,y,z)EQ, D
with the boundary condition,
u(x,y,z) = g(x,y,2), (x,y,z) € 0Q. 2)

where ) = [0, L] x [0, M] x [0,K], and 0Q) is the boundary of the domain Q). We divide the solution
domain Q) into uniform grid, the space step hy = L/l in x direction, b, = M/m in y direction and

h; = K/s in z direction. For implicity, the space steps are assumed equal that hy = hy = h: = h. Denote
x; =1ih,i=0,1,..1; yj = jh,j =0,1,..,m; zx =kh,k=0,1,...,s; ul(;')k as numerical solution on the nth

)

68



Mathematics 2020, 8, 281

iteration level at the grid node (x;,yj, z¢). We can give the classical difference discretization in Equation (3)

for the 3D Poisson Equation (1),

Uik — 2k + Ui-1jk

Uijr1k = 2Wijk + Wij-1k
4 M j Lk

Wijk+1 — 2Ujjk + Uijr—1

hZ

namely,

1 2
Ui = o (Ui g+ ima jre ik oy b e + ko1 = ofijp) =0

h? h?

= fi ks

©)

*)

Then we construct eight asymmetric iterative schemes by the difference operator L with the relaxation

factor w as follows,

ik = Yijk

(1) _ 1) _ 1
Liu; A {w(u

(1) _ (1) 1
Lou; A {w(u

ik = Yijk

(n+1) (m+1) 1
Luljk =ik g{w(

(1) _ (1) 1
Lyu e { (u

Alije = Wijk

ijk T ui,j,k

(1) _ (1) 1
Lsu; e {w(u

(n+1) _  (n+1)
L6ul] ko uuk

(n+1) _  (n41) 1
Lyuj i =i % {w(

Sy

(n+1) (n+1) (n+1) (n) (n) (n)
i F e T Hijegn) T D T

(n) (m) (m)
+(l_w)( 1+1]k+utj+1k+u1]k+1) hzf"’]'rk}’

(1) (1) () (n) (m) (m)
i— 1]k+ 1]+1k+ Ijk+1)+ul+1]k+ul] 1k+u k—1

(1= @) ")+ g+ 1) = W]

L) (n+1) (n+1) (n) (1) (1)
imt ik F e T M) i et e T ke

+(1-w) (”1(7)1,j,k + ”z(,j)ka + uf,j/;cﬂ) - hzfi/j/k} .

(n+1) (n+1) (n+1) n)
1

( ()
1+1]k+ ij— 1k+ 1]k+1)+ui—
)

(1)
gk T e T

+(1-w) (u,(i)l,j,k + uz(,;;—l,k + ”5,?3c+1) - hzfi/jrk} ’

(n+1)
i+1,j,k

(n+1) (n+1)

(m) (m) (m)
+u 1]+1k+ ijk— 1)+uz 1]k+u1/ 1k+ul]k+1

=)yl i) =P fiix]

(n+1) (n+1) (n+1) (m) (1) (m)
i— 1]k+u1/+1k+u11k 1)+u1+1/k+u1] 1k+u1]k+1

(L= @) @) g k) =]

(n+1) (n+1)

L (1) n) (n) o)
i— 1]k+u1] 1kJr i 1)+u1+1]k+uz;+lk+ ijk+1
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§n+1)

(n+1) (n+1) (n+1) (n+1) (n) (n) (n)
ijk

1
Lgu =ik T {w(ui+1,j,k gy g T ) Uy g g R
(= @)D ) =B (12)

Figure 1 represents the distribution of unknown solution at the (1 + 1)th iteration level for the eight
asymmetric iterative schemes (5)-(12).

(jkoHf (Rt (u_k?;{ (ijk=

(LK) (ijtl,
/(61350 (-150) vl
(11 1k) e (1x 1k) 1\]*k 1x]1k)
(ij-l.k) (1K)
Ny Ay A Ay
% X X

() i | —
ik gk | K (3.l
(i.j.k) s al
A | (i-1,.k) i
(ij-1Lk) (LK)
Ass T A prien A (k-1 Ay (i1
X : * *

Figure 1. The asymmetric iterative schemes (5)-(12) for the 3D Poisson equation with the relaxation
factor w.

3. Alternating Asymmetric Iterative Algorithm Based on Domain Decomposition
3.1. The Domain Decomposition

We can divide the 3D solution domain () into multi-subdomains. For simplicity, we use six grid
planes x =p,x =p+1L,y=qy=qg+1,z=r,z=r+1 to discrete the solution domain () into eight
sub-domains, and note Q);,i = 1,2, ..., 8 as subsets of grid points, while p, g, r are positive integers with
p e [L1],q € [1,m],r € [1,5]. Denote 7; is the interfaces of the sub-domain );. The sorting order of
sub-domains is as follows: the subspaces above z = r + 1 are sorted anticlockwise starting from the upper
right sub-domain of the inner layer, and the sub-domains under z = r are sorted anticlockwise starting
from the lower right subspace (as shown in Figure 2). The specific description is as follows:
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O {(xyz)x=1-11-2,.,p+Ly=m—1,m—2,..,g+Lz=s—-1,s—-2,..,r+1},
D {(xyz)x=12,.,py=m—1m—-2,.,g+Lz=s-1,s—-2,..,r+1},

Q3: {(xy2)|x=12,.,py=12,..,qz=s—-1,s=2,..,r+1},

Qq: {(xy2)|x=1-1,1-2,.,p+Ly=12.,qz=5s—-1,s—2,..,r+1},

Qs: {(xyz))x=1-11-2,.,p+Ly=m—1,m—2,..,q+1,z=1,2,..,r},

Qe {(xy2)|x=12,.,.py=m—1m—2,..,9+1Lz=12,..,r},

Qy: {(xy2)|x=12,..p;y=12,...,q;2=1,2,...,1},

Qg: {(x,y2)|x=1-1,1-2,.,p+Ly=12,..,q;2=1,2,..,1}.

/1' A (Lm.s)

ST 77

/4 : : ]
1
1! :______ _______ AL
: :’II /"r—]
y’l I'___ T T T T T T T _7‘71'
Hor!
|II ! /
AN
[
1
I L/'———-—— ——————— - - mm
| i R e 17 L]_]
IIL _____ __r ______ = L]

|+

{0,0,0) P ptl (L0,0)

Figure 2. The solution domain is divided into eight sub-domains.

3.2. Algorithm Implementation

In this subsection, we provide a new alternating asymmetric iterative (AAI) algorithm based on
domain decomposition for 3D Poisson problem (1) and (2). We give different computational processes in
each sub-domains at the odd iteration layers and even iteration layers respectively, and use the asymmetric
iterative schemes alternatively. The Group Explicit (GE) method is used to solve the inner interfaces, which
makes the algorithm to be computed fast and in parallel, and avoids the difficulty of solving large-scale
linear equations.
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3.2.1. Implementation of Odd Level Iteration

When the iteration number are odd, namely, n = 2a + 1,2 = 0,1, ..., we solve the grid nodes from the
boundaries to the inner interfaces step by step, that is, using the asymmetric iterative schemes (5)-(12) to
solve the grid points in ();,i = 1,2, ..., 8 respectively:

(2a+1)

Ll =0, (i,j,K) € 0y,

Ll =0, (i,j,k) € Oy,

Ly =0, (i,,k)

Latgi ™ =0, (1,jk (13)
Lsuly™ =0, (i,j,k) € 0,

Le 55,"; V=0, (i,jk) €0

Lyuﬁjf’k* V=0, (i,jk) €y,

L8u557k+1> =0, (i,jk) € Os.

Obviously, the numerical solution can be obtained independently in parallel when the iteration numbers
are odd, which saves a lot of computational time compared with the full-implicit iteration case. In addition,
although the asymmetric iterative schemes are implicit, the computational process can be transformed
into explicit, which can obviously improve the calculation speed and avoid solving large and complex
linear equations.

3.2.2. Implementation of Even Level Iteration

When the iteration number is even, namely, n = 2a +2,a = 0,1,..., we calculate the numerical
solution from the inner interfaces to the boundaries step by step. Where the computational process of the
interfaces 7 = J 7t;,i = 1,2, ..., 8 includes three parts:

o Interfaces I (namely, the grid nodes at the center of the domain Q) (shown in Figure 3): (p,q,7r+1), (p +

Lar+1),(p+La+Lr+1),(pa+Lr+1),(pqr).(p+Lar),(p+1Lq+Lr), (p.g+1Lr).
Interfaces II: the interface lines except Interfaces I (shown in Figure 3).
Interfaces I1I: the interfaces except Interfaces I and II, namely,

7t \ Inter faces I U Inter faces I1.

Therefore, it can be seen that the interfaces 7t = Interfaces I U Interfaces II U Interfaces III. When the
interfaces 7t are solved, the inner grid nodes in the domain () can be solved in order like the odd case of
iteration numbers in Section 3.2.1. We give the computational procedures in detail as follows.

(1) The solution to Interfaces I

We use the asymmetric iterative schemes (5)—(12) to solve the Interfaces I, then the following linear
equations can be obtained:
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(2a+2)
p+1lg+1r+1
(2a+2)
pg+1r+1
2a+42)
p.gr+1
u(2a+2)
p+1,q,r+1 —

M (2a+2) Ny,
p+lg+1r
(2a+42)
pg+1r
(2a+2)
(a+2)
a
L Yprigr

where matrices M; and Nj are represented as bellow,

6 —w —w —w e1
—-w 6 —w —w e
—-w 6 —w —w es
—w —w 6 —w ey
M = , Np=
—w 6 —w —w es
—w —-w 6 —w 6
—w —-w 6 —w e7
L —w —w —w 6 | es
_ (2a+1) (2a+1) (2a+1) (2a+1) (2a+1)
e = up+2,q+1,r+1 + up+1,q+2,r+1 + up+l,11+1,r+2 + (1 - w)(up,q+1,r+1 + up+1,q,r+1
(2a+1) 2
i1 gis) ~ W fprgrr,
_ (2a+1) (2a-+1) (2a+1) (2a+1) (2a+1)
e = Uy gt it T g T (1= @) 00 000
2
= fp 141,
_ (2a+1) (2a+1) (2a+1) (2a+1) (2a+1)
e = Uy g + Upg-1r+1 + Upqrt2 + (1= w)(“pﬂ,qmﬂ + Uy g+1r+1 tlpgr
2
—h fp,q,r+1/
_ (2a+1) (2a+1) (2a+1) (2a+1) (2a+1)
e = Upppgrin Tl gt (Lo @) (g R
2
—h fp+1,q,r+1/
_ (2a+1) (2a+1) (2a+1) (2a+1) (2a+1)
e = p+24+1,r + up+1/q+2,r + up+1,q+1,r—1 (1 B w)(up,q+1,r + up+1,q,r
2
—h fp+l,q+1,n
_ (2a+1) (2a+1) (2a+1) (2a+1) (2a+1) (2a+1)
¢ = up—l,q+1,r + up,q+2,r + up,l/]+1,r—1 + (l - w) (up+1,q+1,r tupgr pag+1r+1
2
—h fp,q+1,rr
_ (2a+1) (2a+1) (2a+1) _ (2a+1) (2a+1) (2a+1)
&7 = Uy Tyt T (1 w)(upﬂ,q,r T gt T hpgr1
_hzfp,q,rr
_ (2a+1) (2a+1) (2a+1) (2a+1) (2a+1) (2a+1)
g = up+2,q,r + up+1,q—1,r + up+1,q,r—1 + (1 - w) (MP/‘?:’ + up+1,q+1,r + up+1,q,r+1
2
—h fl’+l/‘]11"
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Then we just solve the above eight-order sparse linear Equation (14) to obtain the numerical solution
of the interface I.

(2) The solution to Interfaces I1

The computational procedure of the Interfaces I is depending on the use of GE method based on
eight points per group. Similarly, we use the GE method based on four points per group to solve the
Interfaces II between the inner boundaries of eight subspaces ();,i = 1,2,...,8. Take one group of the
Interfaces II for example to illustrate the order of the solution process. Figure 3 gives the direction of the
iteration computation.

(l.m.s)

Zl 1+l

r
r
i
|
|
N
e
:
|
|
I
pat

______ __ _ _ ] (lmy
s 7 qrl

o il

\'_

|

I

|
l\_,.___

-

(0,0,07 P ptl (10,03
Figure 3. The computation of the interfaces I, I, I11.

Using the asymmetric iterative schemes (6), (7), (10), (11) to solve the grid nodes (i,q,r), (i,q,7 +
1),(i,q+1,r+1),(i,q+1,r)i=p+2,p+3,..1—1(shownin Figure 3), then we can provide the following
fourth-order linear equations:

(2a+2)
6 —w —w z(gg 2 dq

a
—w 6 —w ui,q,r+1 _ dy (15)

—w 6 —w u(2n+2) - ds ’

i,g+1,r+1
—w —w 6 (2a+2) dy

iq+1r
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where
dr= a0 @) ) ) ),
dy = wu z(ial r>+1+ z(ialtylr)+1+ 1(3]H11V>+1+ l(?;a:rlz)Jr(l “’)(”z(Zqu?Jrl* z(?ﬁ:rllr)Jrl
(2a+1))
l,q,r
dz = wu; H1J:42+>1r+1+ fiult;lllrﬂ‘*‘ z(quzlr)+1+ fiﬁllr)ﬂ (1_w)(u1(3111;1~21,r+1
)
dy= w0 ulie ) F )+ -0
+”§;T11,r)+1)~

Then the numerical solution of such a set of inner boundary points can be calculated quickly only by
solving the fourth order sparse linear Equation (15). In the same way, the points on the other five groups
of inner boundary lines are also calculated by Group Explicit method, and we will not represent them one
by one here.

(3) The solution to Interfaces 111

It can be seen from the calculation process of Interfaces I and II we solve the Interfaces 111 just depending
on the group explicit method based on two points a group. The specific calculation process is the same as
above (1) and (2), and we do not repeat it.

Finally, taking the above results as the interface conditions, we use the asymmetric iterative schemes
different from the schemes at the odd levels to solve the inner points on ();,i = 1,2, ..., 8.

L7u§j;* =0, (i,jk) €\,
Lgugjjj 220, (i,j,k) € D\,
Lsuﬁjjj 220, (i,j,k) € Qs\ms,
L6u§jjj D20, (i,j,k) € 4\, 16
Lyl =0, (i,,k) € 0s5\15,
Lyl =0, (i,,K) € 06\ 16,
L1ug;<+2) =0, (i,j,k) €O\,
Lo =0, (i,j,K) € Og\7rs.

Through the above specific implementation process of the domain decomposition iteration algorithm,
we can see that the calculation of numerical solution can transform implicit iteration to explicit calculation
no matter on the odd or even iteration layer. Combining with the domain decomposition method, the
alternating asymmetric iterative (AAI) algorithm is well performed in parallel.

4. The Algorithm Convergence

In the last section, we propose a new AAI algorithm based domain decomposition for solving the
three-dimensional Poisson problem (1)—(2), which can be written in the following matrix form,

u ) = T () 4 p, (17)
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while T, is the iterative matrix of AAI algorithm and b is the right-term. Then we can give the
following theorem:
Theorem 1. The sufficient and necessary conditions for the convergence of AAI algorithm are as follows:
p(Tw) <1, (18)
where p(Ty,) is the corresponding spectral radius of the iterative matrix Tg,.
Consider the eigenvalue problem of Equation (17):
Twx = Ax, (19)

Due to the asymmetry of the schemes (5) and (12) in the calculation direction, we take one of the
iteration scheme (5) as an example,

1
/\ui,]-,k — 6[(/\(4} + 1— w)u,v,j,k + (/\w =+ 1— w)ui,]-,l/k —+ ()L(U + 1-— (U)M,‘,j,k,l + uH»l,j,k
+ Ui+ ijee] = 0. (20)

Firstly, we give the relationship between the eigenvalues u of Jacobi iterative matrix B and the
eigenvalues A of the AAl iterative matrix Ty, Let V;  x be the eigenvectors of the Jacobi iterative matrix, then

1

upip = [EAw+1—w)2] TRy, (21)

Taking Equation (21) into Equation (20), we can obtain,

1
WVijk— E[Vi—l,j,k +Vijoik+ Vijeo1 + Vigrje + Vijsk + Vijesa] = 0. (22)
where
A
p=t—— (23)
(Aw+1—w)2

If A is the eigenvalue of the matrix T, then
P Aw+1—w) =A% (29

Equation (24) determines that y is eigenvalue of the matrix B, which is Jacobi iteration matrix of
Poisson equation. On the contrary, if y is eigenvalue of the matrix B, it can be determined only if there
is a relationship between the eigenvalues A of Jacobi iteration matrix and the eigenvalues y of the given
iteration matrix in the Equation (24).

In particular, it is shown that the iterative schemes (5)—(12) are Gauss-Seidel iterative schemes in fact
when w = 1. Then the presented AAI algorithm has obvious convergence since A = p? < 1.

Second, we discuss the changes of p(T,,) about w.

From Equation (24), we can see that the eigenvalue A depends on the relaxation factor w and the
eigenvalue y of Jacobi iteration matrix. Suppose 0 < y < 1,0 < w < 2, the two eigenvalues are obtained
by Equation (24):

Al ) = B2y [ (B2 = (w-1), 25)
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2

Aalwo,m) = B2 =y [ (2P = (w-), 26)
Define
M(w, 1) = max{|M (@, 1), [A2(w, 1)}, @)

by the discriminant equaling to zero, namely,
A = ptw? —4p*(w —1) = 0. (28)
Then the root of the Equation (24) is

2(1—/1—u2)

wy =
I
]42

0 <wy <2 (29)

When 0 < w < wy, A > 0, we can get
(@, 1) > Aa(w, 1) > 0. (30)
When w, < w < 2, the eigenvalue Ay (w, ) and Az(w, ) are conjugate complex, therefore
(@, )] = [A2(w, 1)| = pP(w = 1). @1

Due to Equations (30) and (31), we can give

_ ) Mlwp), 0<w<wy,
M(w,}t) { FZ((U_l)’ wy <w<2. (32)

It is obviously seen that
M(w,p) < 1. (33)
In fact, if w, < w < 2, Equation (33) is ture clearly; Otherwise 0 < w < wy, and

2w

M(w,p) =M(w,p) < B2+ /(550)? —pw+1,(0 < w < wy)
=u<l

(34)

Therefore, p(Tw) < 1, Equation (18) is proved and the presented AAI algorithm is convergent.
Obviously, the spectrum radius p(T,,) of the presented iterative matrix depends on the relaxation
factor w, so choosing approximate w is important to the number of iterations and the convergence rate.
Since the optimal relaxation factor wopt is obtained for 2D Poisson problem in [25], we can also
provide the same computation for 3D case. When

2

T mre 7Y (35)

W = Wopt =

0(Twopt) obtains the minimum

p(Twopt) = (1= /1= p(B)2)? +ep(B)?, (e>0), (36)

where p(B) is the spectrum radius of Jacobi iterative matrix, and ¢ is a positive, sufficiently small number.
The optimal relaxation factor wopt can be theoretically evaluated by Equation (36).
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5. Numerical Experiments

In order to confirm the effectiveness of the AAI algorithm, the following experiments are carried out.
The initial iterative values u(o)k =000=12---,1-1j=12,---,m—1,k=12,.,5s—1)is given.

(1) Consider the 3D Laplace equation

Pu  u  u

e + 2 + e 0,(x,y,z) € 0,173, (37)
with the boundary condition,
u(0,y,z) = sin(y + z);
u(1,y,z) = exp(V2)sin(y +2);
u(x,0,z) = exp(\/2x)sin(z); (39)
u(x,1,z) = exp(v/2x)sin(1 + z);
u(x,y,0) = exp(v/2x)sin(y);
u(x,y,1) = exp(v/2x)sin(y +1)

The exact solution of the 3D Poisson problem (37)=(38) is u(x, y,z) = exp(v/2x)sin(y + z). Let u(x;, YirZk)
(n)

be the exact solution and u; ik the nth iterative solution, the errors are calculated in Ls-norm as:
n o n
IE™ [loo = r}lﬁ}(@,ﬁ (i,j,k)) = max [u(xi, yj, 2x) — . (39)

Moreover, the rate of convergence in space is calculated by

108 (I[Elloo,y / ||Ell o)

Rate of convergence ~ log (I /hz)

where hy, hy are the space steps.

Table 1 gives the errors ||E|e of the presented alternating asymmetric iteration algorithm based
on domain decomposition for the 3D Laplace problem (37)-(38) with different values of w when
I =m=s=231, h =1/30,n = 150, we can obviously see that the errors is relatively smaller when the
relaxation factor w is about 1.9. we further see that the errors get the minimum when w is about 1.82
shown in Figure 4a, which is match with the result of Equation (35). Figure 4b performs the errors with
z = 0.5 when w = 1.82, which illustrate the effectiveness of the AAI algorithm.

From Tables 2 and 3, we can see the iteration numbers of the AAI algorithm is the least during the
Jacobi, Gauss-Seidel iterative methods under some error controls when & = 1/30,1/50. In addition,
the AAI algorithm obtains shorter times than the Jacobi and the Gauss-Seidel methods when the
number of the grid nodes is in increasing. Table 4 gives the convergence rates and errors of the
AALT algorithm. In computation of the rates of convergence in space, the spatial steps are taken as
h=1/(16+8d),d = 0,1,--- ,4. We can see the rates is of order 2 in space and the errors can up to 1075,

Figure 5 provides the errors, relative errors and numerical solutions at z = 1/3,2/3 when
I =m=s=31,h=1/30,n =150, w = 1.82, which shows the AAI algorithm is effect and accurate.
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The errors ||E|je of alternating asymmetric iterative (AAI) algorithm based on domain

Table 1.
decomposition with the different values of w when! =m =s =31, h =1/30,n = 150.

w Il E Jloo w I E Jloo

1.0 4.4434x1071 1.6  3.9316x10°2

1.1 3.6971x1071 1.7 1.0478x102

12 2.9383x1071 1.8 4.8059x10~*

1.3 21896x1071 1.9  2.0334x10°*

1.4 1.4838 %1071 2.0 errors

15 8.6993x10~2 - -

) x10 )
| x107
1.5 “‘ 6
8 \ ‘ z
= 1 “ g4\
2l \ | &
\ / 2
0.5 \ J 0
\f”"” !
175 18 185 19 195 2
(a) (b)

Figure 4. The ||E||« with the different w and the errors at z = 0.5 when ! = m = s = 31,h = 1/30,n = 150.
(@) ||E|oo; (b) the errors at z = 0.5 when w = 1.82.
Table 2. The iteration numbers and time(s) of Jacobi, Gauss-Seidel and the AAI algorithm under the

different error controls when ! = m =s =31, h = 1/30.

IE|| o0 1073 10— 105
Numbers Time(s) Numbers Time(s) Numbers Time(s)
Jacobi 987 3.3906 1401 44219 1774 5.0000
Gauss-Seidel 491 2.4219 698 3.1406 885 3.5469
AAT (w = 1.82) 93 6.8906 123 9.6406 145 10.1093

Table 3. The iteration numbers and time(s) of Jacobi, Gauss-Seidel and the AAI algorithm under the

different error controls when | = m =s =51, h = 1/50.

IIE|| o 103 10~ 105
Numbers  Time(s) Numbers  Time(s) Numbers  Time(s)
Jacobi 2745 21.5156 3905 34.5000 5018 37.9219
Gauss-Seidel 1368 17.2344 1948 20.5938 2505 35.4688
AAl (w = 1.94) 115 9.4375 209 18.3437 283 22.1250
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Figure 5. The errors, relative errors and numerical solutions of the AAI algorithm at z = 1/3,2/3 when
I=m=s=>51,h=1/50,n =150, w = 1.94. (a) The errors at z = 1/3; (b) The errors at z = 2/3; (c) The
relative errors at z = 1/3; (d) The relative errors at z = 2/3; (e) The numerical solution at z = 1/3; (f) The

numerical solution at z = 2/3.
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Table 4.
w = 1.95,n = 3000.

The convergence rates and errors |E|« of the presented iterative algorithm when

Numbers

16 X 16 X 16 24 X 24X 24 32x32x32 40X 40X 40 48 X 48 x 48
Rates - 1.9909 1.9906 1.9956 1.9979
Errors 14277x107%  6.3687x107°  3.5920x107°  2.3011x107°  1.5986x10~°

(2) Consider the 3D Poisson equation

O
ay?

#u
ox?

with the boundary condition,

82714 = —3sin(x)sin(y)sin(z), (x,y,z) € [0,1]° (40)
dz2 T Y

u(0,y,z) =0;

u(1,y,z) = sin(1)sin(y)sin(z);

u(x,0,z) =0;

u(x,1,z) = sin(x)sin(1)sin(z); )
u(x,y,0) =0;

u(x,y,1) = sin(x)sin(y)sin(1)

The exact solution of the 3D Poisson problem (40)—(41) is u(x,y,z) = sin(x)sin(y)sin(z).

Table 5 gives the errors || E||c of AAI algorithm for the problem 2 with the different values of w when
I =m=s=31h=1/30,n =150, and Figure 6 shows the errors get nearly the minimum 2.2319 x 104
while w = 1.76. which show the effect of w to the AAI algorithm. Tables 6-8 give the iteration numbers
and times under some error controls, which also show obviously the presented algorithm has smaller
iteration numbers than the Jacobi and Gauss-Seidel methods. The computational times are shorter with

the grid points increasing.

Figure 7 shows the errors, relative errors and numerical solutions of the AAI iterative algorithm
based on domain decomposition for the problem 2 at z = 1/3,2/3 when! = m = s = 51,h = 1/50,
n = 150,w = 1.96. All of the numerical experiments examine the effectiveness and accuracy of the

presented AAI algorithm.

Table 5. The errors || E||e of AAI algorithm based on domain decomposition with the different values of w
when! =m =s =231, h =1/30,n = 150.

w ILE lloo w I E lleo
1.0 4.2402x102 1.6 3.6712x1073
1.1 3.4981x102 1.7 9.4888 %104
1.2 2.7756x10~2 1.8 3.9125x10~*
1.3 2.0657x102 1.9 5.8138x10~*
14 1.3986x 102 2.0 errors

15 8.1573x1073 - -
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Figure 6. The ||E| o with the different w and the errors at z = 0.5 when | = m = s = 31,h = 1/30,n = 150.
(a) The errors ||E ||« with the different w; (b) The errors at z = 0.5 when w = 1.76.

Table 6. The iteration numbers and time(s) of Jacobi, Gauss-Seidel and the AAI algorithm under the
different error controls when | = m =s =31, h = 1/30.

IIE|| o 103 104
Numbers Time(s) Numbers Time(s)
Jacobi 557 2.6719 976 3.0781
Gauss-Seidel 288 0.8906 498 1.4688
AAI (w = 1.96) 29 5.6719 135 13.9531

Table 7. The iteration numbers and time(s) of Jacobi, Gauss-Seidel and the AAI algorithm under the
different error controls when | = m =s =51, h = 1/50.

IlE|| 1073 104
Numbers Time(s) Numbers Time(s)
Jacobi 1548 15.7031 2712 241875
Gauss-Seidel 790 8.3594 1372 15.2500
AAI (w = 1.96) 51 14.5469 181 30.2344

Table 8. The iteration numbers and time(s) of Jacobi, Gauss-Seidel and the AAI algorithm under the
different error controls when | =m =s =71, h = 1/70.

IIE]|oo 103 10~4
Numbers Time(s) Numbers Time(s)
Jacobi 3034 98.5468 5317 176.6562
Gauss-Seidel 1538 53.5156 2681 92.9531
AAI (w = 1.96) 91 31.7187 201 54.2968
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Relative errors
Relative errors
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Figure 7. The errors and numerical solutions of the AAI algorithm when ! = m = s = 51,h = 1/50,
n = 150,w = 1.96. (a) The errors at z = 1/3; (b) The errors at z = 2/3; (c) The relative errors atz = 1/3;
(d) The relative errors at z = 2/3; (e) The numerical solution at z = 1/3; (f) The numerical solution at
z=2/3.

Since the presented AAI algorithm based on domain decomposition is constructed by the
asymmetrical iterative schemes and GE method, which has interior parallelism and is easy to be
implemented. During the process of the implementation of the AAI algorithm, there’s no need to solve
the large-scale sparse block tridiagonal matrices. When the iteration numbers are odd or even, we just to
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solve the 3D problems by the constructed iterative schemes, which are computed independently. Once the
interfaces are solved by GE method, the other grid points can also be solved by the constructed iterative
schemes directly and in parallel. Therefore, the key of parallel implementation lies in information transfer
and time cost of the inner boundary. In fact, the whole computation is explicit but convergent, which save
the most of the consuming time.

So In this paper, we use the Matlab software to implement the presented AAI algorithm. We extend
this idea to solve the other time-dependent high-dimensional problems, and compare the times, speedup,
caches and so on. The detailed parallel implementation and performance analysis are provided in [27].

6. Conclusions

In this paper, we provide a new alternating asymmetric iterative (AAI) algorithm for 3D Poisson
problem based on domain decomposition. We use several asymmetrical iterative schemes to solve the
sub-domains respectively. Meanwhile the asymmetrical iterative schemes are alternatively used on odd
and even iteration levels to improve the accuracy. Moreover, we give the convergence of the algorithm and
the optimal relaxation factor. Finally, several numerical experiments are taken to examine the effectiveness
and accuracy of the presented algorithm.

The study will be extended to other high-dimensional diffusion problems and wave problems and so
on, and also can be used to solve on more multi-subdomains, and the corresponding new algorithms will
be designed. we will report these soon.
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Abstract: Here we present weighted fractional Iyengar type inequalities with respect to L, norms,
with 1 < p < oo. Our employed fractional calculus is of Caputo type defined with respect to another
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1. Introduction

We are motivated by the following famous Iyengar inequality (1938), [1].

Theorem 1. Let f be a differentiable function on [a, b] and |f' (x)| < M. Then

. )2 —f(a))?
[ f@a-to-a @+ ron| < MO0 CO L@ <1)

We need

Definition 1 ([2]). Let « > 0, [a] = n, [-] the ceiling of the number. Here g € AC ([a,b]) (absolutely
continuous functions) and strictly increasing. We assume that (f o g~ 1) ™ g € Loo ([a,b]). We define the
left generalized g-fractional derivative of f of order a as follows:

(8a) )= =y [ G0 —s @ 0 (Fos) s, @
X > a.
Ifa & N, by [3], pp. 360-361, we have that Dj .. f € C ([a, ]).
We see that o
(5 ((ros) " eg) ) 00 = (Dief) (0, 20 ®
We set "
Dlief ()= (o) " o) (0, @
Dg+;gf (x)=f(x), Vx€lab]. ®)
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When g = id, then
Dg+;gf = Dl‘;+;idf = D4 f, (6)

the usual left Caputo fractional derivative.
We mention the following g-left fractional generalized Taylor’s formula:

Theorem 2 ([2]). Let g be a strictly increasing function and g € AC ([a,b]). We assume that (fog~1) €
AC" ([g(a),g (D)), ie., (f og’l)(nfl) € AC([g(a),g(b)]), whereN 3 n = [a], « > 0. Also we assume
that (fog*l)(") 0g € Leo ([a,b]). Then

n-1(fgoo-1)%
F =@+ T LD () g+
=1 :
7 [ =g )7 (1) (Dhigf) (Ot Vx € ). )
Calling Ry, (a, x) the remainder of (7), we find that
()
Ry (a,x) = ﬁ /;”) (g(x) —2)** (<D§+;gf> ogil) (z)dz, Yx€lab]. (8)

We need

Definition 2 ([2]). Here ¢ € AC ([a,b]) and is strictly increasing. We assume that (f og’l)(n) og €
Leo ([a,b]), where N > n = [a], & > 0. We define the right generalized g-fractional derivative of f of order a

as follows:

Dfof) 0= g —g g 0 (o) gy, ©
T'(n—a) Jx
all x € [a,b].
Ifa & N, by [3], p. 378, we find that (D} ) € C ([a, b))
We see that '
i ((fl)n <fog,1)<"> Og> () = (Di_f ) (), a<x <. (10)
We set "
D of (1) = 1" ((ro5) " os) (0, ay

Dy o f (x)=f(x), Vx€lab].
When g = id, then
Dy_of (x) = Dy_af (x) = Dy_f, (12)

the usual right Caputo fractional derivative.
We mention the g-right generalized fractional Taylor’s formula:

Theorem 3 ([2]). Let g be a strictly increasing function and § € AC ([a,b]). We assume that (fog™1) €
AC" (|g (a),g (b)]), where N 3 n = [a], a > 0. Also we assume that (fog’l)(”) 0g € Leo ([a,b]). Then
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— 71 (k) b
p =+ T IO g g+
Lot a1 o

. @0 -8 ) (Di_yf) (dt, alla<x<b (13)

Calling Ry, (b, x) the remainder in (13), we find that

1 s a1 N _
Ra(bx) = s /g 8@ ((Phf) og™!) () Ve lad], (14)
Denote by

Dg‘f;g = Dg—;gDZ—;g"'Dg—;g (n-times), n € N. (15)

We mention the following g-right generalized modified Taylor’s formula:

Theorem 4 ([2]). Suppose that F := D’b‘{;gf,for k=0,1,..,n+1, fulfill: Fog™' € AC([c,d]), wherec =
g(a),d=g(b),and (F og_l)l 08 € Leo ([a,b]), where 0 < & < 1. Then

= 5 SO (o) 0+
m [ (0" g 1) (D) (0t = 6
ié% (Dm f) (b) + m (g (b) — g (x)) "+, a7)
where x € [x,b], any x € [a,b].
Denote by Djt o = D3, D o..Diyo (n-times), n € N. (18)

We mention the following g-left generalized modified Taylor’s formula:

Theorem 5 ([2]). Suppose that F := D’;ﬁ;gf, fork = 0,1,.,n+1, fulfill: Fog™! € AC([cd]),
where ¢ = g (a),d = g (b), and (Fy og’l)/ 0g € Lo ([a,b]), where 0 < & < 1. Then

= ;0 T(la))) (Di;‘i;gf) (a) + (19)
; X B (n+1)a—1 s ; D(n+1)a A df —
Fa e ), €@ s ) ¢ (1) (DLnF) (1 at =
" (g (x) g (@)™ [ DY) () |
;}% (Ditf) (@) E((Iil)zw(g x) =g (a) "1, (20)

where Py € [a,x], any x € [a,b].
Next we present generalized fractional Iyengar type inequalities.

2. Main Results

We present the following Caputo type generalized g-fractional Iyengar type inequality:
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Theorem 6. Let g be a strictly increasing function and g € AC ([a,b]). We assume that (fog*l) €

AC" ([g (a),g (b)]), whereN 3 n = [a], &« > 0. We also assume that (fog*l)(") 0§ € L ([a, b)) (clearly
hereitis f € C([a,b])). Then

(i)
'/f )dg (x) - 7 T [os ) @) g0 - g @)
1 (fos ) ) () -] <
max{ ”*ngLm ([a,b]) ‘ ?*ingLw([a,b])}
I'(x+2)
[(g()—g @) + (&) —g 1), @)
VteElab],

(i)at g (t) = M, the right hand side of (21) is minimized, and we have:

b n—1 1 b) — a k+1
‘/a f(x)dg(x)_lg (k+1)|(g( )2k§—l( ))

(k)

(s <b>>” <

[(os)" gtan+ (-1 (ros7?)
mx 108 [P} 00— g e
r(a+2) 2 '

(i) if (Fog™ )™ (g (a)) = (Fog )™ (g(b)) = 0, fork =0,1,..,n — 1, we obtain

(22)

x)dg (x)| <

))4X+l

ngLm . }M

T(a+2)2¢ @

max{‘

which is a sharp inequality,
(iv) more generally, for j = 0,1,2,..., N € N, it holds

‘/abf(x)dg(x)—:z; (kil)! <g(b);[8(a))k+1
0 (rog ) @)+ (-1 (V=) (rog )
max{‘ Leo([a,b]) ‘ g*ingLw([a,b])}

I'(ax+2)

<w>a+l {]‘a+] + (N ,]‘)"‘Jrl] ; (24)

Diyof |

Leo([a,b]) ‘

Ds..of||
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k)

(0) if(fog*l)(k) (g(@) = (Fog ) (g(0) =0, fork =1,..,n — 1, from (24) we obtain

9y - (S8 o)+ (v £ 0] <

max{ ”ngLw ([a,b]) ?—;ngquu,b])}
['(a+2)
<L}\[g(ﬂ)>a+l {j‘”l (N _].)a+1] , (25)

j=01,2,..,N,
(vi) when N = 2, j =1, (25) turns to

[ g - (SO0 (4 p )| <
Leo([ab])” fHLoo ([a.b)) } 8(’1)—3’(”))““. (26)

max {
T(a+2) 20

(vii) when 0 < « < 1, inequality (26) is again valid without any boundary conditions.

Ds,.of]|

Proof. We have by (7) that

n— —1y (k)
EEEE 1),(, @) (¢ () — g (a))* =
k=0 :
T (1{,6) /: (g(x) —g 1) g () (Dng;gf) (t) dt, o
Vx€lab].
Also by (13) we obtain
n=1 (foo-1)®
HCE (fog )k! O (o ()~ g (b)) =
b
o [ a0 - @) 0 (0 f) (0, o
Vx € [ab].

By (27) we derive (by [4], p. 107)

“+3fHLw ([a,b])

Tl (g(x)—g(a)", (29)

and by (28) we obtain
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Ds f
e ML‘;;[‘”’” (3(0) ~g ()",
Vxelab].
Call
o Dg+;gf"Lw([a,h])
e L (ES T
and
L Dgf"ngLm([a,b])
e L CES T
Set
¢ :=max{¢1, ¢2}.
That is
n—1 ° —1 (k) a
£ = LS O ) g )| < g5 0~ o)
and "
n—1 oo 1
£ - LS B0 s | <0500 ),
Vx€lab].

Equivalently, we have

)y 3 (§(0) —g @) —9(g(x)—g )" <
= (fog )Y (g (a) v .
HCED a (3()—g @) +9(g(x) ~g (@)
and ©
n—1 oo 1
S B0 (o) 50— g5 ) )" <
n=1(foo-1)%
r < B ST ) g o -5 0,
Vuxelab].

Letany t € [a, b], then by integration against g over [a, t] and [t, b], respectively, we obtain

n—1 oo 1 (k)
% (1) —g (@) - (ail) (g(t) — g ()™
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and
1 (Fog ¥ (g 0)) . a
"L B0 - ey ) g ()
b
< [ Fwdg( <
n—1 0ol (k) b
7&% (g (1) — g (b)) +ril) (g (b) — g (). )

Adding (37) and (38), we obtain

n—1
{ X ﬁ {<fog’1> Y (s @) (s ()~ @) -

k=0
(o) 6O 50 -g6)] } -

o (@O —g @)+ (g 0) —g ()]

o [0 =g @)+ (g0) —g (1)) (39)
Vteab].
Consequently we derive:
b n—1
‘ [ £~ T gy [(Fos ) @) (50 -5 @) (40)

Vteab].
Let us consider

0(2):= (z—g (@) + (g (b) —2)""", Vz € [g(a), g (D))

That is
0(g(t) = (g(t) =g (@) +(g(b) —g (1), Vtelab].
We have that
0 (z) = (a+1) [(z—g(a))" = (g(b) —2)*] =0,
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giving (z—g(a))* = (¢(b) —2)* and z — g(a) = ¢(b) —z, thatis z = M the only critica:l
at+

number of §. We have that 0 (g (a)) = 6 (g (b)) = (g (b) — g (@))*"",and 6 (g(a)zg@) = <g<b>_§n(“)) ,

which is the minimum of 6 over [g (a), g (b)].

Consequently the right hand side of (40) is minimized when g (t) = M, with value

@ (8(b)—g(a)*"
@D 2 '

Assuming (f o g*l)(k) (g(a))=(fo g*l)(k> (g(b)) =0,fork =0,1,..,n — 1, then we obtain that

—ol(a a+1
< (ail) (8 () 25( N 1)

[ g

which is a sharp inequality.
When g (t) = M, then (40) becomes

b n—1 1 b) — k+1
‘./a f(x)dg(x) 7]{;() (k+1)! (g( ) 2k§1(a))

(ros™)" @)+ (1) (o)’

¢ (g(b)—g(a)*
CE)) 2 : “2)

Nextlet N € N,j=0,1,2,..,Nand g (t;) = g(a) + <8(b);]g<“)>, thatis g (to) = g (a), g (1) =

g (a) + WO g (ty) =g (0).
Hence it holds

g(tj)—g(a):J'(ng(a)), g(b)—g(t) = (N-j) (LN“’)), (43)

j=0,12,..,N.
We notice

<M >““ [+ v =], (44)

j=0,12,.,N,
and (fork =0,1,..,n—1)

(s )" s o) (s () ~g @)+
0 (Fos ) 60D (s 01— g ()] =

<g(b);fg(a))k+l [(fog’l)(k) (g () 1+

(k)

0 (ros ) o) v -5 )

j=0,1,2,.,N.
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By (40) we have

b n—1 _ a k+1
/a f(x)dg(x)— g (k_il)| <g(b)Ng( ))

<a11> (g(b) &8(“))”1 [jac+1 F(N 7j)4x+1} ) (46)

j=012,..,N.
1t (fog ™)™ (g(a)

(fo gil)(m (g(b)) =0,k=1,..,n—1, then (46) becomes

[ g0 - (228D i @+ v £ 03] <

(ail) (g(b);]g(a)>a+1 []“"“Jr(ij)““}, )
j=0,1,2,..,N.

When N =2 and j = 1, then (47) becomes

[ gt - (B89 (o) )] <

¢ N\, (g®) —g@)™ _ (¢ \(g(b)—g @)
<1x+1>2 2ei1 = <a+1) > : (48)
Let0 <o <1, thenn = [a] =1.
In that case, without any boundary conditions, we derive from (48) again that
[ g0 - (22589 (@ + o) <
9\ (gb)—g @)
<(x + 1) 20 : “9)

We have proved theorem in all possible cases. [

Next we give modified g-fractional Iyengar type inequalities:

Theorem 7. Let g be a strictly increasing function and § € AC ([a,b]), and f € C([a,b]). Let 0 <
o < 1,and F, := Df;"_j_;gf,for k=0,1,.,n+ 1, n € N. Weassume that Fy o g_1 € AC([g(a),g(b)])
and (Pk ngl)/ og € Lo ([a,b]). Alsolet F := Dlg"i;gf, fork = 0,1,..,n+ 1, they fulfill Fikogfl c
AC([g(a),g (b)]) and (Fiog™!) 0 g € Leo ([a,b]) . Then
(i) , )
’ [ fx)dg ) - {Zor(lﬁ) [(Dief) (@) (g (5) = g (@)™

+ (Dif) 0 g ) —g ()] }] <

] wio)

D(n+1)zxf

n+1)a
a+;g f

(
o0,[a,b] HDb*;g
I'((n+1)a+2)
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(66— @)™V 4 (g (5) — g () "+0+1),

VteElab],
(i) at g (t) = M, the right hand side of (50) is minimized, and we have:

n b) — in+1
‘/f 0 dg (x {Z . EHUPHO

(D2 of) (@) + (Do f) )] }] <

(n+1)a (n+1)a
max {‘ Da+;g f 00,[a,b] ’ b—g oo,[a,b]} ( ( ) g (11)) (n+1)a+1
I((n+1)a+2) S(i)a

(iii) assuming <Dl’;“+;gf> (a) = (Dl"n”:gf) (b) =0, fori =0,1,...,n, we obtain

[ g0 <

(n+1)a (n+1)a
max { ‘ Da+;g oo, [a,0] ’ b—;g oo, (0] } (g (b) —g (a))(n+1)a+1
r((n+1)0‘+2) 2(n+1)a

which is a sharp inequality,
(iv) more generally, for j = 0,1,2,...,N € N, it holds

_ in41
’/f ) dg (x {Z (Z;H) (g(b)Ng(u)>
(Do) (@)1 + (Dieof ) (0) (N = "] }] <

a o)

b) — o (a (n+1)a+1 ] ]
<g( )Ng( )) [](n+1)oc+1 i (Ni])(n+1)oc+l]

D(ﬂ+1)a

n+1)a
a+;8 ( ) f

oo ab] " 108
T((n+1)a+2)

’

(v) if (Déﬂ;gf) (a) = (Df)"i}gf) (b) =0, fori=1,..,n,from (53) we obtain:

[ g - (SO 2D gy vy o)
oo ab] 108

mof| ot
T((n+1)a+t2)

<g (b)—g(a) ) friet []'(n+1)a'+1 N ]‘)(n+l)v¢+l]
N

D(11+l)a

+1
i (n )acf

7

forj=0,1,2,.., N,
(vi) when N = 2, j =1, (54) becomes

[ g - (S22 (4 s )| <

96
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(33)
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max{‘

(n+1)a
Da+;g

oo, [a,b] H n+1 f

w'[ﬂ/bJ} (8)—¢ (u))(”“)“H‘

N CESTEs) 2051

Proof. We have by (19) that

= i T(]a)))m (D:zﬂf#;gf> (@) +

W [ s ) - g )1 1) (D) (wya,

Vx € lab].
Also by (16) we find

S B g )" [
£ = LTy (Plf) 00+

b
e @O @ @ (D) @

Vx€lab].
Clearly here it is D,§+ q) £ Dérif;)af € C([a,b]).
By (56) we derive (by [4], p. 107)

‘ ng))) (Ditof ) (@)] <

) - g ()"

‘D(nJrl)a (g(x—
at;g ofap] T((n+1)a+1) ’
and by (57) we obtain
- 8(X)™ (i
‘ ;W (Ditf) )] <
HD<"+1)“ (8(0) —g ()"
cofab) T((n+1)a+1) ’
Vxelab].
Call -
n+1)a
=T Dat1)
and -~
2T T Dat1)
Set
7 :=max{71,72}-
That is

£ - LA (ks @) <

97

7 (g (x) — g (a)) ™",

(55)

(56)

(57)

(58)

(59)

(60)

(61)

(62)

(63)
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and

Vxe[ab].
Equivalently, we have

and

Vx € lab].

and

Letany t € [a, b], then by integration against g over [a, t] and [t, b], respectively, we obtain

(&

{

3 8

i=0

I

i T(lx))) (DZ”‘_;gf) (b)| < v (g () 7g(x))(n+l):x’

i=0

m+(1“))) <D;ﬁ;gf> (a) — 7 (g (x) _g(a))(nﬂ)a <flx) <
I;JT({Z))) (Déﬁ;gﬁ (a) + 7 (g (x) — g (a) "D,

% (Diiﬂu—;gf> (b) —v (g (b) *g(x))“‘“)"‘ <f(x) <

é %%)) (DI of) (8) +7 (g (0) = g (x)) "%,

n in (g (t) -8 (a))iac-H ¥y .
i;O (Du+;gf) (a) Tat2) (i)t D (g (£) — g (a)) D1
< [ Fxds <

"~ (Dit (g(t) —g (@)™ ¥ .
i;O (Da+;gf> (a) T (i +2) + (n+Da+1) (g (1) — g (a))rDett

T (in+2) (Déi;gf) (b) — m (g(b)—g (t))(n+1)/x+1

< [ Fiago) <

i=0
Adding (67) and (68), we obtain

n
D
i=0

T (ia i 2) (DHX gf> ( ) ((n++)a+l) (g (b) —-g (t))(n+l)a+1 )

1

Fia 72 (D) @ (5 () —5 @) + (Do) @) s ()—g(t))f““]}

) ) [(g(5) = (@) "V 4 (g (b) — g (1)

(n+D)a+l)

< [ Fwds <

+

Far g |(Orsf) @ (0 =g @) + (D) 0) 5 ()—g(t))“‘“]}

oy 80— s @) (g ) - g ()]

(n+D)a+1)

98
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(65)

(66)

(67)

(68)

(69)



Mathematics 2019, 7, 1119

Vteab].
Consequently, we derive:

‘/ f(x)dg (x {Z ) [(Di5f) (@) (2 (5) — g (@)™

+(Ditof) ) (g (0) =g ()" ] }| <

D [EO = @) 4 (g (1) —g ()", 70)

Vteab].
Let us consider

¢ (z) = (z— g(a))(11+l)a+l + (g (b) — Z)(n+1)g¢+1 )

Vzelg(a),g(b)].
That is

Vteab].
We have that

¢ (@) = ((n+Da+ ) [(z=g @)™~ (g0) ~2)" ] =0,

giving (z — g (a)) "V = (g(b) —2)"V* and z — g (a) = g (b) — z, thatis z = M the only
critical number of ¢. We have that

and

’

g(a)+g(0) _ (g(b) —g(a))" !
’ ( 2 > B 2(n+1)a

which is the minimum of ¢ over [g (a),g (D)].
Consequently, the right hand side of (70) is minimized when g (t) = M, for some t € [a, b],

7 (g(b)=g(a) "
n+1)a+1) 2+ :

Assuming (Da+ gf> (a) = <D§7”i;gf) (b) =0,i=0,1,...,n, then we obtain that

[ g0 <

which is a sharp inequality.
When g (t) = M, then (70) becomes

n b) — i1
’/f ) dg (x {Z — (g()zii(la))

(08) @0+ (08 0]}

v (g (b) — g (a)) "
(n+1)a+1) 2(n+1)a ’

with value «

(g(b) — g (@) "+
(n+1)a+1) S(n1)a , (71)

(72)
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Nextlet N € N,j=0,1,2,..,Nand g (t;) = g (a) + (8(b)&g(”)>, thatis g (t) = g(a),g(t) =

g (a) + B g (ty) =g (0).
Hence it holds

g —s@ =i ((VGED), ) -s ) - v -p (SUGED), 0w

j=0,12,.,N.
We notice

(s(t) —g(a))("“)"‘“ +(g(b)—g (tj))(;1+1)a+l _

b) — (n+1)a+1 ) n(nt1)a

i=0,1,2,..,N,
and (fori =0,1,...,n)

[(Ditef) (@) (g (1) =g @)™ + (Do f) (b) (2. (0) — g (1)) "] =

(g(b) ;]g(u)>ia+1 [( l+gf> ( ) a1 + (Dli::;g> f (b) (N _]')l‘lX‘Fl} , (75)
forj=0,1,2,..,N.
By (70) we have

o ()

[(Di5f) @)/ + (Dieof ) (1) N = j)* ] }| <
v (g@)
(n+1)a+1)
i=0,1,2,.,N.
1f <D,’;"+;g f) (a) = (D;‘;g N f) (b) =0,i=1,...,n, then (76) becomes

(n+1)a+1
Ng( )) [](n+1)1x+1 +(N _]-)(n+1)zx+1] , (76)

Dg ()~ (SO g @)+ v - f ]| <

b) — (n+1)a+1
(e SD( my (g( ) Ng (”)) [j(n-%—l)zx-%—l +(N - ]-)(n+1)1x+1] ) 77)

j=0,1,2,.,N.
When N =2 and j = 1, then (77) becomes

[ g0 - (22589 (@ + o) <

v 2(g (b) — g (a))" DT
(n+1)a+1) 2(nt1)a+1 -

0 (g (b) — g (a)) A
(n ) at1) 20+ D)a : @8

We have proved theorem in all possible cases. [
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We give L variants of last theorems:

Theorem 8. All as in Theorem 6 witha > 1. If & = n € N, we assume that (fog*l)(") og € C([a,b]). Then
(i)
RN B k1
V f () dg (x (kH), (ros)" @) -

(k) -

N (fog”) (56 (5 6) ~ g (1))

max{‘ Pasisf |1 up 1P L«[a,bl,g)}
[(a+1)
[(g(t) —g(a)*+ (g (b) —g(t)"], (79)

VteElab],
(i) at g (t) = IO e right hand side of (79) is minimized, and we find:

b n—1 1 b) — a k+1
‘/u f(x)dg(x)—kg;) (k+1)! (g( )2k§1( ))

[((ros ) s+ (o) @] | <
max{‘ Disssf Llra(zii 1)Db"8f L1<[a,h],g>}(g(b)2;g1(a))“, (80)

(iii) lf(fog’l)(k) (g(a)) = (fog’l)(m (g(b)) =0, fork=0,1,..,n—1, we obtain
b
[ s <

|[P5-;
R Lluu,b],g)} (g(b) —g(@)" ®1)
T(a+1) 22-1 ’

max{‘D

which is a sharp inequality,
(iv) more generally, for j = 0,1,2,...,, N € N, it holds that

v o1 (s 5@\
‘/c;f(x)dg(x)_];)(k—l—l)!( N )

0 (ros ) wan+ (1F v (rog ) g 0] <

itigf

max{‘ sl Li([nb].g) ‘Dg*"gf L1<[a/b1,g>}
I'(a+1)
(BOTE) v ®2
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k)

@if (fog )™ (g(a) = (Fog )™ (g)) =0, fork=1,..,n —1, from (82) we obtain

[ s g - (SOEDY i+ vy 0] <

max {

(g(b);]g(a) ‘ []'lx+(N*]')lx]r (83)

Diyief

Dy f

Li(lablg)’ Ly ([ab].g) }

[(a+1)

j=012,.,N,
(vi) when N = 2, j =1, (83) turns to

‘/ubf(") g (x) - (g(b);g(“)) (f(ﬂ)+f(b))‘ <

max{HD[”,‘Jr;gf

|[P5-;
Ly(la.bLg) H b L1<[a,b],s)}(g(b)*g(a))“ (84)
T(a+1) T

Proof. From (27) we have

[ 8 0] (Pref) )] ar < (85)

Ly([a,b].8) a—
Tg (8(x) —g(a)) 1:

Vx € [ab].
Similarly, from (28) we obtain

O [ |05 0) 0] < %
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‘ Dg*‘gf L
’ 1([a,b].g) a—1
W(g(b)fg(x)) ,
Vxelab].
Call
0= max {) ] B L1<[a,b1,g)} ' ®7)
We have proved that
= (fog ™)™ (g(a)) ‘
f(x) kZ o (8(x) =g (@) <
—0 :
0 ot 88
F 0 g @), (58)
and "
n—1 o -1 b
‘f(x) § U B0 ) g <
—0 :
s b a—1 89
g @)~ (89)
Vx€lab].
The rest of the proof is as in Theorem 6. [
It follows
Theorem 9. All as in Theorem 7, with % <a <1 Call
— (n+1)a (n+1)a
P ma {‘ Patis |1y a0 HDb*;g f Llua,b],g)}' €0
Then
(i)
x) dg (x {Z Gy L(Pitsf) @ () - g (@)™
+ (D f) () (g ) =g (1) }] <
T DA 180 =8 @) (g 0) =g ()], o
Vteab],

(i) at g (t) = IO e right hand side of (91) is minimized, and we find:
. (g (b) —g(a))™"
’/ f dg {; m+2 Dia+1

[(Phss) @+ (o) )] }| <

P (g (b) — g (a)"+1®
T((n+1)a+1) o(n+1)a—1 4

92)
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(iti) assuming (D;;a;g f) (a) = (D;‘;g N f) () =0,i=0,1,...,n,we obtain

[ g <

P (g (b) — g (a)"+*
T((n+1)a+1) S(+T)a—1 ‘ (93)

which is a sharp inequality,
(iv) more generally, for j = 0,1,2, ..., N € N, it holds that

B int1
’/ f(x)dg (x { (ux1+ 2) (g(b) Ng(a)>

(Dt of ) (@)1 + (DIt ) (1) (N = )" ]| <

— o (q)\ (1t Da
F((n+q)a+1) (g(b)Ng( )> |:]'(n+1)0(+(N_]')(n+l)lX:|’ (94)

(0)if (D% of ) (a) = (DI of ) (b) = 0,i = 1,..,,m, from (94) we find:

[ g0 - (S8 i@y v o] <

_ (n+1)a
(O +q) PEY (8 (b) Ng (“)) [j(n+1)zx +(N _j)(n+1)a] ) (95)

forj=0,1,2,.., N,
(vi) when N = 2 and j = 1, (95) becomes

g () — (S 72D @) s o) <

4 (g (b) — g ()" H1e
T((n+1)a+1) S(n+1)a—1 : (96)

Proof. By (56) we obtain

‘ i——;;%m%m%ﬁm>g

i=0

e L =g ) )| (D) o] ar <

<<*’<”””412wW@ﬁ?VNMﬂS o

I((n+1)a)
/ g (0| (D) t)(dt

(g n+1)a

(
n+1)
2))!

(n+1)a

(g (x / (Dl o (t) =
n+1 )a) atig
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(n+1)a
a+;g

‘D
7 7 ML([able) _ (n+1)a—
T((n+1)a) (g (x) — g (a)) T,

Vxelab].
Similarly, from (57) we derive

’ GO SO () <

= (e +1)

e . GO =g G0 ] (D) (6] <

(g (b) — g (x)) 11 /b
T((n+1)a) x

H D<”+1)IX

(D r) (] dg (1) < (98)

Ly([a,b].8) (n+1)a—
T(n+1)a) g (8(b) —g(x)) o 1,

Vx € l[ab].
We have proved that
n (g(x)fg(u))ilx ,
) 8@ g @), (99)
and
n (g (b) -9 (x))ux N
’f(x)g T (in+1) (D f)()
W (g (b) -8 (x))(VHrl)afl , .
Vx€[ab].

The rest of the proof is as in Theorem 7. [

Next follow L, variants of Theorems 6 and 7.

Theorem 10. All as in Theorem 6 with « > 1, and p,q > 1 : %Jr% = 1. Ifa = n € N, we assume that
(fog )™ oge C(lab). Set
w= max{‘ DZ(Jr;ngLq([u,b],g) ’ SfHL,, ([a,b],) } (101)
Then
(i)
’/ fx)dg ()~ ¥ (os)" @0 60 - @)

105
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1

[(g(t) g @) 4 (s (0) - g ()],

VteElab],
(i) at g (t) = M, the right hand side of (102) is minimized, and we have:

b n—1 1 b) — a k+1
‘/u f(x)dg(x)—]g (k+1)! (g( )2k§1( ))

[(os) s an+ -0 (ros) s <b>>] <
p () =g ()"
T(@) («+1) (p(a=1)+1)7 27

(i) if (Fog™) ™ (g (a)) = (Fog)™ (g(b)) = 0, fork =0,1,..,n — 1, we obtain

"t (v dg ()| <

p @) -g@)*"r
T(@) («+1) (p(a=1)+1)7 27

which is a sharp inequality,
(iv) more generally, for j = 0,1,2,..., N € N, it holds

B k+1
‘/ £ () dg (x k+1) <g<b>Ng<a>) ’

1 (ros ) gy + (- v = (ros ) s o)

HO) ,g(a)>«+% e

” (
T (at+ 1) (pla—1)+1)7 N

@if (fog ™)™ (g(a) = (Fog ¥ (g(b)) =0, fork =1,..,n — 1, from (105) we obtain

[ g - (SO gy vy o)

" (g(brg(a))“% [ja+%+(N7j)ﬁ% ,

T (at+2) (pla—1)+1)7 N

j=012,.,N,
(vi) when N = 2, j =1, (106) turns to

<

L
a+p’

(102)

(103)

(104)

(105)

(106)

(107)



Mathematics 2019, 7, 1119

Proof. From (27) we find

n=1(fgoo-1)®
r - S O g <
—0 :
7 ) 0 -5 0] (D5f) )
(by [5], p- 439)
1 * n— 114
i @) =5 )7 |(Phigf) 0] ag ) < (108)
(by [6])
1 X
i ([ e@ =50 ) ([](Presf) ' t5 )" <
L(g(x%g(a))“*% .
F'® (pa-1)+1)r D“*"SfHLqua,bJ,g)
That is "
n—1 oo~ 1
I L GRCIE
Diyf 1
/o (g () ~g @), (109
T (@) (p(a—1) +1)7
Vxe[ab].
Similarly, from (28) we obtain
n=1(fgoo-1)®
e R R OAE
=0 .

(by [5], p- 439)

(by [6])

r(1“) (/xb (g(H) —g(x))"* Vdg (t)); (/xb (D f) (t)‘ng(t)>; < (110)

Ly([ablg)

That is

—sf ,
HLq ([a,b],g) . (g(b)—g(x))"‘_ﬁ, (111)
I'(a)(pla—1)+1)7

107
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Vx € [ab].
We have proved that
n—1 o —1 (k)
r - S O g <
—0 :
. (g () —g (@), 112)
I'(2) (p (e —1) +1)7
and .
n—1 ° -1
‘f(x) I e R ICAE
=0 :
! (g (0) —g ()T, (113)
I'(2) (p (€ —1) +1)7
Vxe[ab].

The rest of the proof is as in Theorem 6. [

We continue with

Theorem 11. All as in Theorem 7, with ﬁ <a<landp,qg>1: % + % = 1. Set

9::max{‘

D(n+l)oc

+1
a+;g D(n )af

Ly(lablg)” H b-ig

. 114
Ly([ab]g) } a9

Then
(1)

’/ f(x)dg (x {Z ) [(Di5f) @) (2 (5) = g (@)™
+ (Dl f) (0) (2 (0) =g ()] }| <
0
T((n+1a) (n+1Da+1) (p((n+1)a—1)+1)

<l

[(g (#) — g (@) "5 4 (g (0) — g (t))”*”“*%] , (115)

Vielab],
(i)at g () = M, the right hand side of (115) is minimized, and we have:

1 b) — in+1
‘/f ) dg (x { ¥ (g()sz+(1a))

in+2)

[(Ptss) @+ (o) )] | <

0 (g(b) —g(@)"" v, 116
I'((n+1)a) ((n+1)a+%) (p((nJrl)a,l)Jrl)% Hlntha—g
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(iti) assuming (D;;a;g f) (a) = (D;‘;g N f) () =0,i=0,1,...,n,we obtain

[ g <

0 (g (b) - g(a))(wr])wr%

T(+1)e) (Dt D) (p(or+Da—1)+1)7 200

which is a sharp inequality,
(iv) more generally, for j = 0,1,2,...,N € N, it holds that

Lo ()
‘/f x)dg (x { o (A s )

[( 1+gf)( ) IA+1+<DIDL gf>( ) (N j)fﬂ(+1:|}’ <
0
(1)) (Dt ) (p((n+Da—1)+1)7

— (4Dt
(L}\F@) P |:].(n+1)rx+% " (Nij)(nﬂ)w%] ’

(v) if (Df{’ﬂr;gf) (a) = (Dé"i}gf) (b) =0,i=1,..,n, from (118) we obtain:

[ g - (SO Y iy vy o] <

0
T ((n+1)a) ((+1)a+ 1) (p((n+1)a—1)+1)p

_ (Yl+1)oc+
(FOSEE) T [ v

j=012,..,N,
(vi) when N = 2, j =1, (119) turns to

[ g - (S22 (4 o) <

0 (g(b) — g (a)t" ety

T((n+1)a) (1+1)a+1) (p((n+1)a—1)+1)p

Proof. By (56) we find

’ i: T(la)))m (Dévfk;gf) (a) <

i=0

T s €@ s (| (Dl ) o] ar =
(by [5)

e G @) (D) ()]s 1 <
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(120)

(121)
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(by [6]) 1
; ¥ p((n+1)a—1) ’
e 0 - sy ag )
([](e) o )’ <
p((n+1)a—1)+1
1 (g (x) -8 (‘1)) r D(n+l)a ]
T+ Da) (pnrna—1)+1)r 1% lglable)
That is )
s N LI E
Dtgn{rl)a
8 Lg(larlg) (g (1) — g ()",
IF'((n+1Da)(p((n+1)a—1)+1)7
Vx € [ab].

Similarly, from (57) we derive

<

’ LiTJr(lx)))m (Dg’i:gf) ®)

b
e [ EO =gy @) (D) (o] e -
(by [5]) )
m /X (g(t) =g (x)) T | (D) ()| dg (1) <
(by [6])
b P
o ([ 0 =g D)
; :
([ ) ol as) <
1 g0 ) e |
T+ D) (e na—1)+1)r | 0% ety
That is ‘
= (g (0) —g ()™ (ia
’f 0 - X Sy (Pf) 0] <
ot
" Ly([ab).8) l (g (b) 7g(x))(n+1)a—§,
I'((n+1Da)(p((n+1)a—1)+1)7
Vx€lab].
We have proved that

110
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d - (g () — g @), (125)
IF'((n+1Da)(p((n+1)a—1)+1)7
and .
0= ) QS (Diryf) )] <
: (g 0) —g ()™, (126
I'((n+Da)(p((n+1)a—1)+1)r
Vx € [ab].

The rest of the proof is as in Theorem 7. [

Applications follow:

Proposition 1. We assume that (f olnx) € AC" ([e”,eb] ) where N > n = [a], « > 0. We also assume
that (f olnx)™ o e* € Loy ([a,b]), f € C ([a,b]). Set

Ty := max { 1D e Fll iy | DA f )Lm([%b])} : (127)
Then
(i)
‘/ f(x de— m {(folnx)(k) (e") (et—e‘”)kJrl
(—1)k (folnx)<k) (eb) (eb —et>k+1} <
ﬁ {(e' - e")p‘+1 + (eb - e')ﬁl] , (128)
Vteab],

(ii) at t = In < ) the right hand side of (128) is minimized, and we find:

b

k+1
‘/abf(x)e"dx—n_l ! (C 76)

kgo (k+1)1 2kl

[(fomn)® (&) + (—1)f (folnxn)® ()] ] <

I (eb _ e") a+1

Ta+2)  2¢0 ' (129)
(i) if (f olnx)® (e7) = (folnx)® (eb) =0, fork =0,1,..,n — 1, we obtain
(eb B ea>oc+1
edx| < M rp e (430

which is a sharp inequality,
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(iv) more generally, for j = 0,1,2,..., N € N, it holds

b N n—1 1 P k+1
/lzf(x)de_,;)(k—i-l)!( N )

Tl ebfe" o +1 A a1
Trenyl Gevast NN (R GE P (131)

@) if (folnx)® (e7) = (folnx)® (eb> =0, fork=1,..,n —1, from (131) we obtain

xdx—(

b oa a+1
iy u% 2) <e N ) [t v = (132)

> [if (@) + (N =) f(0)]] <

j=012,..,N,
(vi) when N = 2, j =1, (132) turns to

"d"—( ;€u>(f(ﬂ)+f(b)) <

b a+1
T (e - e“)
I'(x+2) 20 !
(vii) when 0 < « < 1, inequality (133) is again valid without any boundary conditions.

(133)

Proof. By Theorem 6, for g (x) =¢*. O

We continue with

Proposition 2. Here f € C([a,b]), where [a,b] C (0,40c0). Let 0 < o < 1, and Gy : D’{;‘f‘F xS
fork=0,1,..,n+1;n € N. We assunte that Gy o e* € AC ([Ina,Inb]) and (G oe*) olnx € L ([a, b]).
Also let Gy := D’;”i;lnxf,for k=0,1,..,n+1, they fulfill Gy o e* € AC ([Ina,Inb]) and (?koex)/ olnx €
Loo ([a, b]). Set

_ (n+1)a (n+1)a
Tz max{"Da+lnx ‘oo ub] b— lnx ’oo llb]} (134)
Then
@ b ( n ¢ in+1
[ £l | (Pt @ ()
z b in+1
+ (D s f) ) <1n?> ” <
T ¢ (n+1)a+1 b (n+1)a+1
T((n+1)a+2) <1n2> +<1n?) ’ (135
VteElab],
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(ij) at t = e(w), the right hand side of (135) is minimized, and we have:

., . (ln %>itx+1

;0 [ (ie+2) 2intl

[(Dit ) @) + (Dt gnf) ®)] }] <

(ln Q) (n4+1)a+1

T a
T(ntDat2) omtbs (136)
(iii) assuming (D;ﬁ;lnxf> (a) = (D;;”‘_;lnxf> (b) =0,i=0,1,...,n, we obtain
< p (1 Dat1
b f(x) T "a
/ﬂ - dx' S (TS Ty (137)
which is a sharp inequality,
(iv) more generally, for j = 0,1,2,...,N € N, it holds
in41
/b ACIPRE S . In?
. X ST(a+2) \ N
[(Difﬂr;lnx ) (a) jm+1 + (Dzﬂi;lnx ) (b) (N _j)ia+1} }‘ <
T Int (n+1)a+1
2 ta ((n+1)a+1 (a1
F((n+1)o<+2)<N> [J +(N—J) ] (138)
() if (D;ﬂ;lnx f) (@) = (Df* 1o f) (b) = 0,i=1,...,n, from (138) we find:
bf(x Int\ )
[T ( Nﬂ) (if (a) + (N =) £ ()| <
a
T Int (n4+1)a+1
2 a (n+1)a+1 _ (a1
F((n+1)a+2)<N> [J +(N—)) ] (139)
forj=0,1,2,.., N,
(vi) if N =2and j = 1, (139) becomes
bf(x Int
R <2> (F(a) + £ ()] <
(n+1)a+1
Int
U ( ”) (140)

F((n+1)a+2) 20+a

Proof. By Theorem 7, for g (x) =Inx. [
We could give many other interesting applications that are based in our other theorems, due to

lack of space we skip this task.
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Abstract: This article is devoted to discussing the nondifferentiable minimax fractional programming
problem with type-I functions. We focus our study on a nondifferentiable minimax fractional
programming problem and formulate a higher-order dual model. Next, we establish weak, strong,
and strict converse duality theorems under generalized higher-order strictly pseudo (V, a, p, d)-type-I
functions. In the final section, we turn our focus to study a nondifferentiable unified minimax
fractional programming problem and the results obtained in this paper naturally unify. Further,
we extend some previously known results on nondifferentiable minimax fractional programming in
the literature.

Keywords: duality; support function; nondifferentiable; strictly pseudo (V,a,p,d)-type-I;
unified dual; efficient solutions

1. Introduction

Minimax is a decision rule used in decision theory, game theory, statistics, and philosophy for
minimizing the possible loss for a worst case (maximum loss) scenario. In general, a minimax problem
can be formulated as

min max fi(x), i=1,2,3,..,m,
xeX i

where f;(x) is a function defined on the space X. Many minimax problems often arise in engineering
design, computer-aided-design, circuit design, and optimal control. Some of the problems arising in
engineering, economics, and mathematics are of the following form:

Minimize a function ©(x) subject to x € (), where ©(x) is one of the following functions:

@ O(x)= yé‘,?f (xy),

(b)) O(x) = max f(x,v),
(x) = max ()

O(x) = i Y.2),
@ OW T E A

(d) ©O(x) = max min ,.., max min X, Y1, eeor Ykr 2151 2K),
) y1€H (x) 21€Hy (x) yp€Hyi(x) ZkGsz(X)f( Y Y )
where the sets H(x), H;(x), H;; depend on x and H, Q) are given sets,
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(e) O(x) =max fi(x), i € {1,2,3,..,m}.

Such problems often appear in the engineering design theory. In recent years, much attention was
paid to the problems described. The minimax theory deals with the following problems:

(1) Necessary and sufficient conditions and their geometric interpretation [1,2];

(2) Steepest-descent directions and their applications to constructing numerical methods.
The problems have been widely discussed and studied for the function (a);

(3) Saddle points: The problem of finding saddle points is a special case of minimax problems
(see survey [3]);

(4) Optimal control problems with a minimax criterion function.

These facts indicate that minimax theory will continue to be an important tool for solving difficult
and interesting problems. In addition, minimax methods provide a paradigm for investigating
analogous problems. An exciting future with new unified theories may be expected. Optimization
problems, in which both a minimization and a maximization process are performed, are known
as minimax problems in the area of mathematical programming. For more details, we refer to
Stancu-Minasian [4]. Tanimoto [5] applied these optimality conditions to construct a dual problem and
established duality theorems. Many researchers have done work related to the same area [6-14].

Fractional programming is an interesting subject which features in several types of optimization
problems, such as inventory problem, game theory, and in many other cases. In addition, it can be used
in engineering and economics to minimize a ratio of functions between a given period of time and as a
utilized resource in order to measure the efficiency of a system. In these sorts of problems, the objective
function is usually given as a ratio of functions in fractional programming from (see [15,16]).

Motivated by various concepts of generalized convexity, Liang et al. [17] introduced the concept
of (F,a,p,d)-convex functions. Hachimi and Aghezzaf [18], with prior definitions of generalized
convexity, extended the concept further to (F, a, p, d)-type I functions and gave the sufficient optimality
conditions and mixed-type duality results for the multiobjective programming problem.

This paper is divided into four sections. Section 2 contains definitions of higher-order strictly
pseudo (V, a, p, d)-type-I functions. In section 3, we concentrate our discussion on a nondifferentiable
minimax fractional programming problem and formulate the higher-order dual model. We establish
duality theorems under higher-order strictly pseudo (V, a, p, d)-type-I functions. In the final section,
we turn our attention to discuss a nondifferentiable mixed-type minimax fractional programming
problem and establish duality relations under the same assumptions.

2. Preliminaries and Definitions
Throughout this paper, we use S’ = {1,2,...,s}, M = {1,2,...,m} and (z,w, v, , p) € R" x R" x
R" x R x R™.

Definition 1. Let Q be a compact convex set in R". The support function of Q is denoted by s(x|Q) and
defined by
5(x|Q) = max{xTy : y € Q}.

The support function s(x|Q), being convex and everywhere finite, has a Clarke subdifferential [8], in the
sense of convex analysis. The subdifferential of s(x|Q) is given by

0s5(x|Q) = {z€ Q| 2Ty = s(x]Q)}.
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For any set S, the normal case to S at a point x € S, denoted by Ng(x) and denoted by
Ns(x) = {y eR":yT(z—x),Vze S}.

It is readily verified that for a compact convex set Q € R", y € Ng(x) if and only if s(x|Q) = xTy or
equivalently, x is in the Clarke subdifferential of s at y.

Consider the following nondifferentiable minimax fractional programming problem (FP):

imize S020) _ oo ) +5(+(C)
0 M ) T ) —s(ID)’

subjectto S = {x € X : hj(x) +s(x|E;) <0, j€ M},

where Y is a compact subject of R”, f, ¢ : X xY — Rand j : X — R, i € § are continuously
differentiable functions on R" x R™. f(x,y) +s(x|C) > 0 and g(x,y) —s(x|D) > 0,Vx € S. C, D,
and Ej, j € M are compact convex sets in R", and s(x|C),s(x|D), and s(x|E;), j € M designate the
support functions of compact sets.

N(x) ={i € :hj(x) =0},

B Fey) S0 f(nz) +s(l)
v = {yev: Lot U ) )

and

K(x) = {(s,t,y”) ENXR, xR":1<s<n+1,t=((t,t,.. t) € R
S

with Y t; =1, = (1,72, .., 7s) and 7; € Y(x), i € S}.
i=1

Assume thatw : X X X — Ry \ {0}, 7: X x X = R", p € Rand d : X x X — R (satisfying
d(x,y) =0 x=y). Let¢: X x Y — Rand ¢; : X — R be twice differentiable functions.

Definition 2. V j € M, [¢, y;] is said to be higher-order (V,a,0,d)-type -l at %, if 3, p, d, and 1y such that
VxeS, y €Y(x),and p € R", we have

¢(x, i) — ¢(%,yi) — G(%,yi,p) + p"VpG(Z,yi, p)
> (800 2)(T9(5.3) + VG50 )} 15, ) )+ p(5,5), i € 8
and
~9i(5) = K5 p) 4 9T VK (5, p) > (DT ) + K 5 p)) 03, ) ) + (), € M.

Remark 1. In the above definition, if the inequalities appear as strict inequalities, then we say that [¢, ¢;], V] €
M is higher-order strict (V,a, p, d)-type-L.

Remark 2. If G(%,y;, p) = %pTVZ(])(X, yi)pand p; =0, Vi € §, then Definition 2 becomes a-type-I at %
given by [19].
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Definition 3. V j € M, [¢, ;] is said to be higher-order pseudoquasi (V,«,0,d)-type -Iat %, if 3w, p, d, and
nsuchthatV x € S, y; € Y(x), and p € R", we have

¢(x,yi) = (%,yi) = G(%,¥i,p) + pTVpG(Z,yi,p) <O
= <zx(x,f){v¢(3?,yi) + VPG(f,yi,p)},r](x,f)> + pid*(x,%) <0, i€§
and

—9;(%) — Kj(%,p) + pTVpK]-(JE, p)<0= <tx(x V() + VpK;(%, p) }, 1 (x, % > +pjd2(x,af) <0, jeM.
Remark 3. In Definition 3, if<a(x, {Ve(x,7:) +pTV,G(E, 7 p)},iy(x,a?)> + pid?*(x,%) >0

= ¢(x,y1) — (%) — G(Tyi,p) + P V,G(Ty;,p) >0, i€,
then [¢,¢;], ¥ j € M is higher-order strictly pseudoquasi (V, a, o, d)-type-I.
Remark 4. If G(%,y;,p) = %pTvqu(JZ, yi)pand p; =0, Vi € S, then Definition 3 reduces to a-type-I at %,
given by [19].
Theorem 1 (Necessary condition). Ifx* is an optimal solution of problem (FP) satisfying < w,x >>0, <

v,x > > 0,and V(hj(x*)+ < uj,x* >), j € N(x*) are linearly independent, then 3 (s*,t*,7*) €
K(x*), w e R", v e R" and u* € R" such that

;tV(j;( ’,yy’))+<<f)’/’§*>>+2y, ¥+ <ujxt>) =0, )
Zy](h ) <up,xt>)=0, )
o
H>0ie€8", Yt =1,u>0jeM, ®)
i=1
<w,x* >=s(x*|C), <v,x" >=s(x*|D), <ujx* >=s(x"[E). (4)

3. Higher-Order Nondifferentiable Duality Model

The study of higher-order duality is more significant due to the computational advantage over
second- and first-order duality as it provides tighter bounds due to presence of more parameters. In the
present article, we formulate a new type of duality model for a nondifferentiable minimax fractional
programming problem and derive duality theorems under generalized convexity assumptions.
Additionally, we use the concept of support function as a nondifferentiable term. Consider the
following dual (HFD) of the problem (FP):

S
(HFD) max sup Z t; {M +G(z, 7, p) — pTva(Z, 7is p)}

(s.t9) € K(z) (zwoupu,p)eH(sty) i=1 Z yl) <v,z>

+ Ey]< z)+ < uj, z > +K; (z,p) — pTVij(z,p)>,
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where H(s, t, ) represents the set of all (z, w, v, u, i, p) such that

+<w,z>
V2t<ﬁ>+VZyl +<H],Z>)
S
+ZtinG(Z,yl, + ZV}V K; (Z p) =0, (5)
i=1 j=1
S
20 Y ti=1p=0ics, jeM ©
i=1
(s,1,7) € K(z). ?)

Let T? be the feasible set for (HFD).

Theorem 2 (Weak Duality). Let x € Sand (z,w,v,14,5,t,7,p) € TO. Let
N G+ <w,. >
O e
Sg(.,y,) m< v,. >

i=1 =1

Then,
sup (f(x ,Y)+ <w, x>> >

gl y)— <ov,x>

s i)+ <wj,.> },i € S',j € M be higher-order (V,u,p,d)- type -1 at z,

Nmm

t,{(f(z’yi)_‘— <w,z>

PO = 022 )+ Glargip) ~ V)G )|

yey

+ 214/( z)+ <uj,z > +Kj(z,p) - pTVpK]-(z,p)>. (8)
Proof. We shall derive the result by assuming contrary to the above inequality. Suppose
X, y)+ <w,x > - z, 7))+ <w,z> _ _
sup (%) <Lt KL> +G(z.7ip) — PTVPG(Z/%/P)}

yey g(x,y) = e(z,71)— <vz>

+ Zm( z)+ <ujz > +Kj(z,p) - PTVij(Z/P)>~

This implies
f(x,]]i)+<w,x>) K +<wz>> N _ }
(Seme=as) <l (fEht=eis) +eenn -yt
+ Zm( z)+ <uj,z > +Kj(z,p) - pTVij(z,p)), forally; € Y(x), i€ S )

Further, using ; > 0,i € S’ and Zt =1, we get

- X, 7))+ < w,x > +<w,z> _ T _
;tz<w> Zt (W"‘G(ZJ/UP)_P VPG(nyuP)
m
+) (hj(z)Jr <uj,z>+Ki(z,p) - pTV,,Kj(z,p)>. (10)
i=1
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By inequality (7), we obtain

D(M) - D(M + Gz p) — prva(Z,%,p)>

=\ g gi)— <ox > =\ gzp)-<vz>

+ 2;4]( z)+ <uj,z > +Kj(z,p) - pTVij(z,p)>. (11)

By hypothesis (i), we get
<f(x,]7i)+ <w,x >) B (f(z,y‘i)-&- <w,z>

8 7i)— <vx> 8(z,7i)— <v,z>

) —G(z,7i,p) +pTV,G(z,7i,p)
> (a(x,z)dV fagi)+ <wz> +V,G(z, 7, p) ¢ y(x,2) ) + pid®(x,2), i€ & (12)
= ’ g(Z,y_i)— <0,z> r T Yir ’ ’ i 74),

and

—]’l/‘(z)-‘— < Uujz> —K]‘(Z,p) + PTVpK]‘(Z,p)

> <tx(x,z){V(hj(z)+ <uj,z>)+ Vij(z,p)},q(x,z)> +p]-d2(x,z), j€e M. (13)

S
Multiplying the first inequality by t; > 0, i € §" and the second by p; > 0, j € M with 2 ti=1,
i=1
we get l

Y [( y))+ =B >> (f(z’y.i)+ S >> — Gz 7, p) +PTVPG(Zry_irP)}

= <v,x> S(z,7)— <vz>

> < X,z {V Zﬂ(M) +VpG(z,]7,-,p)},17(x,z)> + itipidz(x,z) (14)

5 3(z,7)— <v,z> =

and

—ZV]< 2)+ <ujz>—Kj(z,p) + p'V,Kj(z, p))

m
> < (x,2) {VZy] z)+ <uj,z >)+ VyKi(z, p)} r](x,z)>+2yjpjd2(x,z). (15)
- =
The above inequalities yield

g(x,7i)— <v,x> gz, 7)— <v,z>

ti<G(Z/}7i/p) p'VpG(z 7 p > ZH; ~P'VK(z, P))}

v
o~ —
2
—
ke
N
—
—
i

S flz, 7))+ <w,z> U ° _
t;V (m +; y](Vh](z)+ < Ujz >) + ; i’inG(Z,yi, p)

+Zy]V Kj(z, p)} > (Ztlpl—&-zy,p])

j=
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The above inequality together with (11), a(x,z) > 0, and hypothesis (i7) yield

<§tiv<w>+2y, z)+ < ujz>)

8(z4))— <v,z>

S
+ Y tV,G(z, i p) + Zy]V Kj(z,p ),iy(x,z)> <0, (16)
i=1 j=1

which contradicts (5). This completes the proof. [

Theorem 3 (Strong duality). Suppose the set {V(h]-(x*)Jr < uj,x* >)} is linearly independent.
jEN(x*)
Let an optimal solution of (FP) be x*, further, suppose
G(x*,7;,0) = V,:G(x*,75,0) =0, i € S, (17)
Kj(x*,0) = V;=K;(x*,0) =0, j € M. (18)

Then, there exist (s*,t*,7*) € K(x*) and (x*,w*,v*, u*,v*,s*, t*, 4%, p*) € H(s*,t*,§*) such that

(x*, w*, 0%, u*, s, t*, 5%, p* = 0) € TO and the objectives have the equal values. Moreover, if all the conditions

of Weak duality theorem hold for any (z,w, v, ,s,t,7,p) € TO, then (x*,w*,v*, u*, w, st Ly, pt =0)is
an optimal solution of (HFD).

Proof. By Theorem 1, 3 (s*,t*,7*) € K(x*) such that

sy i)+ < w,x* >
Zt < y_) oS )+Z;4] )+ <ujxt>) =0, (19)
m
Yo ui (hy(x*)+ < ujx* >) =0, (20)
j=1
S
t;‘zO,ieS’,Z;tf:l,y}‘zo,jeM, @1)
i
<w,x" >=5(x"[C), <v,x" >=s(x*ID), <uyx*>=s(x"|E;), jeM, (22)

which, from (17) and (18), imply (x*, w*, v*, u*,s*, t*,5*, p* = 0) € T and the problems (FP) and
(HFD) have the same objective value. The point (x*, w*, v*, u*,s*, t*, 7*, p* = 0) is an optimal solution
for (HFD) follows from Theorem 2. This completes the proof. [

Theorem 4 (Strict converse duality). Suppose that x* and (z*,w*,v*,v*,s*,t*,§*, p*) are the optimal
solutions of (FP) and (HFD), respectively. Let

fLIH+ <w*, >

gy — <o, >
the set {Vhj(x*)+ < uj,. >, j € N(x*)} be linearly independent,

(i Zt,f'l + Zﬂfp]* > 0.
i=1

(1) s hi()+ <uj> |, i€ S', j € M be higher-order strictly (V,a,p,d)- type -I and

Then, z* = x*.
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Proof. Suppose contrary to the result that z* # x*. From Theorem 3, we have

5,7 )+ < w*,z" >
( @i <o > +E;4] N+ <uizt>

Mm

(f( Y+ <wtxt >>

su
yeg gty )— <o, x* > =
o
72t1*( Z5ip) =PV GEL L) )*ZH; P TVpKi(zpY). (23)
i=1
Thus, we obtain
fx,y)+ <w',x* > F(2570)+ < w',2* >
(g(x*,y,) < vt x* > Zt g(z }7) <otz > +Z}4, )+ <ui,zt>)
m
—D ( 2,907 = p*Tvp*G(Z*,y_?,P*)>+2]47(K](Z*,y';‘,p*)
i=1
x*), i€ s (24)

—p TV pKi(2*, 3, p")), forall ;€ Y(

Following on the lines of Theorem 2, we get

O (fE )+ <wt,z >>
< t; " r—— + 1 +<u ,z5 >
)= (s coas) T Lo )

SD

,y1)+<w xt >
= yH)— <ot xt >

~ TV ) (29)

s* m
= X (GG a1 - PTG ) ) + L K

i=1 i=1

From hypothesis (i), we have
flx70)+ < w*, x> flz*5,75)+ <w*,z* > . T . o
<g(x*,y‘i)*— < v*,x* > gz, ) — <v*,z* > G i, p") + P VG2 7, p7)

f( Y )+ < w*,z* > _ 2/ % .
* % i * k% * % * T *

><tx(x ,Z ){v<g(2*,y,) <o > + VG 77, p7) pon(x",2%) ) +pid (x",2"), i€ S

and

—(hj(z*)+ < u 28 >) = Ki(z%p )+p*TV K;(z*, p*)
> <oc(x*,z*){V(hj(z*)+ < u]’f,z* >) +Vp*Kj(z*,p*)},17( )> +p*d2(x z*), j € M.

Multiplying the first inequality by t; > 0, i € S’ and the second by 1 >0,j=1¢c Mwith

7 =1, we get

[ [V]m
L

+ < w*,z* > AN, ek
) } Zt< 25,5, p")

)— < vt zF >

s* t%|: ,yl)+<w x* > f(
g, 7)) - <ot x> g(z

A

A

S 25,70+ < wh, x>
{; < (z*,77)— <v*,z*>>

+p*Tvp*c<z*,y;:p*>) <

s* s*
+ L 66 2 + L fip 2
i=1

i=1

(26)
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and

—Zm Ot <uf,zt > —Ki(xt pt) + prTV K25, pt)
j=

><o¢ {Zy V(hj(z +<u],z >)+Z}4]Vp i(x ,p)} n(x* Z)>+Zy]p]d2x ,z2%). (27)
=1
The above inequalities yield

S X+ <whxt > 5,7+ < wt,zF > LN .
Lo [(Led) )- (L2 )] - w0yt <z >)
. =

g(x*,yi )— < vF, x> g(z*,yi )— < v*,z* >

*

m S
3 (i) = P — L6 (GE ) - pTVeGE ) -
j=m i=1

m

Zy}‘ (hj(z*)+ < u;-‘,z* > —K]-(z*,p*) + p*TVp*Kj(z*,p*)>

j=1

*

><tx(x*,z*)rz:ti*v<f( L+ < Wz >>+Zy] (Vhj(z")+ <uf,z" >)

i—1 8(z47f)— <vtz* >

s* m
+{ thvp*G(Z*/g;(rp*)‘i'ZH]*VP*K](Z*/p*)}} ;7 > (Ztlpz +Z:u]p])d2 x* ,Z )
i=1 j=1

It follows from (11), a(x*,z*) > 0, and hypothesis (ii) that

s* s*
x5, 75+ < wk, x* >> *<f( YU+ <wt, 2t >>
tr t:
po(fEA ) s pa( s * L < e 2)
-
*Zﬁ‘( 2,00 + P TV G 7 p ) ZH;( pe)+p TV K (2 P*)>,
i=1

which contradicts (25). Hence, z* = x*. [

4. Mixed-Type Higher-Order Duality Model
Consider the following higher-order unified dual (HMFD) to (EP):

s +<w,z>
(HMFD) max sup (—) + ) ui(hi(z2)+ <wuj, z>)
(s,4,9) € K(2) (wap)eH(sty) l; <v,z> ]EZ]‘; J I
+Z ( (2.9, p) = P'VpG(z 0 p ) Zu;( —p'V,K (ZP)>
j€lo
where H (s, t,j) represents the set of all (z, w, v,, y, p) such that
+ <w,z >
Vzt<ﬁ>+vjzl‘u] +<M],Z>)
S m
+ ) tVpG(z, i, p) + ) 1 VpKi(z, p) =0, (28)
=1 =1
Yo ui(hi(2)+ <ujz>)+ Y pi(Ki(z,p) — p'V,Ki(z,p)) >0, B=1,2,..,7, (29)
i€p i€l
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;
20, ) ti=1p=20icS, jeM, (30)
i=1

where Js C M, p=0,1,2,..,r with Up_o Jg = Mand Js N ] = ¢, if  # 7. Let WO be the feasible set
for (HMFD).

Theorem 5 (Weak duality). Let x € Sand (z,w,v, 1,5, t,7,p) € WO, Let

. S f(.,y‘i)+ < w,
(7) { t,-(_— wi(hi()+ < uj,. y(h )+ <uj,.>)|, p=1,2,..rbe
; g(-/yi)* <v,.> ]GZ]%] ] ] ]ezjﬁ ] ]

higher-order pseudoquasi (V,w, p,d)-type -I,
S m
(i) Y tipi + ) pjp; = 0.

i=1 j=1
Then,
S i
sup (f—( Y+ <wx >> > Zt,(f(z'yl_H— Wz w) + Y ui(hi(z)+ <ujz>)
yey gl y)— <ov,x> = gz 7)) — <vx> i
S
+ Yk <G(Z,y‘ifp) pIVyG(z 7 p) + 1 1i(Ki(zp) = pTVpKi(z,p). (1)
i=1 j€h
Proof. Proof follows on the lines of Theorem 2. [
Theorem 6 (Strong duality). Suppose the set {V(hj(x*)+ < uj,x* >)} is linearly independent.
JEN(x*)
Let an optimal solution of (FP) be x*, further, suppose
G(x*,7;,0) = V,:G(x*,7,0) =0, i € S, 32)
Kj(x*,0) = V,=K;(x*,0) =0, j € M. (33)

Then, 3 (s*,t*,57*) € K(x*) and (x*,w* o*,u*,v*,s* t*, 5%, p*) € H(s*t*,§*) such
that (x*,w*, 0", u*,s*,t*, 7%, p* = 0) € WO and the two objectives have the equal values.
In addition, if all the conditions of Weak duality theorem hold for any (z,w,v,u,s,t,u*,j,p) € wo,

then (x*,w*, v*, u*,u*,s*,t*, 5%, p* = 0) is an optimal solution of (HMFD).
Proof. The proof can be obtained following the lines of Theorem 3. [

Theorem 7 (Strict converse duality). Let x* and (z*,w*, v*,v*,s*,u*, t*, 5%, p*) be the optimal solutions of
(FP) and (HMFD), respectively. Let

ST+ <wt, > .
f(y_l*)Jr—w* + Zy] [h + < u],>] Z 1 [h + < u],>} , B = 1,2,...,r be higher-order
g("yi)i <v j€lo j€lp

strictly pseudo (V,a,p,d)- type -l and V (hj(x*)+ < uj, x* >), j € N(x*) be linearly independent,

(ii Zt p,+2y]p]>0
i=1 j=1

(i)

Then, z* = x*.

Proof. The proof can be derived following the steps of Theorem 4. [
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5. Conclusions

In this paper, we discussed higher-order duality theorems for two types of dual models of
nondifferentiable minimax fractional programming problems under strictly pseudo (V, «, p,d)-type-I
functions. The question arises as to whether the second/higher-order duality theorems developed in
this paper hold for the complex minimax fractional programming problem. This will orient the future
task of the authors.
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Abstract: In this paper, we introduce the various types of generalized invexities, i.e.,
ap-invex/ag-pseudoinvex and (G, ar)-bonvex/ (G, af)-pseudobonvex functions. Furthermore, we
construct nontrivial numerical examples of (G, a¢)-bonvexity / (G, as)-pseudobonvexity, which is
neither a f-bonvex /x f-pseudobonvex nor o f-invex /o f-pseudoinvex with the same 7. Further, we
formulate a pair of second-order non-differentiable symmetric dual models and prove the duality
relations under & r-invex/a r-pseudoinvex and (G, ay)-bonvex/ (G, as)-pseudobonvex assumptions.
Finally, we construct a nontrivial numerical example justifying the weak duality result presented in
the paper.

Keywords: symmetric duality; second-order; non-differentiable; (G, af)-invexity/ (G, af)-pseudoinvexity;
(G, ap)-bonvexity/ (G, af)-pseudobonvexity

1. Introduction

Decision making is an integral and indispensable part of life. Every day, one has to make decisions
of some type or the other. The decision process is relatively easier when there is a single criterion
or objective in mind. The duality hypothesis in nonlinear writing programs is identified with the
complementary standards of the analytics of varieties. Persuaded by the idea of second-order duality
in nonlinear problems, presented by Mangasarian [1], numerous analysts have likewise worked here.
The benefit of second-order duality is considered over first-order as it gives all the more closer limits.
Hanson [2] in his examination referred to one model that shows the utilization of second-order duality
from a fairly alternate point of view.

Motivated by different ideas of generalized convexity, Ojha [3] formulated the generalized
problem and determined duality theorems. Expanding the idea of [3] by Jayswal [4], a new kind of
problem has been defined and duality results demonstrated under generalized convexity presumptions
over cone requirements. Later on, Jayswal et al. [5] defined higher order duality for multiobjective
problems and set up duality relations utilizing higher order (F,a, pd)-V-Type I suspicions. As of
late, Suneja et al. [6] utilized the idea of (F, a, 0)-type I capacities to build up K-K-T-type sufficient
optimality conditions for the non-smooth multiobjective fractional programming problem. Many
researchers have done work related to the same area [7-9].

The definition of the G-convex function introduced by Avriel et al. [10], which is a further
generalization of a convex function where G has the properties that it is a real-valued strictly-increasing,
and continuous function. Further, under the assumption of G-invexity, Antczak [11] introduced the
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concept of the G-invex function and derived some optimality conditions for the constrained problem.
In [12], Antczak extended the above notion and proved necessary and sufficient optimality conditions
for Pareto-optimal solutions of a multiobjective programming problem. Moreover, defining G-invexity
for a locally-Lipschitz function by Kang et al. [13], the optimality conditions for a multiobjective
programming are obtained. Recently, Gao [14] introduced a new type of generalized invexity and
derived sulfficiency conditions under B — (p,r) — V-Type-I assumptions.

In this article, we develop the meanings of (G,af)-bonvexity/(G,as)-pseudo-bonvexity
and give nontrivial numerical examples for such kinds of existing functions. We formulate a
second-order non-differentiable symmetric dual model and demonstrate duality results under
(G, ar)-bonvexity/ (G, ay)-pseudobonvexity assumptions. Furthermore, we build different nontrivial
examples, which legitimize the definitions, as well as the weak duality hypothesis introduced in the

paper.
2. Preliminaries and Definitions

Let R" denote n-dimensional Euclidean space and R’} be its non-negative orthant. Let C; and C;,
be closed convex cones in R" and R™, respectively, with nonempty interiors. For a real-valued twice
differentiable function g(x,y) defined on an open set in R" x R™, denote by V.g(%, #) the gradient
vector of g with respect to x at (%,7) and Vyyg(%,7) the Hessian matrix with respect to x at (%, 7).
Similarly, Vxg(%,7), V1yg(%, 7), and V,,g(%,7) are also defined.

Let X C R" be an open set. Let f : X — R be a differentiable function and G : I¢(X) — R,
where I¢(X) is the range of f such that G is strictly increasing on the range of f, af : X x X — R\ {0}
and 7 : X x X — R™

Definition 1. Let E be a compact convex set in R". The support function of E is defined by:
s(y|E) = max{y'z:z € E}.

A support function, being convex and everywhere finite, has a subdifferential, that is there exists a z € R" such
that:
s(z|E) > s(y|E) +uT(z —y),Vy € E.

The subdifferential of s(y|E) is given by:
s(y|E) = {u € E:u'y = s(y|E)}.
For a convex set F C R", the normal cone to F at a point y € F is defined by:
Ne(y) ={z € R":zT(u—y) <0,Yu € F}.
When E is a compact convex set, z € Ng(y) if and only if s(z|E) = y'z or, equivalently, y € ds(z|E).
Definition 2. The positive polar cone S* of a cone S C R® is defined by:
S*={zeR:yTz>0}

Now, we give the definitions of a p-invex/a g-pseudoinvex and (G, oy )-bonvex/(G, oy )-pseudobonvex functions
with respect to 1.

Definition 3. If there exist functions ay:Y x Z — R \{O}andn: Y xY — R'st. ¥y €Y,

1

o0~ fOL 21 10V )
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then f is called ag-invex at v € Y with respect to 17.

Definition 4. If there exists functions ap:Y x Y — Ry \ {0} andn:Y x Y — R" such that Vy € Y,

1
T,vV v)>0=> — — f(v)] >0,
VW)Vl (0) 20 )~ @) 2
then f is called a¢-pseudoinvex at v € Y with respect to 1.
Definition 5. f : Y — Ris (G, ay)-bonvex at v € Y, if there exist G, ay : Y x Y — R4\ {0} and

n:YxY — R"ifV(y,p) €Y xR",

— L G(f() - G(F(®)) + 2 pT{G" (F(2)) Vuf (0) (Vuf ()T + G (f(0)) Veuf (0) }p):
a7y, 0) 2

> 1" (1, 0)[G'(f(2)) Vof (v) + {G" (f(2) Vof (0) (Vof (0) + G'(f(0)) Voo f () } .

Definition 6. f : Y — Ris (G, af)-pseudobonvex atv € Y, if there exist G, ay : Y x Y — R\ {0} and
afunctionn : Y xY — R"ifV(y,p) € Y X R",
1" (y,0)[G'(f(0))Vof (0) +{G" (f(2)) Vof () (Vof (0)) " + G'(f(2)) Voo f (0) }p] = 0:

1

= ———I[G(f(y)) — G(f(v)) + 1PT{G"(f(v))va(v)(va(v))T +G'(f(v) Voo f(v)}p] > 0.
ar(y,0) 2

Remark 1. If G(t) = t, then Definitions 5 and 6 become the a g-bonvex/u g-pseudobonvex functions with the
same 1.

Now, we present here functions that are (G, as)-bonvexity/ (G, af)-pseudobonvexity, but neither
ap-bonvex/a s-pseudobonvex nor ag-invex/a g-pseudoinvex with the same 7.

Example 1. Let f : [f g , g} — R be defined as

fy) =y, Vye {—gg}

A function G : R — R is defined as:
G(t) =214,

Let 7 : {—E E} X {—g, g} — R be given as:

(v, v) =y’ +y*o* + 290 + 3.
Furthermore, ay : Y X Y — Ry \ {0} is given by:
T
=2 2
le(y,U) ,‘v’y,ve{ 3 3}
To demonstrate that f is (G, as)-bonvex at v = 0, we need to demonstrate that

= m[G(ﬂy)) - G(f(v)) + %PT{G”(f(v))va(v)(va(v))T + G (f(2)) Voo f (0)} ]

=" (,9)[G'(f(0)) Vo f (0) +{G" (f () (Vof (0)) (Vo f(0))" + G'(f(2)) Vuuf (0)}p] = 0.

Putting the estimations of f, ay, 1, and G in the above articulation, we get:

¢

&= [y*® — 0™ + p?{5880%° + 8407} — (¥ + y*v® 4 2yv + 3){11760%° + 1680% }p
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or which atv = 0, we get: £ >0, Vy € | — E, z , | clearly, from Figure 1 |.
8 y 3’3 Y g
Therefore, f is (G, af)—bonvex atv=0¢ {f g, g}

Figure 1. =%,y € [- %, %], and V p.

Next, let:

£4) = £+ 37 Vof @] =17 )V 0) + Tenf @)

5= %[y7—v7+ 205(0—4—6);7} = 7u(y° + y*0® + 2yv + 3) (v + 6),

for which at v = 0, the above equation may not be nonnegative Vy € { — g, g} (see Figure 2).

X -1 15

7
Figure2.6 =%, Vy € [-%,5],and V p.

Therefore, f is not ay-bonvex at v =0 € [ E} with the same 1.

_
3" 3
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Finally,
T= s O O] o)
T= %[y7 —v’) - 7116(y9 + yzvz +2yv + 3).
Specifically, at point y = fg € { - g, g} and at v = 0, we find that:

T <0.
This shows that f is not a p-invex with the same 1.

Example 2. Let f : [—1,1] — R be defined as:

f(y) = arc(tany).

A function G : R — R is defined as:
G(t) = tant.

Let 1:[—1,1] x [=1,1] — R be given as:

n(y,v) = *%yzo +y+ 150,
Furthermore, ap : Y x Y — Ry \ {0} is given by:

ar(y,0) =1,Vy vel-11].

Now, we have to claim that f is (G, as)-bonvex at v = 0. For this, we have to prove that
= m[G(f(y)) = G(f(v)) + %PT{G”(f(v))va(v)(va(v))T +G'(f(0))Voof (0)}p]
=1 (1,0)[G'(f(2)Vof (0) + {G" (f(2)) Vof (2)(Vof (2))"
+G'(f(v))Voof(v) }p] = 0.
Substituting the values of f, ay, 1, and G in the above expression, we obtain:

1
n:y—v—(—ﬁyzo+y+15y3v3) x 1

Clearly, from Figure 3, m >0, Vy € [—1, 1Jand v = 0.
Therefore, f is (G, ay)-bonvex at v = 0 with respect to 7.
Suppose,

1

K= )~ )+ 37 (Taaf @) T @ 0)Vof () + Vonf )8

1 20p vp?

T+02 (1+02)2] (1+02)?

x = arc(tany) — arc(tanv) — ( — f—lyzo +y+ 15y3v3> {
which at v = 0 yields:
1
x = arc(tany) + ﬁyzo -
x <0, Vye[-1,1]

(from Figure 4).
This implies that f is not ay-bonvex at v = 0 with the same 1.
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Figure 3. 7 = {;y?, Vy € [-1,1], and V p.

04 ~
0.3
02 -

= 0.1+

-0.1 +

-02 -
-1

05 05
1 -1
X p

Figure 4. ¢ = arc(tany) + £y —y, ¥y € [-1,1], and V p.

Finally,
1

af(y,0)

0= [f(y) — f(@)] = 1" (y,0) Vof (v)

0 = arc(tany) — arc(tanv) — ( — %yZO ty+ 15y3v3) (1 _:1,2)

0 = arc(tany) + %yzo —y, atthe point v = 0.
At the pointy =1 € [ —1,1], we find that:

T 1
Q—Z+ﬁ*1<0.

Hence, f is not ay-invex at u = 0 with the same 1.
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Example 3. Lef f : [— g, g} — R be defined as:

fy) =y
A function G : R — R is defined as:

G(t) =t + 1 +9.
Let 17 : {—g,f} X {—g,g} — R be given as:

1(y,0) = y* + yo? + 2y0* + 3.

Furthermore, ap 1 Y x Y — Ry \ {0} is given by:

T
/xf(y,v) =9, Vy ve {_5' 5}

Presently, we need to demonstrate that f is (G, as)-pseudobonvex at v = 0 concerning 1. For this, we
have to show that:

A1 =17 (1, 0)[G'(f(2)) Vo (0) + {G'(f(2)) Vo f (0) (Vo f (2))" + G'(f(2)) Vo f (0)}p].
Putting the estimations of f, , and G in the above articulation, we get:
Ay = (Y + yo? + 2y0? + 3) [30% (407 + 20%) + {90 (120° 4 2) + 6v(40” + 20%) }p]

for which at v = 0, we obtain Ay >0, Vv € {f g,g], Y p.
Next, A, =
ex 2 2

— L G(f(9) - G(F(©) + 2 pT{G" (F(2))Vuf (2) (Vuf (2)
7(y,0) 2
+ G (F(0)) Vaof (0) }p].

Substituting the estimations of f, ag, and G in the above articulation,

2
Ay = %[(y12 +y041)— (02 + 0% 4+1) + %{91}4(1206 +2) + 60(40° + 20%)}]

for which at v = 0, we obtain Ay > 0, Vy { - g, g} , ¥ p. Therefore, f is (G, a)-pseudobonvex at v = 0.

Next, consider:
Az =1"(y,0)[Vof (0) + Voo f (0)p].

Substituting the values of f, 1, and G in the above expression, we obtain:

Az = (y* + yo? + 2yv? 4 3) [30% + 6op],

Sfor which at v = 0, we find that A3 > 0, Vy € {— g,g], v p.
Next, . .
_ _ 1T
M= Loy [~ fE F 5P Ve f (@)l
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Substituting the values of f, ay, and G in the above expression, we obtain:

Ay = %[]ﬁ -+ 3vp2],

for whichatv =0, weget Ay #0,Vy € { - g, g} - Therefore, f is not as(y, v)-pseudobonvex at v = 0.

Next, consider:

As = 1" (y,0)Vuf(u).

Similarly, at v = 0, we find that A5 >0, Vy € {f g, g} . Next,
b6 = ——[f(y) -~ f(0)]
*T a0V ‘

In the same way, at v = 0, we find that,

ol x

AséO,Vy S |:*g,

|

Hence, f is not ag-pseudoinvex at v = 0 € { - g, g} with the same 1.

3. Non-Differentiable Second-Order Symmetric Primal-Dual Pair over Arbitrary Cones

In this section, we formulate the following pair of second-order non-differentiable symmetric

dual programs over arbitrary cones:
(NSOP) Minimize W(y,z,7,p) = G(f(y,2)) +s(y|B) —z"r — %PT[G”(f (v,2))
Vaf(y,2)(V=f (y,2))" + G'(f(v,2)) V= f (v, 2)p
subject to
~[G'(f(y,2))Vef (4, 2) = +{G"(f(y,2)) V=f (v,2) (V= (y,2)):
+G(f(y,2)Vaf(y,2)}p] € G,
G (f(y,2)Vef (4,2) = +{G"(f(y,2)) V=f (v,2) (Vaf (,2))
+ G (f(y,2)Vafy,2)}p] 20,
p'(G (f(y, ) V=f (v,2) = r +{G"(f(y,2))V=f (y,2) (Vof (,2))"

+G'(f(y,2))Vaf(y,2)}p] >0,

yeCy, rekF.

(NSOD) Maximize T(v,w,t,q) = G(f(v,w)) — s(w|F) +wTt — %qT[G"(f(v,w))

Vof (0,0)(Vof (0,1))" + G'(f(0,0)) Voo f (0,w)]q
subject to

[G'(f(0,w)Vof (v,w) + t +{G" (f(v,w)) Vo f (v,w)(Vof (v,w))"

+ G/(f(v,w))vwf(v,w)}q] €Cy,

)

©)
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ol [G(f(v,w)) Vo f (v,w) + t +{G"(f(v,w)) Vof (v,w)(Vof (v,w))T
+ G/ (f(v,w)) Voo f(v,w) }q] <0, )
q'[G (f(v,w))Vof (v,w) + t + {G" (f (v,w)) Vo f (v, w) (Vo f (v,w))T

+ G (f(v,w)) Voo f(v,w) }q] <0, @)

w e Cy, t €B, (8)

where C} and Cj are positive polar cones of C; and C, respectively. Let P! and QU be feasible solutions
of (NSOP) and (NSOD), respectively.

Theorem 1 (Weak duality theorem). Let (y,z,r,p) € PY and (v,w,t,q) € QY. Let:

i)

( (., w)and ()Tt be (G, as)-bonvex and wg-invex at v, respectively, with the same 1,
(i) f(y,.)and (.)Trbe (G, ar)-boncave and ag-incave at z, respectively, with the same ¢,
( (
(

f
f
iit) n(y,v) +v e Cy,
iv) &(w,z)+z€C.

Then,
W(y,z,r,p) > T(v,w,t,q). )

Proof. From Hypothesis (iii)and the dual constraint (5), we obtain

(1(y,0) +o+q)7 {G’(f(v,w))vvf(v,w) +t+{G"(f(v,w))Vof(v,0)

(Vof(v,w))" +G'(f(v,0)) Voo f (v,w) }q | = 0.

The above inequality follows

= 1'(y0) {G'(f(v,w))vvf(v,w) + t + {G"(f(0,0)Vof (0,0)(Vof (v,w))" +

c’(ﬂv,w»vwf(v,w)}q} > —(0+9) [G’(f(v,w»vvf(v,w) Tt

+{G"(f(0,0))Vof (0,10)(Vof (v,w))" + G'f(UIW)wa(W)}q},

which upon using (6) and (7) yields
1" (y,) {G’(f(v/W))va(v/W) +t+{G"(f(0,w)) Vo f (v,0)(Vof (v,w))"

+ G (F(0,0))Von f(v,w)}q} >0, (10)

Again, from Hypothesis (i), we obtain

m[c(f(y,w)) — G(f(0,0)) + 347 {G" (F(0,0)) Vof (0,0) (Vof (0,))T

+G'(f(v,0)) Voo (v,w) }] = 3" (y,0) | G (f(0,0)) Vof (v,w) +{G" (f (0, w)):

Vof (0,0)(Vof (v,w))" + G (f(v,w)) Voo f (v,w) }q
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and:

1

D‘f(y Z?) [yTt - UTt} > ’YT(VI U)t'

Combining the above inequalities, we get

m[G(f(y, ©)) + Y7t~ G(f(0,0)) ~ 0"t + 207 (G (f(0,0)) Vef (0,0) (Vo (0,0))"

+G'(f(v,w)) Voo f (v,w) 1] = 47 (y,2) [G'(f(0,w)) Vo f (v,w) +t +{G" (f(0,w)) Vof (0, w):

(Vof (0,0))" + G (f(v,0)) Voo f (v, ) }4].
Using Inequality (10), it follows that

g U 4Tt G(Fw) e+ 20T (G (o))

Vof (0,0)(Vof (0,1))" + G'(f(0,10)) Voo f (v,w) }4] > 0. an
Similarly, using (ii), (iv), and primal constraints, it follows that

@[7G(f(y/w)) + wTT+ G(f(y,z)) S %pT{GH(f(]//Z))VZf(y,Z):

(V=f(,2)" + G (f(v,2)) Vzzf (v, 2)}p] > 0. (12)
Adding Inequalities (11) and (12), we get
) (C V2D 4T 2T 2T (G (F 0 2) Ve 0 2) (Vf (3,2)T

O 2) Ve 2)}p) 2

) [CU @) T 4Tt (G (o))
Vof (0,0)(Vof (v,0))" + G'(f (v, ) Voo f (v, 1) }4].
Finally, using the inequalities "t < s(y|B) and wTr < s(w|F), we have

9] |C 020 +5(41B) 2T = 39T IG (0, 2) V=0, 2)(Vaf 02)

G (f ) Vaf 21 2

[G(f(v,w)) = s(w|F) +vTt:

f(yrv)

— 24{G" (f(2,0)) Vo f (0,0) (Vaf (0,0))" + G (f(0,0)) Voo (0,) .
Since &y € R4 \ {0}, we obtain
(G (f(y,2)) +5(y|B) —2"r — %pT{G”(f(y,Z))sz(y,Z)(sz(y,Z))T
G ((,2)) Ve (1,2)}9] 2 [G(f (0,0)) = s(lF) + 07t = 247 {G" (f(0,0)) Vo f (o, 0):
(Vof @0)" +G'(f(2,0)) Veuf (0,0) .
Hence, the result. [
A non-trivial numerical example for legitimization of the weak duality theorem.

Example 4. Let f : Y x Y — R (Y C Ry.) be a function given by:

fy,z) =y
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Suppose that G(t) =t*+3and B = {0} = F.
Further, let 17, ¢ : Y x Y — R be given by:

1(y,v) = Y¥?o® + o+ v +4 and Ew,z) = wz® + w2 —z+9.

Furthermore, ar:Y x Y — Ry \ {0} and C; = Ry, Cp = Ry.
Putting these values in (NSOP) and (NSOD), we get:
(ENSOP) Minimize T(y,z,r,p)= y20 +3
subject to
[2y° x 04 {2 x 0+2y° x 0} p]

<0

z[2y* x 0+ {2 x 042y x 0}p] > 0,

pR2y° x 04 {2 x 042y° x 0}p] >
pER.

(ENSOD)Maximize W(v,w,t,q) = v* —1904> +3
subject to
o8[o +19g] > 0,

v19[v +19q] <0,
quo'8[v +19q] <0,
g€ R

Firstly, we will try to prove that all the hypotheses of the weak duality theorem are satisfied:
(i) f(,w) is (G,ar)-bonvex at v = 0,

}J, Gy, w ))—G(f(v,W))+%qT[G”(f(v,w))va(v,W)(va(v,w))T+G’(f(v,W))wa(v,w)]q]
=17 (y,0)[G'(f(o,w))V vf(vw +{G"(f(v,w))Vof (0,0) (Vo f (v,w))" + G'f(0,0) Voo f (v, ) }q]
= oom) [yzo - vZO] — (PP +y*v+o+4) [20019 +3800'84] + 190408
= yZO atov =
= 509 to=0€Y
>0, Vqg.

Obviously, ()Tt is ag-invexatv=0€Y.
(ii) f(y,.)is (G, af)-boncave at z = 0, and we obtain
i (CU W 0) = G(f(y,2)) + 2p"[C" (F(y,2)) Vaf (1, 2)(Vef (1,2))T + G (f(,2)) Ve (v, 2)] ]

=& )G (fy,2)V=f (v, 2) +{G"(f(v,2))Vaf (v, 2) (V=f (v, 2)) G (f(4,2)) (Ve f (v, 2)) } P,
- af(ly’v) (%0 +3) — (¥ +3)] — (w?2?2 + w2z — z+9)(0),
=0atz=0, Vp.

Naturally, (.)Tris ap-invexatz=0¢€Y.

(1ii) Obviously, (y,v) > 0and &(w,z) > 0.

Hence, all the assumptions of Theorem 1 hold.

Verification of the weak duality theorem: Let (y =2,z=9,r=0, p = %) €Pland (v=0w=
7,t=0,9g= %) € Q0. To validate the result of the weak duality theorem, we have to show that

Q= (G(f(y,Z) +5(yB) —2Tr = 3p"[GC (f(y,2) Vaf (4, 2) (Vf (1,2))T + G (f(y,2))
szf(%l)]ﬁ) - (G(f(vrw)) = s(w|F) +w"t = 3q"[G' (f (v,w)) Vo f (v,) (Vo f (0, w))"

+G(f(o, w))vwf(v,wnq) >0,
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Substituting the values in the above expression, we obtain:
Q= (y*+3) — (0* - 1904* + 3).
At the feasible point, the above expression reduces:
Q>0.
Hence, the weak duality theorem is verified.

Remark 2. Since every bonvex function is pseudobonvex, therefore the above weak duality theorem for the
symmetric dual pair (NSOP) and (NSOD) can also be obtained under (G, as)-pseudobonvex assumptions.

Theorem 2 (Weak duality theorem). Let (y,z,7,p) € PO and (v,w,t,q) € QY. Let:

(i) f(,w)be (G, af)-pseudobonvex and (. )Tt be o p-pseudoinvex at v with the same 1,
(it) f(y,.) be (G, uaz)-pseudoboncave and (. VTr be a p-pseudoinvex at z with the same ¢
(iii) n(y,v)+veCy,
(iv) ¢(w,z)+z€Cy

W(y,zr,p) > T(v,w,t,q).
Proof. The proof follows on the lines of Theorem 1. [J

Theorem 3 (Strong duality theorem). Let (i,Z,7, p) be an optimum of problem (NSOP). Let:
G/(

(i) [G"(F(7,2)) Vof (7,2)(V=f (7,2))T + G'(£(7,2))Vasf (7,2)] s positive or negative definite,

(i) {G" (0,2 Vo 1.2) = 7+ (6" (£(9, ) V= (5, (V:F(0, )7 +C'(£15,2)
Vi) 20

(i) { (G (9. 2):1(52) = 7+ (0, 2) V(5.9 (V:£(5, )" + G/ 3,2)
Ve ()} o

Then, p =0, and there exists t € B such that (0, W, 1,q) is an optimum for the problem (NSOD).

(v y)T{“[G/(f( )Vyf(5,2) + = 30"V {G'(f(7,2)V=(f (7, 2) V=(f(7.2)"
+G"(f(5,2)) V= f (1,2)p}H + (B — 2" = 0p")Vy[G' (f(7,2)) Vyf(5,2) + {G'(f(7,2)):

y
Va(f(5,2)(V2f(7,2)" +G”(f(?/f))szf(?/2)}]}ZOIVJ/GCL (13)

«[G'(f(7,2))V:f(7,2 )—f—szVz{G’(f( 2)Va(f(7,2))(V2f (7
+G(f(5,2)) Ve f (7,2)}p] + (B — 72" —0pT)[C'(f 7,2
+G"(f(%.2)) zzf(’,2)+Vz{G”(f( 2)V:(f(7,2

+G"(f(7,2)Vaef (9,2)}] = 7[G'(f(7,2)) Va(

Va(f(7,2)(V=f(7,2)" + G"(f(7,2)) V== f (7,2)}7] = 0, (14)

—
V/\
— g
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(B—ap—z" —op")[G"(f(7,2))V=(f(7,2))(V=(f(7,2))" + C'(f(7,2))
Ve f(7,2)] = 0[G'(f(5,2) V(£ (7,2) =7+ {G" (f(7,2)):

Vof(7,2)(Vaf(7,2)" + G (f(5,2) Ve f (7,2)}P) =1 =0, (15)
BIG' (f(7,2)V=(f(7,2)) — 7+ {G'(f(7,2) V=(f(7,2)(V=(f(7,2))":

+G"(f(7,2)) V= (f(7,2)}p] =0, (16)

YE'[G(f(7,2)V=(f(7,2)) — 7+ {G'(f(7,2)) (V2(f(7,2))(V=(f(7,2))) "
+G"(f(7,2)) V= (f(7,2))}p] =0, 17)

SpTIG (f(7,2)Va(f(7,2) — 7+ {G (f(7,2)(V=(f(7,2) (V2(f(7,2))":
+G"(f(7,2)) V= (f(7,2)}p] =0, (18)
(a —y)z+p—3dp e Np(t), (19)
t'y = s(y|B), (20)
feB 7eF, (21)
(&, B,7,9) #0, (22)
(a,B,7,6) > 0. (23)

Premultiplying Equation (15) by (8 — ap — vz — 6p) and using (16)-(18), we get
(B—ap— 2= 0p)[G'(f(7,2) V=(f (7, D) (V=(f(7,2)"
+G"(f(5,2)) V= (£(9,2)](B — ap — 42 = 6p) = 0.
Using Hypothesis (i), we get:
B=ap+yz+dp. (24)
From Equation (15) and Hypothesis (ii), we obtain:
§=0. (25)
Now, suppose & = 0. Then, Equation (14) and Hypothesis (ii) yield v = 0, which along with
Equations (24) and (25) gives B = 0. Thus, (&, 8,7,J) = 0, a contradiction to Equation (22). Hence,
from (23):
a > 0. (26)

Using Equations (16)—(18), we have
(B—2" = op")[G' (f(7,2) V=(f(5,2)) =7+ {G'(f(7.2)) V=(f(7,2)):

(Va2(f@2)" + G (f(7,2) V= (f(7,2) } 7] =0, (27)
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and now, Equation (24) gives
ap![G'(f(7,2))V=(f(7,2) - T+ {G'(f(7,2) V:(f(7,2)):
(V=(f(7,2))" +G"(f(7,2)) V= (f(7,2)} ] =0, (28)

which along with Hypothesis (iii) yields:

=i
Il
o

29)
Therefore, the equation:
B =z (30)

Furthermore, it follows from Equations (14), (24), and (29) and Hypotheses (ii)and (iv) that:

x—75=0.
Aswa >0, we get:
a=5>0. (31)
Therefore, Equation (30) gives:
s_ P
z==2>0. (32)
v

Moreover, Equation (13) together with (24) and using p = 0 yields
(v ='GC (f(5,2)Vy(f(7,2) =T+ {C'(f(5,2)) V=(f (5, 2)) (V=(f(7,2)))":

+G"(f(7,2)V=(f(7,2)}p] 20, Vy € Cr. (33)

Lety € C;. Then, y + 7 € Cy, as C; is a closed convex cone. Upon substituting y + 7 in place of y
in (33), we get
yIIG (f(7,2)Vy(f(5,2) =7+ {G'(f(7.2)) V=(f (7. 2))(V=(f (7, 2))):

+G"(f(7,2)) V= (f(7,2)}p] 2 0, (34)

which in turn implies that for all y € C;, we obtain

G (f(7,2)Vy(f(7,2) =7+ {G (f(7,2)V=(f(7,2))(V=(f(7,2))":
+G"(f(7,2)) V= (f(7,2)}p] € Cr. (35)

Furthermore, by letting ¥ = 0 and y = 2§, simultaneously in (33), this yields

7' G (f(@.2)Vy(f(5,2) — 7 +{G (f(7,2) V=(f(7.2))(V=(f(7.2))":
+G"(f(7,2)V=(f(7,2)}p] 2 0. (36)

Using Inequality (31), we get:
zZ= 4 €. (37)
Y

Thus, (7,z, p = 0) satisfies the dual constraints.
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Now, using Equations (30) and (31), we obtain:
G'(f(3,2)V=f(5,2) =2'E (38)
Furthermore, « > 0, then we obtain Z € Np(f). Furthermore, D is a compact convex set.
zTF = s(z|D). (39)

Thus, after using (20), (29), (38) and (39), we get that the values of the objective functions of
(NSOP) and (NSOD) at (7,z,7,p = 0) and (7,2, 7,§ = 0) are the same. By using duality Theorems 1
and 2, it is easily shown that (7, z, 7,4 = 0) is an optimal solution of (NSOD). [

Theorem 4 (Strict converse duality theorem). Let (3, @, , §) be an optimum of problem (NSOD). Let:
(i) [G"(f(3,®))Vof(3,@)(Vof(,@))T + G'(f(5,®)) Vo f (3, @)] is positive or negative definite,
(if) {G"(f( 8,))Vof (5,0) + F+ {G"(f(5,0)) Vo f(5,0) (Vo f (3,®)) + G'(f(5,0))

f(5,@)} }
(ii) { 7'{G" (f(0,@))Vof (8,@) + T+ G"(f(8,®)) Vo f (3,®)(Vof (v,1))"
(f

+G (17,w))vwf(z7,w)}} =0.

vvv

Then, § = 0, and there exists 7 € B such that (§,%,7, p) is an optimum for the problem (NSOP).

Proof. The proof follows on the lines of Theorem 3. [J

4. Conclusions

In this paper, we considered a new type of non-differentiable second-order symmetric
programming problem over arbitrary cones and derived duality theorems under generalized
assumptions. The present work can further be extended to non-differentiable higher order fractional
programming problems over arbitrary cones. This will orient the future task of the authors.
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Abstract: In this paper, Thiele-Newton’s blending expansion of a bivariate function is firstly
suggested by means of combining Thiele’s continued fraction in one variable with Taylor’s polynomial
expansion in another variable. Then, the Viscovatov-like algorithm is given for the computations of
the coefficients of this rational expansion. Finally, a numerical experiment is presented to illustrate
the practicability of the suggested algorithm. Henceforth, the Viscovatov-like algorithm has been
considered as the imperative generalization to find out the coefficients of Thiele-Newton’s blending
expansion of a bivariate function.

Keywords: bivariate function; divided difference; inverse difference; blending difference; continued
fraction; Thiele-Newton’s expansion; Viscovatov-like algorithm

1. Introduction

The interpolation and expansion of a function are two of the oldest and most interesting
branches in both computational mathematics and approximation theory. Most often, they have
a natural link with their corresponding algorithms, such as Newton’s interpolatory formula and
its divided-difference algorithm, Thiele’s interpolating continued fraction and its inverse-difference
algorithm, Thiele’s expansion of a univariate function and its Viscovatov’s algorithm, and so on.
For the function f being a univariate function, such problems have been extensively investigated,
and abundant research results have been achieved. Some surveys and a complete literature
for the problems in single variable interpolation and expansion can be found in Cheney [1],
Hildebrand [2], Davis [3], Alfio et al. [4], Gautschi [5], Burden et al. [6], and the references therein.
However, in comparison to the broad research and application of the univariate interpolation and
expansion problems, much less attention has been paid to the problems associated with multivariate
interpolation and expansion, and the study of multivariate rational interpolation and expansion is
even less. However, fortunately, there exists some literature discussing the multivariate rational
interpolation and expansion problems. We mention the works of Baker et al. [7,8], Kuchminskaya [9],
Skorobogatko [10], Siemaszko [11], Viscovatov [12], Graves-Morris [13], Cuyt and Verdonk [14-17],
Moller [18], Zhu et al. [19], Gu et al. [20,21], Tan et al. [22-28], and the references therein for results
concerning the multivariate rational interpolation and expansion.

Skorobogatko applied the idea of the branch to the continued fraction from about the 1960s to
the 1980s, which ushered in a new era of the research on the theories and methods of the continued
fraction [10]. In 1983, the concept of the Thiele-type interpolation by the continued fraction in one
variable was generalized to the multivariate case by Siemaszko [11], and the Thiele-type branched
continued fractions were obtained and an algorithm for the computation of the limiting case of
branched continued fractions for bivariable functions suggested. Furthermore, in the 1980s, based
on the so-called symmetric branched continued fraction, Cuyt et al. [14-16] introduced a symmetric
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interpolation scheme and studied the expansion of a bivariate function by using this method and
technique. By following the prior works, in 1995, Zhu et al. [19,22] discussed the vector-valued rational
interpolants by branched continued fractions. In 1997, Gu et al. [20,21] investigated the problem
about matrix-valued rational interpolants. In the meantime, Tan et al. engaged in studying bivariate
rational interpolants and obtained tremendous scholarly achievements in this field [22-28]. In 2007,
Tan summarized the research results concerning the theory of the continued fraction and published
the famous book The Theory of Continued Fractions and Their Applications. This book has played an
important role in promoting some modern research about the continued fraction. Furthermore, there
are a few works and references about the application of the continued fraction in image processing,
such as the literature of Hu and Tan [29,30], Li et al. [31].

As we all know, Taylor’s expansion of a function is likely to be the best known and most
widely-used formula for the function approximation problem. If f is a function of a univariate
x and the derivatives of all orders are uniformly bounded in a neighborhood U(¢), then for each x in
U(&), f(x) can be expanded into the following Taylor’s formula about &:

fx)=Co+Ci(x—§) +Cox =&+ + Culx —f + -+,

where C;, = % f (k) (&),k=0,1,2,.... On the other hand, the function f(x) can also be expanded about
¢ in terms of the continued fraction, which is in the form of the following;:
x—¢ ‘ x—¢ ‘
+
dq |

xfé‘

n

f(x)=do+‘ +-~-+‘ o

where dy € R,k =0,1,2,.... Here, the above formula is called Thiele’s expansion for f(x) about ¢.
There is a famous algorithm to compute the coefficients dg, d1, da, . . ., of Thiele’s expansion, which is
called Viscovatov’s algorithm. We can see the references [16,28].

Motivated by the results concerning the univariate function, in this paper, we consider the rational
expansion by Thiele’s continued fraction of a bivariate function and give a Viscovatov-like algorithm
for the computations of the coefficients. As a preliminary to our discussions, Thiele-Newton’s
interpolation needs to be introduced first. In the works [25,28], the so-called Thiele-Newton’s
interpolation was suggested to construct bivariate interpolants by Tan et al. Its main idea is to combine
Thiele’s interpolating continued fraction in one variable with Newton’s interpolating polynomial in
another variable to hybridize a new interpolation, which is defined as below:

x—x|, x—x]| . x—xm,l‘

TNun(x,y) = to(y) + ‘ h) ‘ h) +o ‘ ) 1)
where:
ti(y) =@rn(x0,- -+, xi;y0] + (¥ — yo)prNI[x0, -, Xis Yo, y1]
+o W=y —y1) (= yn-D)@rnlxo XYoo Yl )

fori = 0,1,...,m,both X = {x;]i € N} and Y = {y;|j € IN} are two sets of points belonging to
R, and prn[xo, - -, %;; Yo, - ;] denotes the blending difference of the function f(x,y) at points
Xo,---,Xi; Yo,---,Yj. Suppose that any blending difference grn[xo,- -, x;; o, -+ ,y;] exists. Then,
one can easily confirm that:

TNm,,,(x,-,yj) :f(xf,yj), i=01,....,m; j=01,...,n

The limiting case of Thiele’s interpolating continued fraction expansion of a univariate function
has been discussed in the literature [26]. With the inspiration of the limiting case, Thiele-Newton’s
expansion of a bivariate function is yielded when all the points in sets X = {x;/i € N} and Y = {y;|j €
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IN} are coincident with certain points ¢ and , respectively, from Equations (1) and (2), or in other
words, a bivariate function f(x,y) has Thiele-Newton’s expansion of the following form:

s 2ol 2=l e
where:
Li(y) = aio +ain(y — ) + ain(y = §)* +aialy — 0> +- - @

for all i € IN. Therefore, there exists a question about how to calculate the unknowns a;;,i =
0,12,...,j=0,1,2,...,in Equation (4).

The aim of this paper is to find an algorithm for the computations of the coefficients of
Thiele-Newton’s expansion of a bivariate function. The paper is organized as follows. In Section 2,
we briefly recall some preliminaries for Thiele’s continued fraction and Thiele-Newton’s blending
interpolation. In Section 3, we suggest Thiele-Newton’s blending rational expansion and prove the
Viscovatov-like algorithm. In Section 4, numerical examples are given to illustrate the application
of the Viscovatov-like algorithm. Throughout the paper, we let N and i stand for the set of natural
numbers and the set of real numbers, respectively.

2. Preliminaries

In this section, we briefly review some basic definitions and results for Thiele’s continued fraction,
Thiele’s expansion of a univariate function, and blending interpolation. Some surveys and complete
literature about the continued fraction could be found in Cuyt et al. [14-16], Zhu et al. [19], Gu
et al. [20,21], and Tan et al. [25,26,28].

Definition 1. Assume that G is a subset of the complex plane and X = {x;|i € IN} is a set of points belonging
to G. Suppose, in addition, that f(x) is a function defined on G. Let:

flxi] = f(x),i €N,

flxi] — flx)]
fla] = Xj = X; =,
Flxiy ;3] = %:f}[]]
and:

Xi,ooo, Xi, X1 — [ | X500, X5, X,
Fltt 5] = AL X = Pl 2
Xp— Xk

Then, f(x;, ..., xj, xi] is called the divided difference of f(x) with respect to points x;, .. ., Xj, X

Definition 2. Assume that G is a subset of the complex plane and X = {x;|i € IN} is a set of points in G.
Suppose, in addition, that f(x) is a function defined on G. We let:

plxil = f(x;),i € NN,
Xi — X]'
plxi] —plx;]”
X — x]-
plxi, xi] — plxi, x]

P[xi/ x]} =

p[xj, Xj, Xk} =
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and:

x| — Xg
olxi, o xjx] = plxi o, xj, ]

plxi - X, Xk, Xg) =

Then, plx;, . .., xj, ;] is called the inverse difference of f(x) with respect to points x;, . .., xj, X.

Definition 3. Assume that G is a subset of the complex plane and X = {x;|i € N} C G is a set of points.
In addition, let f(x) be a function defined on G, and let:

X — Xo X — Xp—1
Ry(x) = plx +’—‘+-..+ 3 5
n( ) p[ O] P[XO,X]} p[x()/xl/"‘/x’l} ( )

where p[xg,x1,...,x;],i =0,1,2,...,n, is the inverse difference of f(x) with respect to points xo, x1, . .., X;.
Then, Ry, (x) is called Thiele’s interpolating continued fraction of order n. It is easy to verify that the rational
function satisfies the following conditions:

Ru(xi) = f(x;),i=0,1,2,...,n.

When all the points in the set X = {x;|i € IN} are coincident with a certain point { € G, Thiele’s
expansion of a univariate function f(x) at x = ¢ is obtained as follows:

xfg‘
d

n

+eee, ©)

f(x):do+‘x;§‘+‘X7§‘

oot
1 2 \

where d; € R,k = 0,1,2,.... Moreover, if f(x) is a function with derivatives of all orders in a
neighborhood U(¢), then Taylor’s expansion of the function f(x) at x = ¢ is denoted as below:

,(10) = % f (n) (¢),n=0,1,2,... A famous method, called Viscovatov’s algorithm (see [16,28]),
is available for the computations of the coefficients dg,dy,d>, ..., of Thiele’s expansion, which is

formulated as follows.

where C

Algorithm 1. Viscovatov’s algorithm to calculate the coefficients do, dy,dy, . . . :
c® = fig)y/iti=0,1,2,...,
do = (I
4 =1/c,

M =-cV/ciz1,
4 — -2 ,c0-D)
1= %Y1 /Cl =2,
cl=cl?-actViz11>2

Remark 1. Clearly, by applying Viscovatov's algorithm, we can carry out computations step by step for the
coefficients do,dy,do, . . ..

In [25,28], the method known as Thiele-Newton’s blending interpolation was suggested to

construct bivariate interpolants by Tan et al. Before the method can be introduced, we recall the
definition concerning the blending difference.
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Definition 4. Assume that I, = Xu X Yy, where X,y = {x;li = 0,1,2,...,m} C [a,b] C Rand
Yo = {yjli = 0,1,2,...,n} C [c,d] C Rare two sets of points. Suppose that f(x,y) is a function of two
variables defined on D = [a, b] x [c,d]. Let:

erN[xisyjl = f(xi,y)), (xi,y;) €D,
_erN[XsYg] — eTN[Xi Yy

XiiYp Ygl = ,
(PTN[ iYp yq} Yo 1y
Xi;Ypr---sYq, - Xi;Yp, e, Yag,
PTNIXS Yps - Ya, Y, Ys) = QTN Yp -1 Y Y] - PTN[XiYp, - Yg yr],
Ys —Yr
[ ] A
Xi, Xi;Yp] = ,
PINGL 5 erN[x;yp] — eTn(XiYp]
Xp — Xx

Xiye oo Xi) Xp, XI5 Y] =
PTN[Xir - Xjs X 134y PTNIXis -+, X}, X1 Yp] — QTN[Xis -+ -, X}, Xi5 Yp)

and:

INXis oo X5 Y Yo, Ys] — QTNIXis o X5 Y, Y, ]
(PTN[xiw~-/xl?ypr~~-/yq/yrrys] _ ¢ i yp yﬂ yy: _;or i ]/p y‘i Yr )

Then, pTN|[X0, - -, Xi; Yo, - - -, ;] is called Thiele-Newton’s blending difference of f(x,y) with respect to
the set of points I1; ;.

Remark 2. From Definition 4, it is easy to see that the first recurrence relations on Thiele-Newton'’s blending
difference Tn[Xo, - - -, Xi; Yo, - - -, yj] are just the inverse difference of f(x,y) with respect to the variable x, and
the second recurrence relations are only the divided difference of f(x,y) with respect to the variable y.

Next, recall Thiele-Newton’s interpolation TNy, ,(x,y), as shown in Equations (1) and (2). In
order to calculate this rational interpolation, we need to utilize the following algorithm whose main
operation is matrix transformations (see [23,28]).

Algorithm 2. Four main steps for the algorithm to calculate Thiele-Newton’s interpolation are as follows:

e  Step 1: Initialization. Fori = 0,1,...,m; j = 0,1,...,n, let fi(j.)m = f(xf,yj). Define the
following initial information matrix:

0,0 0,0 0,0
food A fe)
(0,0) 00) f(O,O)
MO _ 0,‘1 1,.1 . m.,l
(6,0) ((.),0) . (('),0)
0,n 1,n m,n

e  Step 2: Thiele’s recursion along the X-axis. For j = 0,1,...,m; p = 1,2,...,m; i = p,p +
1,...,m, compute:

Xi — xp,1

= e
L] -1,0 -1,0
fif —f Priw’
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and construct the following information matrix:

(0,0) (1,0) . f(m,O)
%]o) 1(’100) r("y}?())
M] _ fO/.l fl,.l o fm,l
00 10 im0
(g/n ) 1(,r1 ) o fr<n,n )

e Step 3: Newton’s recursion along the Y-axis. Fori = 0,1,...,m;q = 1,2,...,n;, ] = q,9+
1,...,n, compute:

(bq=1) _ (ig=1)
- fifm =g
v Yji—= Y1

and construct the following information matrix:

(0,0) (1,0) (m,0)

0,0 1,0 e fm,O
On Ay gl
M, = 0,.1 1,'1 m1
On)  On) )
0n 1n e mn

e  Step 4: Establish Thiele-Newton’s interpolation. Fori = 0,1,...,m, let:

) = £+ =y fo )+ = vy =) (= ) .

Then, Thiele-Newton’s interpolation is established as follows:
X — X X — X1 X — Xip—1
TNmn(x,y) =to + + +-+ ,
) =m0 ) [aaw) ba)

TNm,n(xiryj) = f(xiryj)

which satisfies:

fori=0,1,...,mj=0,1,...,n

Remark 3. Obviously, forany i € {0,1,...,m}, by using the elements fl(;])’] =0,1,...,n,inthe (i +1)th
column of the information matrix My, Newton's interpolating polynomial t; , (y) with respect to the variable y
can be constructed.

3. Thiele-Newton’s Blending Expansion and the Viscovatov-Like Algorithm

In this section, our main objective is to expound on Thiele-Newton’s blending rational
expansion of a bivariate function and show the Viscovatov-like algorithm that finds the coefficients of
Thiele-Newton's expansion.

3.1. Thiele-Newton'’s Blending Expansion

Definition 5. Assume that I1 = X x Y with 11 C D = [a,b] X [c,d], where X = {x;]i = 0,1,2,...} C
[a,b] CRandY = {y;|j =0,1,2,...} C [c,d] C Rare two sets of points. Suppose, in addition, that the point
(&,¢) € Dand f(x,y) is a bivariate function defined on D. Let all the points in the set X = {x;|i =0,1,2,...}
and Y = {y;|j = 0,1,2,...} be coincident with the given points § and {, respectively. Then, Thiele-Newton's
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interpolation TNy, (x,y) of a bivariate function f(x,y) defined in Section 2 turns into Thiele-Newton’s
blending expansion of the bivariate function f(x,y) as shown below:

C\
CoME

e = dots) + o ‘+---, )

where:

di(y) = aio+ain(y— Q) +aip(y — ) +aiz(y— )+ ®)

foranyi € IN.

Obviously, a main topic for further discussion is how to calculate the coefficients d,(y),i =
0,1,2,...,in Equation (7), or in other words, how to compute the coefficients a;j,i=0,12,...;j=
0,1,2,...,in Equation (8). In order to handle the problem that we are facing in the bivariate case, we
introduce the following algorithm.

3.2. Viscovatov-Like Algorithm

Suppose that f(x,y) is a bivariate function of two variables x and y. If y is held constant, say
y = {, then f(x,) is a function of the single variable x. Likewise, f(,y) is also a function of the single
variable y when x is regarded as a constant, i.e., x = §. We use the notation: DY f(x, y) denotes the
m-order partial derivative of f(x,y) with respect to x. Similarly, the n-order partial derivative of f(x,y)
with respect to y is denoted by Dy f(x, y). Furthermore, DY f (¢, ) and D} (¢, {) denote the values of
DY f(x,y) and D} f(x,y) about the point (x,y) = (¢, {), respectively. Let:

0
c¥(y) = 5 DEF(Ey) k=012,
Then, the bivariate function f(x,y) can be expanded formally about the point ¢ as follows:
0 0 0
fay) =)+ W=+ + -+ ©)
From Equations (7)-(9), we give the Viscovatov-like algorithm, which finds out the coefficients of
Thiele-Newton’s expansion d;(y),i = 0,1,2,...,and a,-,j,i =0,1,2,...;7=0,1,2,..., as described by

the following algorithm.

Algorithm 3. Viscovatov-like algorithm to calculate the coefficients d;(y),i = 0,1,2,..., and ai,j,i =
0,1,2,...;j=0,1,2,...:

c(y) = DLF(& ) /iti = 0,1,2,.

aoly) = CVy) = F& ),

h(y) = 1/¢0(y),

cMy) =~ 3)1@) Vy)iz1,

di(y)=c{* <y>/c<’ Viy)iz2,

c,-”<y>:c,+1 W) —dCc N wniz11>2,
= D}di(g)/jl,i=0,1,2,...;j = 0,1,2,....

Proof of Algorithm 3. First, we compute the coefficients dy(y) and d1(y). Considering the two
expansions (7) and (9), we have:

&)+ W) -0+ W) — 0+ = doly) ‘dl g‘ et ‘ds ‘+-~~- (10)
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Letting x = ¢, from Equation (10), one can clearly get:
0
do(y) = Cy () a1
Combining Equation (11) with Equation (10), we have:

x=¢ x—¢ 1

B 1 7 R LT e L T e o e
Let x = ¢ in Equation (12). Then, we can easily obtain:
() = 5 (13)
)
Next, by mathematical induction, we shall prove that the following equation:
di(y) = w (14)
G W

is true for all [ > 2.
When | = 2, we shall verify that Equation (14) holds. Substituting Equation (13) into Equation (12),
we have:

xf{f‘Jr xféuu._ 1 1
[&0) " [Bo) T Lo ) P -
C 1+ 2 _ 3 _ 72 - (y)
1 () Cio)(y) (x=¢)+ Cgo)m (x=8)+ 1
© ©
G0+ Gy =0
_ Gl () ) (15)

W+ -8+ ) x -2+

which implies that:
PR S R e IR ) R ) (C R ) (Gt EUREO
[d3(y) [ daly) Ay Py (x—&)— ) (x—gP2—-
v w '
Let:
(0)
C;
cMy)=- o (y),i =1,23,.... 17)
G ()
Then, it follows from the identity (16) that:
P St N | IR ) R & ) (Gt IR ) [C St R
Z(y)+‘d()+‘d()+.”_ (1) (1) (1) 2 ’ (18)
3y 4y G W+G WE-+CG -5+
Using x = ¢ in Equation (18) yields:
(0)
C
dy(y) = ct”gi' (19)
1

which implies that Equation (14) is true for | = 2.
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When | > 3, assume that Equation (14) holds for any [ = n,n = 3,4, .... Then, let us prove that
Equation (14) is also true for /| = n + 1.
By assumption, we have the following equation:

(n=2)
C
aiyp) = S 20)
S
holds.
Referring to Equation (18), we assume that the following equation:
; e \ ¢, G rG W0+ W e o
n(y) + ‘ d ‘ d ) o1 (n=1) (n=1) 2 @1)
1y 2 y C1 W+G TWE-O+CG W=+
is true, where:
Oy =c P ) - dy)ct V) k=n—2,n-Ln>2i=123,. (22)
Combining Equation (20) with Equation (21), one has:
xfé‘ xfg‘
+
‘ A1 (y ‘ dys2 ]/)
APy +c ><y>< -9 +c<”‘2><y>(x—:>2+~~ ")
T =) 1) (n—1)
w1+ G- 0+ S gp | O
(AP -t VW) k=0 + (P @) — ) VW) (x =P+ )
"+ V- + V)2
Let:
") =" P y) - daC V)i =123, (24)
Then, Equation (23) is rewritten as follows:
dua () + 2 e GG G et o
nt dri2(y) " [dns(¥) AW+ W) -0+ W) (-2
Using the above Equation (25) with x = ¢ produces:
(n=1)
C
dn+1 (y) = l(T(y)r (26)
G (v)

which means that Equation (14) holds for [ = n 4 1.

As is shown above, Equation (14) is true by mathematical induction for all I > 2. Meanwhile, we
show that Equation (24) is also true for any | = n,n > 2.

Moreover, by differentiating Equation (8) j times with respect to the variable y, one has:

+1)'( (j+2)

Djd;i(y) = ajjt + ”i,j+1(]7 y—0) +aiu—m—(y—0)°+ (27)
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Notice y = ¢, from Equation (27), and we immediately obtain:

Dédi(g)
j!

Lli’j =

(28)

fori € Nandj e IN.

Therefore, associating Equation (28) with Equations (11), (13), (14), (17), and (24), we have shown
the desired conclusion denoted by Algorithm 3. This completes the proof. [

4. Numerical Experiments

In the section, we give the results of numerical experiments to compare the efficiency of
Thiele-Newton’s blending expansion (7) with series expansion of bivariate functions.
For |x| <1, ly| < 1and x # y, given the following two test functions:

Ailny) = o I =) ~In(1-y) 29)
and:
_ x? A 2xy[In(1—x) —In(1—y)]
PN = a e T a ey CEme ' (30)

where In(z) gives the natural logarithm of z (logarithm to base ¢). We shall discuss Thiele-Newton’s
blending expansions of Equations (29) and (30), respectively.

First of all, let us consider Thiele-Newton’s blending expansion of the bivariate function f; (x, y)
defined by Equation (29) at the point (&, {) = (0,0). Therefore, using the Viscovatov-like algorithm, we
can obtain the coefficient using the notation ll{: ]] of Thiele-Newton’s expansion of fi(x,y). Some values

ofa{},i=O,l,2,...,m,...;j=0,1,2,...,n,...,areshowninTablel.

Table 1. The coefficients u{ ; of Thiele-Newton’s expansion of f;(x, y) given by Equation (29).

' . . . .
a; j=0 j=1 j=2 j=3 j=4
. 1 1 1 1
i=0 1 2 3 i 5
_ 4 1 8 31
i=1 2 3 "9 TiB T80
j—o _3 7 _293  _ 29 _ 33869
- 4 16 960 1280 179200
i—3 16 88 191 10264 194491
- 15 225 23625 708750

Thus, Thiele-Newton’s blending expansion of f1(x,y) at (¢,{) = (0,0) is denoted in the form:

1 1, 14 1
— RO 1t oyt PP+ ot e
floy) =RMoy) =14y + 29"+ 79" + 21" +

x \

+
_ 4, 1.2 8 3 _ 314, .
‘2 3Y oY — 1Y —sod T
+ - ‘
_3_ 74, _29.2_ 29 .3 _ 33869 4 .
‘ 1 16Y — 560Y” — 12809 — 1792004 T
+ : . (31)
— 8. 191, o 102643 _ 194491 4 , . ' -
‘ 16 — 35y — 2259 — 23625 Y° — 7087509 T
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For m = 2,n = 3, taking into account the truncated Thiele-Newton’s blending expansion
R’,[nl/,, (x,y) of Rf1(x,y) expressed by the above Equation (31), one can have:

2 3
fi — v,y v .
R2/3(x,y)71+2+3+4+2 4y7%y27%y37

(32)

4 — x
oyt Gy oy’

On the other hand, the bivariate function f;(x, y) defined by Equation (29) can be expanded at
the point (¢,¢) = (0,0) by means of the Appell series F1/1(a, b, ¢c;d; x, y) denoted for |x| < 1, |y| < 1
and x # y by the following bivariate series (see [17]):

& (@)igj(B)ile)j ;
F1i(a,b,c;d; x,y) = SRR ) (33)
( 2 i,]Z::o @it Y
where a = b = ¢ = 1,d = 2, and the Pochhammer symbol (7). represents the rising factorial:
(Ok =t +D)(r+2) - (t+k-1) (54)
forany T € R (see [17,32]). In particular, (1)g = 1, (1) = k!, (2); = (k+ 1)L
For Equation (33), the following polynomial:
f o G @ig(0)ile);
Fljs u(a,b,c;d; x,y) = L Z T X'y (35)
—0j=0 i
is defined as the (1, n)-order truncated Appell series, where m € IN and n € IN.
By Equations (33)—(35), we have:
W) =FNLLL2xy) = ) ey 36
fi(x,y) ( x,Y) i;01+]+1xy (36)
and for m = 2,n = 3, the (2, 3)-order truncated Appell series is given by:
2 2 2 2 422 3 3 42,3
h Dxy) =14 X Y XYY Yy Y Ay XY
F12/3(1,1,l,2,x,y)71+2+ 3 5t 3 Tt 3 Tt 5 Tt 5 + 6 (37)

Second, performing similar operations for the bivariate function f>(x, y) defined by Equation (30),
this gives the coefficient of Thiele-Newton’s expansion, which is denoted by the notation a{ ; Some

valuesofa{;,i:0,1,2,,..,m,...;j =0,1,2,...,n,...,are listed in Table 2.

Table 2. The coefficients u{, 5 of Thiele-Newton’s expansion of f,(x, y) given by Equation (30).

“{2; j=0 j=1 j=2 j=3 j=4
i=0 1 1 1 1 1

4 5 4 17
i=1 1 -3 13 35 T620
i— 1 7 221 151 10721
- 6

180 120 8400
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Therefore, according to the values of uf? i = 0,1,2,...,;j = 0,1,2,..., in Table 2,
the Thiele-Newton’s blending expansion of f»(x,y) at (&,{) = (0,0) can be written as:

hlxy) =R2(xy) =1+y+y> +°> + v+
+ 4 5 351 17 ‘
1= 3y + v + 59’ + iyt +
X

+
{7, _ 21,5 15l _ i
‘ 1= 8y = Tov* — 0¥’ — saoo v* +-

Ity (38)

The corresponding truncated Thiele-Newton's blending expansion Rg%s (x,y) of R2(x,y) is

X
RE (v y) =1+y+y2+1°+ ‘ (39)

1-4y+ + —— S
AR T T T

By a similar technique, consider the Appell series for the bivariate function f,(x,y) expanded
about the point (¢, ) = (0,0),

1)z+ (2) (2) (l‘-i-l)('—i-l) ;s
f2 :2; = y iy = Ur U= i
F1/2(1,2,2;2;x,y) i} @i x'yl = 1} REESES x'yl. (40)

The (2,3)-order truncated Appell series for f>(x,y) is

1f2(1222xy)71+x+x +y+ xy-i— xy+y+ xy+ xy +y7+ xy Spox?ys. (41)

Considering the errors, we let:

ey = (v y) — R () (42)

and:

EJSy = fi(x,y) — F134(a,b,c;d; x,y) 3)

fork=1,2.
Table 3 lists various values of (x,y), together with the values of the bivariate function f;(x,y),
the truncated Thiele-Newton’s blending expansion R§13(x y), and the truncated Appell series

fi

F1£13(1, 1,1;2;x,y). Furthermore, for comparison purposes, the values of errors 623 and Ef 23 are

i

given in this table. It can be seen from Table 3 that the error e,’; using the truncated Thiele-Newton’s
blending expansion R 13 (x,y) is less than when using the truncated Appell series F 1f L (1,1,1;2;x,y),
which gives the error Ef ',. Similarly, displayed in Table 4 are the numerical results for the bivariate
function f>(x,y) deﬁned by Equation (30). Thus, these results illustrate that the approximation by the

truncated Thiele-Newton's blending expansion is clearly superior in the two test examples.



Mathematics 2019, 7, 696

Table 3. Comparison of the numerical results by using Rjz‘fs(x, y)and F 1?/3(1, 1,1;2;x,y).

() fi(xy) Rl (v,y) el 15(1,1,1;2:%, ) ELl
(0.6,0.5) 2231435513142  2.175811138576 5.56244 x 1072 2.007583333333 2.23852 x 107!
(0.5,0.4) 1.823215567940  1.801574172062 2.16414 x 102 1.731400000000 9.18156 x 1072
(0.4,0.3) 1.541506798273  1.534197264544  7.30953 x 1073 1.506843333333 3.46635 x 1072
(0.3,0.2) 1.335313926245  1.333336425463 197750 x 1073 1.324153333333 1.11606 x 102
(0.2,0.1) 1.177830356564  1.177455592535  3.74764 x 10~* 1.175210000000 2.62036 x 1073
(0.09,0.1)  1.104983618659  1.104936257854  4.73608 x 107> 1.104746383333 2.37235 x 1074

(0.08,0.09) 1.092907053219  1.092875387558  3.16657 x 1075 1.092744392933 1.62660 x 104
(0.07,0.08) 1.081091610422 1.081071421327 2.01891 x 103 1.080985191467 1.06419 x 10~4
(0.05,0.06) 1.058210933054  1.058204252599  6.68046 x 10~° 1.058173883333 3.70497 x 10~°
(0.06,0.05)  1.058210933054  1.058202709844 822321 x 10~° 1.058150458333 6.04747 x 1075
(0.04,0.05) 1.047129986730  1.047126709307  3.27742 x 10-° 1.047111416666 1.85701 x 107°
(0.05,0.04) 1.047129986730 1.047125552862  4.43387 x 10-° 1.047095800000 3.41867 x 107°
(0.03,0.02) 1.025650016719  1.025649181797  8.34922 x 1077 1.025642954533 7.06219 x 1070
(0.02,0.03) 1.025650016719  1.025649615899  4.00820 x 1077 1.025647765133 2.25159 x 10~°
(0.02,0.01) 1.015237146402 1.015236912398  2.34003 x 1077 1.015235095400 2.05100 x 10~°
(0.01,0.02) 1.015237146402 1.015237085235 6.11671 x 108 1.015236857467 2.88935 x 107

Table 4. Comparison of the numerical results by using Ry’

f2

(x,y) and F1£f3(1,2, 2;2;x,Y).

(xy) fa(xy) RJ (x,y) o F1/5(1,2,2:2:x,y) Ef,
(0.4,0.3) 2527646365268  2.541958340395 —1.43120 x 102 2.314840000000 2.12806 x 10!
(0.3,0.2) 1.833375742200  1.834880020667 —1.50428 x 103 1.774760000000 5.86157 x 102
(0.2,0.1) 1.399789684856  1.399902542529 —1.12858 x 104 1.387786666667 1.20030 x 102
(0.09,0.1) 1.225048763570  1.225046790051 1.97352 x 106 1.223971000000 1.07776 x 103

(0.08,0.09) 1.197590738753  1.197589594868 1.14389 x 10~° 1.196860955200 7.29784 x 104
(0.07,0.08) 1.171129067101  1.171128457172 6.09930 x 10~7 1.170657476267 4.71591 x 104
(0.06,0.07) 1.145615802753  1.145615507616 295138 x 107 1.145329149600 2.86653 x 1074
(0.05,0.06) 1.121005830888  1.121005702793 1.28095 x 107 1.120845560000 1.60271 x 104
(0.06,0.05) 1.121005830888  1.121006469601  —6.38713 x 107 1.120749100000 256731 x 104
(0.04,0.05) 1.097256671169  1.097256621117 5.00525 x 10~8 1.097177266667 7.94045 x 105
(0.05,0.04) 1.097256671169  1.097256985627  —3.14458 x 10°7 1.097113306667 1.43365 x 104
(0.03,0.02) 1.052182967898 1.052183005275 —3.73770 x 108 1.052154046400 2.89215 x 105
(0.02,0.03) 1.052182967898 1.052182961331 6.56692 x 107 1.052173533600 9.43430 x 10~
(0.02,0.01) 1.030785077555 1.030785083180  —5.62544 x 109 1.030776771467 8.30609 x 10~
(0.01,0.02) 1.030785077555  1.030785075750 1.80440 x 102 1.030783868267 1.20929 x 10~©

5. Conclusions

From Section 3 in the paper, it is clear to see that we generalized Thiele’s expansion of a
univariate function to the bivariate case. Thus, we obtained a rational approximation method,
say Thiele-Newton’s blending expansion of a bivariate function. Furthermore, we suggested the
Viscovatov-like algorithm, which calculates the coefficients of Thiele-Newton’s expansion and
gave the proof of this algorithm. Finally, the application of the Viscovatov-like algorithm was
given. Numerical experiments and comparisons were presented in Tables 3 and 4, showing that
Thiele-Newton’s blending expansion performed much better approximation than the polynomial
expansion. Moreover, the next step in the research work is the consideration of a vector case by a
similar technique.
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Abstract: This manuscript contains the development of a one-point family of iterative functions.
The family has optimal convergence of a second-order according to the Kung-Traub conjecture.
This family is used to approximate the multiple zeros of nonlinear equations, and is based on the
procedure of weight functions. The convergence behavior is discussed by showing some essential
conditions of the weight function. The well-known modified Newton method is a member of the
proposed family for particular choices of the weight function. The dynamical nature of different
members is presented by using a technique called the “basin of attraction”. Several practical problems
are given to compare different methods of the presented family.
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1. Introduction

Solving nonlinear equations (x) = 0, where function h(x) is defined as 7 : O C R — Rin an
open interval (), is a delightful and demanding task in many applied scientific branches, such as
Mathematical Biology, Physics, Chemistry, Economics, and also Engineering, to name a few [1-4].
This is mainly because problems from these areas usually include needing to find the root of a
nonlinear equation. The huge value of this subject has led to the development of many numerical
methods, with most of them having an iterative nature (see [5-7]). With the advanced technology
of computer hardware and the latest software, the topic of solving nonlinear equations by using
numerical methods has gained additional significance. Researchers are utilizing iterative methods for
approximating the solution, since closed-form solutions cannot be obtained in general. In particular,
here we consider iterative methods to compute a multiple root (say, «) with multiplicity m > 1,
ie., h<k)(uc) =0,k=0,1,2,..,m—1and h(”’)(tx) # 0, of the equation h(x) = 0.

There are a plethora of methods of an iterative nature with a different order of convergence,
constructed to approximate the zeros of Equation /(x) = 0 (see [8-18]). The computational efficiency
index is a very effective mechanism, defined by Ostrowski in [19] which categorizes the iterative
algorithms in the form of their convergence order p. and the function evaluations d required per
iteration. It is formulated as I = pg/ . The higher the computational efficiency index of an iterative
scheme, the better the scheme is.

This idea becomes more rigid with Kung-Traub’s conjecture [20], which imposes an upper bound
for the convergence order to be limited with fixed functional evaluations. According to this conjecture,
an iterative scheme which requires a d number of function evaluations can attain the convergence
order p, = 24-1 The iterative methods which obey Kung-Traub’s conjecture are optimal in nature.

Mathematics 2019, 7, 655; d0i:10.3390 / math7070655 159 www.mdpi.com/journal /mathematics
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The most basic and widely used method is the well-known modified Newton’s method:

h(xn)
h (xn)
This method can efficiently find the required zero of multiplicity, m with a quadratic order of
convergence, provided that the initial approximate xy is sufficiently nearer to zero [8]. In Traub’s
terminology (see [2]), Newton’s method (1) is called the one-point method. This classical method
attracts many researchers because of its huge applications in several kinds of problems, which are
formulated as non-linear equations, differential equations, integral equations, systems of non-linear
algebraic equations, and even to random operator equations. However, a common issue and main
obstacle in the use of Newton’s method is its sensitivity to initial guesses, which must be sufficiently
nearer to the exact solution for assured convergence. Developing a criterion for selecting these initial
guesses is quite difficult, and therefore, a more effective iterative technique that is globally-convergent
is yet to be discovered. Some other important higher order methods that are based on Newton’s
method (1) have been developed in [11,13,14,21-28].

Recently, Chicharro et al. [28] used the weight function technique to design a class of optimal
second-order one-point iterative methods for simple roots, including Newton’s method. In this paper,
we have applied this technique for the development of a class of optimal second-order one-point
methods for multiple roots. The new proposed family contains the modified Newton’s method and
many other efficient methods. These methods exist when particular weight functions are selected.
Therefore, with a wide range of initial approximations, we can select those methods from the family
which are able to converge towards exact zero, when Newton’s method does not.

The rest of the paper is organized as follows. In Section 2, the technique of the second-order
method is developed and its convergence is studied. In Section 3, the basins of attractors are studied
to check the stability of the methods. Numerical experiments on different equations are performed
in Section 4 to demonstrate the applicability and efficiency of the presented methods. We finish the
manuscript with some valuable conclusions in Section 5.

Xp41 = Xp — M Vn=012.... (1)

2. The Method

For a known multiplicity m > 1, we consider the following one-step scheme for multiple roots:

Xpi1 = Xn — G(v), (2)

where the function G(v,,) : C — C is differentiable in a neighborhood of “0” with v, = :,((’;’;)).

In the next result, we prove a theorem for the order of convergence of the scheme (2).

Theorem 1. Let f : C — C be a differentiable function in a region in which a multiple zero (say, a) with
multiplicity m lies. Suppose that the initial approximate x is sufficiently close to x—then, the iteration scheme
defined by (2) has a second-order of convergence, provided that G(0) = 0, G'(0) = m, and |G"(0)| < oo,
and the error is

2mC; — G (0
entl = (127()>3121 +0(e;), 3
| (m—+k)
where e, = x, — o and Cy = Lfiw)fork e N.

(m+k)! Fm(q)

Proof. Let the error at the n-th iteration be ¢, = x, — a. Using the Taylor’s expansion of f(x,) and
f'(xn) about a, we have that

(m)
fn) =L mf“)ez‘ (14 Crew + Cacl + Cal + O(eh) ). @)
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and
fl(xn) = fw:l,(“)e;”’l (m + (m +1)Crey + (m +2)Cae? + (m 4 3)Czed + o(e‘;)). ®)

By using (4) and (5), we obtained

en Cp o (14 m)—2mCy
Vp = Zn =t + T@% +0(ed).

If we write the expansion-of-weight function G(v,) about the origin by using the Taylor series, then
we have that 1
G(vy) = G(0) +vG'(0) + EVZG//(O)A (6)

By employing the expression (6) in the scheme (2), we were able to obtain the error equation

euir = —G)+ (1= S0, (2GGO GO

oz )+ 0(E)). %)

To obtain the second-order of convergence, the constant term and coefficient of e, in (7) should
simultaneously be equal to zero. This is possible when G(0) and G’(0) have the following values:

G(0)=0, G'(0)=m. 8)
By using the above values in (7), the error equation becomes

2mCy — G (0
eni1 = (127())33: + O(E?r)' (C)]

Hence, the second-order convergence is established. [

Some Particular Forms of G(vy,)

We were able to obtain numerous methods of the family (2) based on the form of function G(v)
that satisfies the conditions of Theorem 1. However, we limited the choices to consider only some
simple functions. Accordingly, the following simple forms were chosen:

(1) G(vn) = mvu(1+a1vu) () Gva) = g 3) G(vn) = iara-, 4) G(va) = m(e” —1)
V24,
(5) G(vy) = mloglv, +1] (6) G(v,) =msinv, (7) G(vy) = (\%,”17;41/»1)2 8) G(vn) = %,

m

where ay, a;, a3, a4 and a5 are arbitrary constants.
The corresponding methods to each of the above forms are defined as follows:
Method 1 (M1):
Xp1 = Xn — mvp(1+ agvy).

Method 2 (M2):

mvy,
Xn41 = Xn — m

Method 3 (M3):
L
Yntl = A g +azmvy,’

Method 4 (M4):
Xpi1 = Xy —m(e™ —1).

Method 5 (M5):
Xp41 = X —mlog(vy + 1).

Method 6 (M6):
Xpt1 = Xy — msinvy.

161



Mathematics 2019, 7, 655

Method 7 (M7):
Un
Xp+1 = Xp — V5 -
T ()’
Method 8 (M8):
. v2 4 vy
=X
" ! % + asvy

Remark 1. The scheme (2) shows a one-point family of second-order methods which needs only two function
evaluations—namely, h(x,) and h' (xy,).

Remark 2. Note that the modified Newton's method (1) is the special case of the above methods—M1, M2,
M3, and M7—if the corresponding constants ay, ap, az,and ay become zero.

3. Complex Dynamics of Methods

Our goal here is to check the complex dynamics of new methods with the help of a graphical tool,
the basins of attraction, of the zeros for a polynomial P(z) in the Argand plane. The nature of the basins of
attraction provides important ideas about the stability and convergence of iterative methods. This idea
was initially introduced by Vrscay and Gilbert [29]. In recent times, most researchers have been using
this concept in their work—see, for example [30,31]. We consider the special cases corresponding to
G(vy) of (2) to analyze the basins of attraction.

The starting approximate z is taken in a region of rectangular shape R € C that contains all the
zeros of P(z). A method, when it starts from point zj in a rectangle, either converges to zero, P(z),or
eventually diverges. Therefore, the stopping criterion is 103 up to a number of 25 iterations.

To show complex geometry, we checked the basins of attraction of the methods M1-M8 on the
following four polynomials:

Problem 1. In this problem, we took the polynomial Py(z) = (2> + 4)2, which has zeros {+2i} with a
multiplicity of 2. We used a mesh of 400 x 400 points in a rectangular frame D € C of area [—2,2] x [—2,2],
and gave the color green for "2i” and red for “—2i". Each initial point from the green region converges towards
"2i", and from the red region it converges to “—2i". Basins obtained for the methods M1-MS8 are shown in
Figure 1. Analyzing the behavior of the methods, we see that the methods M5 and M6 possess lesser numbers of
divergent points, followed by M1, M4, M8, and M2. On the contrary, the method M3 has a higher number of
divergent points, followed by M7.

Problem 2. Let us consider the polynomial P(z) = (z° — z)® having zeros {0, +1} with a multiplicity of 3.
To see the dynamical structure, we considered a rectangular frame D = [—2,2] x [—2,2] € C with 400 x 400
mesh points, and gave the colors red, green, and blue to each point in the basins of attraction of —1, 0, and 1,
respectively. Basins obtained for the methods M1-MS8 are shown in Figure 2. Analyzing the behavior of the
methods, we observe that the methods M5 and M6 have wider convergence regions, followed by M1, M4, MS,
M2, M3, and M7.
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Figure 1. Basins of attraction of M1-M8 for polynomial P (z).
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M5. Mé. M7. MS8.

Figure 2. Basins of attraction of M1-M8 for polynomial P»(z).

Problem 3. Next, consider the polynomial P3(z) = (z* — 622 + 8)? that has four zeros {£2, +1.414. ..} with
a multiplicity of 2. To view attraction basins, we considered a rectangular frame D = [—2,2] x [-2,2] € C
with 400 x 400 mesh points and assigned the colors red, blue, green, and yellow to each point in the basin of
—2,—1.414,...,1.414.. ., and 2, respectively. Basins obtained for the methods M1-M8 are shown in Figure 3.
Observing the behavior of the methods, we see that the methods M5, M8, M2, M3, M4, M1, and M6 possess a
lesser number of divergent points, and therefore, they show good convergence. On the contrary, the method M7
has a higher number of divergent points.
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M5. Mé. M7. Ms8.

Figure 3. Basins of attraction of M1-M8 for polynomial P3(z).

Problem 4. Lastly, we consider the polynomial Py(z) = 20 — 1z° + (14 i)z* — 1(19+3i)2% + L (11 +
51')z2 — i(ll +i)z+ % — 3i that has six simple zeros {1, —1 + 2i, f% — %, i f%, 1—1i}. To view the attraction
basins, we considered a rectangle D = [—2,2] x [-2,2] € C with 300 x 300 grid points, and assigned the
colors red, green, yellow, blue, cyan, and purple to each point in the basin of 1, —1 + 2i, f% — %i, i, f%i, and
1 — i, respectively. Basins obtained for the methods M1-M8 are shown in Figure 4. Analyzing the basins of
the methods, we observe that the methods M5, M8, M2, M3, M4, and M6 possess a lesser number of divergent
points. On the contrary, the methods M1 and M7 have a higher number of divergent points.

M5. Mé6. M7. MS.

Figure 4. Basins of attraction of M1-MS8 for polynomial Py(z).

From the graphics of the basins, we can give the judgment on the behavior and suitability of any
method in the applications. In the event that we pick an initial point z( in a zone where various basins
of attraction contact one another, it is difficult to anticipate which root will be achieved by the iterative
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technique that begins in zy. Subsequently, the choice of zj in such a zone is anything but a decent
one. Both the dark zones and the zones with various colors are not appropriate for choosing zp when
we need to obtain a specific root. The most appealing pictures showed up when we had extremely
intricate borders between basins of attraction. These borders correspond to the cases where the method
is more demanding with respect to the initial point.

4. Numerical Results

In this section, we demonstrate the efficiency, effectiveness, and convergence behavior of the
family of new methods by applying them to some practical problems. In this view, we take the special
cases M1-M8 of the proposed class and choose (a7 = 1/10), (a2 = 1/4), (a3 = 1/10), (a4 = 1/10),
and (a5 = 1/5) in the numerical work.

As we know that the constants a1, a2, a3, a4 and as are arbitrary, there is no particular reason for
choosing these values for the constants, and we chose the values randomly. The proposed methods are
compared with the existing modified Newton Method (1), also known as MNM.

To verify the theoretical results, we calculate the computational order of convergence (COC) by
using the formula (see [32])

COC = log |(xp1 — )/ (xn — “)‘_
log |(xn — &)/ (xy-1 — &)

The computational work was performed in the programming software, Mathematica, by using
multiple-precision arithmetic. Numerical results displayed in Tables 1-4 include: (i) the number
of approximations (1) required to converge to the solution such that |x, 11 — x,| + | f(xx)| < 10719,
(ii) values of the last three consecutive errors |e,| = [x,+1 — x|, (iii) residual error |f(x,)|, and (iv)
computational order of convergence (COC).

For testing, we chose four test problems as follows:

Example 1 (Eigenvalue problem). Eigen value problem is a difficult problem when characteristic polynomial
involves a huge square matrix. Finding the zeros of characteristic equation of a square matrix with order more
than 4 can even be a challenging task. So, we think about accompanying 9 x 9 matrix

[—12 0 0 19 —-19 76 —19 18 437 ]
—64 24 0 —24 24 64 -8 32 376
-16 0 24 4 -4 16 -4 8 R
1 —40 0 0 —10 50 40 2 20 242
M:g -4 0 0 -1 41 4 1 0 25
—40 0 0 18 —18 104 —18 20 462
-84 0 0 —-29 29 8 21 42 501
16 0 0 -4 4 —-16 4 16 —-92
L 0 0 0 0 0 0 0 0 24 |

The characteristic polynomial of the matrix (M) is given as

hy(x) =7 — 2928 + 349x7 — 2261x° + 8455x° — 17663x* + 15927x°
+6993x2 — 24732x + 12960.

This function has one multiple zero & = 3 with a multiplicity of 4. We chose initial approximations
xo = 2.75 and obtained the numerical results as shown in Table 1.
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Table 1. Comparison of performance of methods for Example 1.

M7
M8

228x1071  715x107% 7.03x107* 171 x 10747  2.000
6.63x10720  126x107% 460 x 1077  1.09 x 1077 2.000

Methods n len—a]| len—1] len| fxn) coc
MNM 7 170x10720  684x 107  1.11x107% 590 x 107%1  2.000
M1 7 279x10720 1.90x107% 877 x107%  9.90 x 10-%7*  2.000
M2 7 299x107%  156x107% 427 x107% 837 x10°7%  2.000
M3 6 217x1071%  650x107%7 580x 107 368 x 10748 2,000
M4 7 339x10718  418x107%  632x10772 353 x 107570 2.000
M5 6 579x107% 377x107%  1.60x107% 551 x 10741 2,000
Mé6 7 193x10°20  886x107% 186 x107%  3.69x 1077  2.000

6

7

Example 2 (Beam Designing Model). Here, we consider a beam situating problem (see [4]) where a beam of
length r unit is inclining toward the edge of a cubical box with the length of the sides being 1 unit each, to such
an extent that one end of the bar touches the wall and the opposite end touches the floor, as shown in Figure 5.

S

——
x

Figure 5. Beam situating problem.

The problem is: What should be the distance be along the bottom of the beam to the floor from the
base of the wall? Suppose y is the distance along the edge of the box to the beam from the floor, and let
x be the distance from the bottom of the box and of the beam. Then, for a particular value of 7, we have

x* 443 — 24x% + 16x+ 16 = 0.

The non-negative solution of the equation is a root x = 2 with a multiplicity of 2. We consider the
initial approximate xy = 3 to find the root. Numerical results of various methods are shown in Table 2.

Table 2. Comparison of performance of methods for Example 2.

Methods n len—z]| len—1] len] f(xn) coc
MNM 7 161x10°2  650x 1074  1.06 x 1078  1.86 x 10732  2.000
M1 7 337x107%  255x107% 147 x10°% 564 x 1073 2,000
M2 7 719x107%  194x107%®  141x1077° 134 x10°%°  2.000
M3 7 252x10718 222x107%  1.73x 10772 263x 10727  2.000
M4 6 1.85x1072 410x107% 202x107% 576 x 1073 2,000
M5 7 646x1071°  209x 1073 217 x107% 134 x 1026 2,000
M6 7 123x107%  375x107%  352x107% 231 x 10732 2,000
M7 7 135x107Y7  717x107%® 201 x107% 6.02x10"%°  2.000
6

M8 1.34x 1077 9.03x107%  408x10772  1.66x 1027 2000

Example 3. Van der Waals Equation of State, which can be expressed as

ajn?
(P—i— %)(V —nay) = nRT,
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explains the conduct of a real gas by taking in the perfect gas conditions two additional parameters, a1 and ay,
explicit for every gas. So as to decide the volume V of the gas as far as the rest of the parameters, we are required
to explain the nonlinear condition in V.

PV® — (nayP + nRT)V? + a;n?V — ayapn® = 0.

Given the constants a1 and ay of a specific gas, one can find values for n, P, and T, with the end goal that this
condition has three real roots. By utilizing the specific values, we get the accompanying nonlinear function

f1(x) = x® — 5.22x% + 9.0825x — 5.2675,

having three real roots. One root among three roots is a multiple zero & = 1.75 with a multiplicity of order two,
and other one being a simple zero { = 1.72. However, our desired zero is « = 1.75. We considered the initial
guess xo = 1.8 for this problem. Numerical results of various methods are shown in Table 3.

Table 3. Comparison of performance of methods for Example 3.

Methods n |en—2| len—1] len| f(xn) coc
MNM 10 222x1072  824x107*#  113x10°% 136 x 1071 2,000
M1 10 149x10°2 370x107% 227 x10°%  222x10°%3*  2.000
M2 10 1.52x1072  388x107% 252x1078% 343 x 10738 2,000
M3 10 1.05x1072  1.83x107* 564 x 1078  854x 1073 2,000
M4 10 311x107%# 159x107% 415x 107" 239 x 107361  2.000
M5 10 882x1072  1.32x107% 293x1077  6.32x1073% 2,000
Mé6 10 242x102 973x10°%  158x1078 516 x 1031 2.000
M7 10 1.95x107%  642x107%  692x107%  1.95x1073¢ 2,000
M8 9  979x1077  157x107%  4.02x107°" 210 x 1072 2,000

Example 4. Lastly, we consider the test function

hy(x) = (x* +1) (2xex2+1 + 2% — x) cosh? (%)

The function has a multiple zero & = i of multiplicity 4. We chose the initial approximation xo = 1.25i to obtain
the zero of the function.

Table 4. Comparison of performance of methods for Example 4.

Methods n len—a| len—1] len] fxn) coc
MNM 7 287x1071  275%x107% 251 x107% 582x10"%%  2.000
M1 7 288x10715  276x107%  253x107%° 621 x10°%%  2.000
M2 7 341x107%  395x107%  530x107% 245x107%>  2.000
M3 7 443x1075  684x107% 163 %107 214 x 1071 2.000
M4 7 570x1071% 116 x107%  475x 1075 124 x 10747  2.000
M5 7 548x1071%  1.07x107% 406 x 107 353 x 10748 2,000
M6 7 299x10715 298x107%  295x107% 210 x 1047  2.000
M7 7 448x1071° 697 x107% 169 x 107 290 x 10-¥1  2.000
M8 7 337x1071  382x107%  491x107%° 129 x 104>  2.000

5. Conclusions

In this paper, we presented a new one-point family of iterative methods with quadratic
convergence for computing multiple roots with known multiplicity, based on the weight function
technique. Analysis of the convergence showed the second order of convergence under some
suppositions regarding the nonlinear function whose zeros are to be obtained. Some efficient and
simple cases of the class were presented, and their stability was tested by analyzing complex geometry
using a graphical tool—namely, the basin of attraction. The methods were employed to solve some
real-world problems, such as the Eigenvalue problem, beam positioning problem, and the Van dar
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Waal equation of state, and were also compared with existing methods. Numerical comparison of the
results revealed that the presented methods had good convergence behavior, similar to the well-known
modified Newton’s method.
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Abstract: In this paper, we study the oscillation of second-order neutral differential equations
with delayed arguments. Some new oscillatory criteria are obtained by a Riccati transformation.
To illustrate the importance of the results, one example is also given.
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1. Introduction

The main focus of this study was the oscillation criteria of the solution of second-order delay
differential equations of the form

[0 @) +p 0 f @) =0, L2, M

wherez (£) = x () + g (£) x (0 (£)) and B is a quotient of odd positive integers. Throughout the paper,
we always assume that:

(Hy) a € C' ([, ), RT),a' (¢) >0,a(t) >0, p,q € C([lg, ), [0,00)),0<p(t)<1,,0, TE
C([fo, ), B), T(€) < £, (¢) < £, limT () = coand limo (¢) = o,
{—r00 (—00

(Hy) f€C(R,R),f(u)/u’ >k>0,foru#0.

By a solution of (1), we mean a function z € C ([, c0), R), ¢; > {,, which has the property
a(l) 7 (f)}ﬁ € C! ([€y, ), R), and satisfies (1) on [¢;, o). We consider only those solutions z of (1)
which satisfy sup{|z (¢)| : ¢ > ¢;} > 0, forall ¢ > ¢,. We assume that (1) possesses such a solution.
A solution of (1) is called oscillatory if it has arbitrarily large zeros on [¢;, o), otherwise it is called
non-oscillatory. (1) is said to be oscillatory if all its solutions are oscillatory. Likewise, the equation
itself is called oscillatory if all of its solutions are oscillatory.

Differential equations are of great importance in the branches of mathematics and other sciences.
In 1918, researchers were interested in studying differential equations. Since then, there has been much
research on the subject of the oscillation of differential and functional differential equations—see [1-10].

The differential equation in which the highest-order derivative of the unknown function appears
both with and without delay is called a neutral delay differential equation. In past years, researchers
have been interested in the oscillation of neutral differential equations—see [11-14].

Many authors have discussed the oscillations of second-order differential equations, and have
also proposed several ways to achieve oscillation for these equations. For treatments on this subject,
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this work.

we refer the reader to the texts, [15-21]. Here are some of the results that served as motivation for
Cesarano and Bazighifan [22] discussed the equation

[a () ()] +q () f (w(T(£)) =0

and used the classical Riccati transformation technique.

differential equations

@
Moaaz and Bazighifan [23] considered the oscillatory properties of second-order delay
!
[0 (6) @ @)P] +p(0) f (w(r () =0,
under the condition
© 1
/ —dl < oo
o ab (0)
and he proved it was oscillatory if
(0 L0
Grace et al. [24] studied the differential equations
/ 81’
[0 O] +p 0P ) =0, (24,
under the conditions

/w L7,
14

o ab (1)
Trench [25] used the comparison technique for the following
[a(©)w' (O] +q (O w(r(6) =0,

which they compared with the first-order differential equation, and on the condition

o0
)
In this paper we used the Riccati transformation technique, which differs from those reported
in [26] to establish some conditions for the oscillation of (1) under the condition

/ ! ds < oco.

1

0 ab (s)
An example is presented to illustrate our main results.
We begin with the following lemma.

Ldz = co.

a(f)

®)

Bi1
B

G

o

H

Si

Lemma 1 (See [1], Lemma 2.1). Let B > 1 be a ratio of two numbers, G, H, U, V € R. Then,
3 [(1+B)G—H|, GH>0,

A1
—(G—H)7
and

o

+1

N

B B+1
Uy —Vy P u

—— V>0
SErnFT VR
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2. Main Results

In this section, we state the oscillation criteria for (1). To facilitate this, we refer to the following:

R |
B(0) := /[ . (S)ds.

A(0) =kq (£) (1—p (T ()P
1 /¢
D (t(f)) = B(€+B/[ B(s)BP (T (5))A (s) ds.

(f)exp( /S/ 11(55? s).

®(0) =6 (0) A(e)—é(;)_ilw].
ak (0)7
a0 (B+1)
NEICRge TPy

ol (€) :=max {0, p' (¢)} and &, (¢) := max {0, &' (¢)}

Theorem 1. Assume that (3) holds. If there exist positive functions p,6 € Ct ([€o,o0), (0,00)) such that

‘°° - a(s) (e )]
/. {p (s)A(s)D(s)—m} ds = oo @
and
A 5(s)a(s) (6 (s))PH
. (@ (5) - W) ds = o0, ®

then every solution of (1) is oscillatory.

Proof. Let x be a non-oscillatory solution of Equation (1), defined in the interval [{y, o). Without loss
of generality, we may assume that x (¢) > 0. It follows from (1) that there are two possible cases,
for £ > {1, where {1 > (y is sufficiently large:

() 2(0)>0,(a(0) F (0)") <0,
(C) 2 (0) <0, (u ) (2 (@))“) <o0.
Assume that Case (Cy) holds. Since 7(¢) < tand z’ (£) > 0, we get

x(6) = z(0) = p(O)x(z(0) ®)
> (1=p(0)z(0),

which, together with (1), implies that

[2(0) ()] ((0) %)

IANIACIANIA
|
o~
-



Mathematics 2019, 7, 619

On the other hand, we see

z(f) = 2(61)—&-//' - u(s)%z' (s)ds 8)

Thus, we easily prove that

(z(é) —B(O)a(0)F (e))l — _B(0) (a ()F 2 (z)>/.

Applying the chain rule, it is easy to see that

—
o~
ND>)
N~
T
—
/N
m
—
~
N
o=
N\
—
~
=
~——

B(0) (a(0) (2 0)%) = p80) (a0)F =

By virtue of (7), the latter equality yields

1 ! 1-p
—B(¢) (a (0)F 2 (f)) = %B(f) <a (O)F 2 (€)> A(0) 2P (T (0)).

Thus, we obtain

v

<z(1z) —B(D)a(0)F 2 (e))l

Integrating from ¢, to ¢, we get

2(6) > B(O)a (O)F 2 (0) + & /;B(s) (ﬁ (s)2 (s))l_ﬂA (s) 2P (t (s)) ds.

From (8), we get

and this

2(t(6)) > a (T (0)F 2 (v (1) D(x (1)). ©)
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then w (¢) > 0 for £ > {1 and

W () = o)

= 0'(0)

From (9), we obtain

and this

IN

T .
a(¢)? D(¢)
Integrating the latter inequality from 7 (¢) to ¢, we get

2 (z(0) ags)?
2(0) > exp (/T([) D(s) ds).

Combining (7) and (13), it follows that

[a(g) (Z///(E))ﬁ]l A (2T 0) P
o] ot

ZP (£) - z(0)
¢ a(s)iTl
< A (e)exp <_'B/T(/,) D(S) S)
< —A)D(0)
By (10) and (11), we obtain that
o0 <000 oy a@ b - —F— o 0
P (0 (€)a (0))F
Now, we let “
G::pcrg,H:: p T yi=w(l).
P ) ewaot "
Applying the Lemma 1, we find
PO B NS IOIEAG)
ot (p(e)a(f))%w( RS

L a0 (@ ()
(B+1)pP (0)

Ca(s) (h (s)P!

B |
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which contradicts (4).
Assume that Case (Cy) holds. It follows from (a (0) (2 (£))F ) <0, that we obtain

2 (s) < (%)\ﬁ (0).

Integrating from ¢ to {1, we get

z(6) < z(0) +a" B (0)2 (¢) /Z 1 (s) ds. 17)
Letting 1 — oo, we obtain
2(0) > —B(£)a (£)F 2 (¢)
which implies that
z(0)Y
() =°
Define the function ¢ (¢) by
’ B
0 () =5(0) {u(e)zéz(é(é)) + ”ﬁl(é)}, (18)
then ¢ (t) > 0 for t > t; and
a0 @F (10 E ©F)
() (o) ad (0)
— 0)a .
OO T () nPr1(L)
Using (18), we obtain
/ a(0) (2 (0)F)
v = Feo+se <m)> (19)
p+1
B p) 1 i s ()
w020 |50~ smw) | YRS
Using Lemma 1 with G = ‘5&’)(524), H = ﬂ(f);ﬂ(f)’ we get
B+1 B+1
 (£) 1 i p) P
he® s@w@l 2 (50em) 0
1 p 1
5} 010 (¢+9 550 ~ s
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From (7), (19), and (20), we obtain

/ B+l
v < Fvo-sa0-poan (505) "
7 -1 P (t) 1
ﬂ“””@[mmaﬂa<“+”émum awwﬂ&ﬂ
This implies that
po < (Z0L B )y B S @)
20 ab (0yy(o) (6 (0)a(0)F
~5(0) [A - 1-F }
af (0)gF+1(0)
Thus, by (19) yield
YO <-00) 400y -—P (o). @)
(6(¢)a(0))}
Applying the Lemma 1 withU =0 (¢),V = b andy = ¢ (£), we get

(5(5)11(4))%

5(0)a () (8(0)F

Y0 <@ () + (B+1)F

(23)

Integrating from /; to £, we get

! 3(s)a(s) (0(s)""
A(@@—S&ingl>mswwﬂ—waswwm

which contradicts (5). The proof is complete. [

Example 1. As an illustrative example, we consider the following equation:
1Y\ e
2 —x( = Z) = >
(12 (x(£)+3x(2>>> +x<3> 0, (> 1. (24)
Let

If we now set 6 (£) = p(¢) = 1and k = 1, It is easy to see that all conditions of Theorem 1
are satisfied.
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v L 7
D (6) = exp fﬁ./r . ”Igs()ss ds

p(s)A(s)D(s) -

Ly

a(s) (e )] o2,
) e

and

© s(s)a(s) ()Y
'/ZO <¢(S)(/3+1)/5+1> ds = oo.

Hence, by Theorem 1, every solution of Equation (24) is oscillatory.

3. Conclusions

This article was interested in the oscillation criteria of the solution of second-order delay
differential equations of (1). It has also been illustrated through an example that the results obtained
are an improvement on the previous results. Our technique lies in using the generalized Riccati
substitution, which differs from those reported in [26]. We offered some new sufficient conditions,
which ensure that any solution of Equation (1) oscillates under the condition (3). Equation (1) is
a neutral delay differential equation when 7 (¢) < ¢, o (¢) < (. Furthermore, we could study
T (¢) > ¢, and be able to get the oscillation criteria of Equation (1) if z (£) = x (¢) —q (¢) x (¢ (£))
in our future work.
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Abstract: We propose a derivative free one-point method with memory of order 1.84 for solving
nonlinear equations. The formula requires only one function evaluation and, therefore, the efficiency
index is also 1.84. The methodology is carried out by approximating the derivative in Newton’s
iteration using a rational linear function. Unlike the existing methods of a similar nature, the scheme of
the new method is easy to remember and can also be implemented for systems of nonlinear equations.
The applicability of the method is demonstrated on some practical as well as academic problems
of a scalar and multi-dimensional nature. In addition, to check the efficacy of the new technique, a
comparison of its performance with the existing techniques of the same order is also provided.
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1. Introduction

In this study, we consider the problem of solving the nonlinear equations F(x) = 0; wherein
F:DD C R™ — R™ is a univariate function when m = 1 or multivariate function when m > 1 on an
open domain I, by iterative methods. Univariate function is usually denoted by f(x).

Newton’s method [1-3] is one of the basic one-point methods which has quadratic convergence
and requires one function and one derivative evaluation per iteration but it may diverge if the
derivative is very small or zero. To overcome this problem, researchers have also proposed some
derivative free one-point methods, for example, the Secant method [2], the Traub method [2], the
Muller method [4,5], the Jarratt and Nudds method [6] and the Sharma method [7]. These methods
are classified as one-point methods with memory whereas Newton’s method is a one-point method
without memory (see Reference [2]). All the above mentioned one-point methods with memory require
one function evaluation per iteration and possess order of convergence 1.84 except Secant which has
order 1.62.

In this paper, we develop a new efficient one-point method with memory of convergence order
1.84 by using rational linear interpolation. The method consists of deriving the coefficients of a rational
function that goes through by three points. Then, the derived coefficients are substituted into the
derivative of the considered rational function which, when used in Newton’s scheme, gives the new
scheme. The formula uses one function evaluation per step and has an efficiency index equal to the
efficiency of the aforementioned methods of the same order. However, the main advantages of new
method over the existing ones are its simplicity and suitability to solve systems of nonlinear equations.

The contents of the paper are organized as follows: in Section 2, the new method is developed
and its convergence is discussed; in Section 3, some numerical examples are considered to verify the

Mathematics 2019, 7, 604; doi:10.3390 / math7070604 181 www.mdpi.com/journal /mathematics
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theoretical results and to compare the performance of proposed technique with existing techniques;
the proposed method is generalized for solving the system of nonlinear equations in Section 4.

2. The Method and Its Convergence

Our aim is to develop a derivative-free iterative method by Newton’s scheme

X,
Xpp1 = Xn — Jf,((x”n)), n=0,1,2,

)

wherein f’(x,) is approximated by using the rational linear function

R() = j @)
such that
R(xn2) = f(¥n-2), Rsu1) = Flrnn) R(¥a) = fxa) n=2,3,4,.... @)

Imposing the conditions (3) in (2), we have that

(b(xnfz - xn) + C)f(xn72) =Xp—2—Xp+a,
(b(xnfl - xn) + C)f(xnfl) =Xp—1—Xpta,

cf(xn) = a. @
Then

b(n2 — %) f (xu—2) + (F(¥n-2) — f(xu)) = Xa—2 — 3,

b(tam1 — X0 f(tao) + e(F(tao1) = F(n)) = Xai1 — X, )
equivalently

bf(xn—Z) + Cf[xnfzr xn] =1,
bf (xn-1) + cflxn-1,xa] =1, (6)

where f[s,t] = £ (52:{ ®) is the Newton first order divided difference.

Solving for b and ¢, we obtain that

— flxn—2,%n] = flxn-1,Xn]
" Pl 20l £ Gon 1)~ Flin 1,007 Gr-2) @
" Fln2) ~ flxan)
_ Xn—2) = J(Xn—1
T 15l fGon2) = F a2 %al 1) ®
Some simple calculations yield
Ry = 1410
_ f[xn—lfxn}f[xn—ern]
T 2wl ©
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Assuming that f’(x,) is approximately equal to R’(x;), then, in view of (9) the method (1) can be
presented as

flxn—2,20-1]

S e 2w (9
The scheme (10) defines a one-point method with memory and requires one function evaluation
per iteration.

In the following theorem, we shall find the order of convergence of (10). We use the concept
of R- order of convergence given by Ortega and Rheinboldt [8]. Suppose {x,} is a sequence of
approximation generated by an iteration method. If the sequence converges to a zero « of f with R-
order > r, then we write

Curt ~ € (11)

Theorem 1. Suppose that f(x), f'(x), f (x) and f""'(x) are continuous in the neighborhood I of a zero (say, o)
of f. If the initial approximations xq, x1 and xy are sufficiently close to «, then the R-order of convergence of the
method (10) is 1.84.

Proof. Lete, = x, —wa, ¢, 1 = x,_1 —aand e, » = x,,_» — & be the errors in the n-th, n — 1-th and
n — 2-th iterations, respectively. Using Taylor’s expansions of f(x,) , f(x,_1) and f(x,_») about « and
taking into account that f(a) = 0 and f'(«a) # 0, we have that

f(xn):f/(“)[en+AZe;21+A33i+"']/ (12)
Flxuo1) = f'(@)[en—1 + Ape? |+ Az - 1, (13)
flxn2) = (@) [en2+ Asel_o+ Asey y+---], (14)

where A} = Tand A; = (1/i) fO (a)/ f' (), i = 2,3,4, ...
Using Equations (12) and (13), we have

f[xnflr xn] = f/(“) (1 + Az(en + 5’7171) + A3(€,21 + 3;21—1 + enenfl) +- - ) (15)
Similarly we can obtain

Flxn—o, xn] = f(@)(1+ Ag(en +en_2) + Az(e2 + €2 5 +enen o) +---), (16)
flxn-2,x-1] = f/(2) (1 + Az(en—2 + en_1) + As(€3_p + €31 +enneu_1) + ). 17)
Using Equations (12), (15)-(17) in (10), we obtain that
en + Az«‘?% + A332 + Az (en—2en +eq_16n) + Az(eney_1en-2) + - -

1+ Ag(en +ena) + As(en +en1) + A2 + eneu + ey1en + e 1002) + -
= (A3 — A3)enen 1€y o+ --,

Cni1 = €n

that is
€nt1 ™~ €nly_1€y-2. (18)
From (11), we have that
1
en ™~ e (19)
1
en—1 "~ €y (20)
and
L4
eppr~e | ~ep. (21)
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Combining (18), (20) and (21), it follows that

11 gl
) 2
enr1 ~epenel =e, . (22)

Comparison of the exponents of e, on the right hand side of (11) and (22) leads to
P—r2—r—1=0,
which has a unique positive real root 1.84. That means the order r of method (10) is 1.84. O

Remark 1. According to Ostrowski’s formula [9] for the efficiency measure of an iterative method of order r; if
c is the computational cost measured in terms of the number of evaluations of the function f and its derivatives
that are required for each iteration, then the efficiency index of the method is given by r/¢. Thus the efficiency
index of Newton’s method is 1.414, the Secant method is 1.62 whereas in the case of the Muller, Jarratt-Nudds,
Traub, Sharma and new methods (10) this index is 1.84.

3. Numerical Results

We check the performance of the new method (10), now denoted by NM, using the computational
software package Mathematica [10] with multiple-precision arithmetic. For comparison purposes, we
consider the Muller method (MM), the Traub method (TM), the Jarratt-Nudds method (JNM) and the
Sharma method (SM). These methods are given as follows:

Muller method (MM): N
X1 = Xn — ali\/ﬁ
where
a9 = %[(xn —%02) (f (xn) = f(xn-1)) — (0 — 1) (f(20) — f(x0-2))],
i = 55 [ = x-2) (o) = Fn 1) = (o = 50 1)2(F(0) = Fa2))],

apy = f(xn)/

D = (xn — xp—1) (X0 — Xn—2) (Xp—1 — Xu—2).

Traub method (TM):

I R e W
Xp41 = Xn flon, xp-1] + fxn) — f(xn—2) (f[xnfxn—l] f[xﬂfllxr[72:|>.

Jarratt-Nudds method (JNM):

(xn — xy—1) (20 — xn—z)f(xn)(f(xn—l) _f(xn—z))
(xn = 20-1) (f (xn-2) = f(xn)) f(xn—1) + (xn — x0-2) (f (xn) = f(xn—1)) f(xn—2)

Sharma method (SM):

Xpp1 = Xp +

s 2 (bf ) —d)
cE /2 —4daf(x,)(bf(x,) —d)

7
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where

o= a(h16y — hady) + 03102 (h61 — hady)
5 — o1 ’
ll(hz — h1) + b(hzé% — hlé%)
A ’
he = Xn — Xy

5o fo) = Flu)

Xn = Xp—k

d=

We consider five examples for numerical tests as follows:

Example 1. Let us consider Kepler's equation; f1(x) = x — agsin(x) — K = 0, where 0 < a7 < 1 and
0 < K < m. A numerical study, based on different values of parameters K and wq, has been performed
in [11]. We solve the equation taking K = 0.1 and ay = 0.25. For this set of values the solution w is
0.13320215082857313.... The numerical results are shown in Table 1.

Table 1. Comparison of performance of methods for function f;(x), taking xp = 0.5,x7 = —0.3,
Xy = 0.1.
Methods n |xg — x3] |x5 — x4 |x6 — x| cocC CPU-Time
MM 7 2.860(—4) 2271(-7) 1.184(—13) 1.82 0.0952
™ 7 2.832(—4) 2.247(~7) 1.143(—13) 1.82 0.0944
INM 7 2.846(—4) 2.259(=7) 1.163(—13) 1.82 0.1246
SM(a=1,b=1) 7 2.850(—4) 2262(-7) 1.169(—13) 1.82 0.1107
SM(a=1,b=2) 7 2.845(—4) 2.258(~7) 1.162(—13) 1.82 0.0973
SM(a=1,b=—1) 7 2.897(—4) 2.302(=7) 1.239(—13) 1.82 0.0984
NM 7 2.670(—4) 2.116(-7) 1.013(—13) 1.82 0.0921

Example 2. Next, we consider isentropic supersonic flow across a sharp expansion corner (see Reference
[12]). The relationship between the Mach number before the corner (i.e., My ) and after the corner (i.e., M) is
expressed by

2 1\ 1/2 2 1\ 1/2
fo(x) = bl/z<tar1’1 (%) —tan~! (Mlb 1) > - (tan’l(M% ~1)Y2 —tan}(M? — 1)1/2> -9,

where b = z—ﬂ and v is the specific heat ratio of the gas. We take values My = 1.5, ¢ = 1.4 and 6 = 10°.
The solution « of this problem is 1.8411294068501996.... The numerical results are shown in Table 2.

Table 2. Comparison of performance of methods for function f;(x), taking xo = 1.1,x; = 2.3,x, = 1.7.

Methods n |xg — x3] |x5 — x4 |x6 — xs5| cocC CPU-Time
MM 7 8212(-3)  3223(-5)  3369(—9) 183 0.3312
™ 7 8.228(—3) 4.906(—5) 6.104(—9) 1.83 0.3434
INM 7 8220(—3)  4.048(—5) 1.636(—9) 1.83 0.3163
SM(a=1b=1) 7 8.215(—3) 3.537(—5) 3.841(—9) 1.83 0.3754
SM(a=1,b=2) 7 8.217(-3) 3.752(—5) 4.175(—9) 1.83 0.3666
SM(a=1,b=—1) 7 8.207(—3) 2.724(—5) 2.660(—9) 1.83 0.3627
NM 7 8.228(-3) 4.905(-5) 5.395(—9) 1.83 0.3024
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Example 3. Consider the equation governing the L-C-R circuit in electrical engineering [13]

dq  dq q
Lig TRy t¢e=0

whose solution q(t) is
1 R\?
_ . —Rt/2L _
q(t) = qoe cos ic <2L> £,
whereatt =0, g = qo.

A particular problem as a case study is given as: Assuming that the charge is dissipated to 1 percent of
its original value (q/qo = 0.01) in t = 0.05 s, with L = 5 Henry and C = 10~* Farad. Determine the proper
value of R?

Using the given numerical data, the problem is given as

F(x) = e~ 0005% o (\/2000 ~0.0122 (0.05)) —001=0,

where x = R. Solution of this problem is, # = 328.15142908514817.... Numerical results are displayed
in Table 3.

Table 3. Comparison of performance of methods for function f3(x), taking xo = 430,x; = 200,
xy = 315.
Methods n |xg — x3] |x5 — x4 |x6 — x| CcOoC CPU-Time
MM 7 4.446(—1) 2.182(-3) 3.303(—8) 1.83 0.2075
™ 7 6.515(—1) 4.078(-3) 1.381(—7) 1.84 02185
INM 7 1.259(—1) 1.767(—4) 2.058(—10) 1.83 0.1721
SM(a=1,b=1) 7 4.446(—1) 2.182(-3) 3.303(—8) 1.83 0.2126
SM (a=1,b=2) 7 4.446(-1) 2.182(-3) 3.303(—8) 1.83 0.1979
SM (a=1,b=-1) 7 4.446(—1) 2.182(—3) 3.303(—8) 1.83 0.2034
NM 7 1.818(—1) 3.112(—4) 6.976(—10) 1.83 0.1568

Example 4. Law of population growth is given as (see References [14,15])

dAN(1)
dt

=AN(t) +v,

where N(t) = population at time t, A = constant birth rate of population and v = constant immigration rate.
The solution of this differential equation is given by
v

— At
N(t) = Npe™' + 1

(EM _ 1),
where Ny is initial population.

A particular problem for the above model can be formulated as: Suppose that a certain population
consists of 1,000,000 people initially. Further suppose that 435,000 people immigrate into the community in the
first year and 1,564,000 people are present at the end of one year. Determine the birth rate (A) of this population.

To find the birth rate, we will solve the equation

Fu(x) = 1564 — 1000¢% — %(e" —1)=0,
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wherein x = A. Solution of this problem is, & = 0.10099792968574979.... The numerical results are
given in Table 4.

Table 4. Comparison of performance of methods for function f4(x), taking xo = —0.4,x; = 0.5,
xp = 0.05.
Methods n |xq — x3| |x5 — x4 |x6 — x| cocC CPU-Time
MM 7 1.464(—3) 4.958(—6) 5.588(—11) 1.83 0.1924
™ 7 3.061(—3) 1.670(—5) 7.659(—10) 1.84 0.1884
JNM 7 7.093(—4) 1.013(—6) 2.558(—12) 1.82 0.1811
SM(a=1b=1) 7 3.061(—3) 1.670(—5) 7.659(—10) 1.84 0.2194
SM (a=1,b=2) 7 3.061(—3) 1.670(—5) 7.659(—10) 1.84 0.2033
SM (a=1,b=-1) 7 3.061(—3) 1.670(—5) 7.659(—10) 1.84 0.1875
NM 7 1.980(—3) 1.078(—6) 8.160(—12) 1.85 0.1727

Example 5. Next, we consider an example of academic interest, which is defined by

Blnx? +x° — x4, x #0,
folx) = { 0, x=0.

It has three zeros. Note that « = 0 is the multiple zero of multiplicity 3. We consider the zero & = 1 in our work.
Numerical results are displayed in Table 5.

Table 5. Comparison of performance of methods for function f5(x), taking xp = 1.2, x; = 0.9, x = 1.05.

Methods n |xg — x3] |x5 — x4 |x6 — x| CcOoC CPU-Time
MM 8 3.206(—3) 5.057(—5) 2.720(—8) 1.84 0.0943
™ 9 1.090(—2)  9.025(—4) 5.898(—6) 1.83 0.0821
INM 8 4915(—3) 1.525(—4) 1.955(—7) 1.85 0.0798
SM(a=1b=1) 8 1.010(—2) 7.066(—4) 3.901(—6) 1.85 0.0942
SM (a=1,b=2) 8 1.048(—2) 7.960(—4) 4777(—6) 1.83 0.0933
SM(a=1,b=—1) 9 1.185(—2) 1.188(—3) 9.274(—6) 1.83 0.0931
NM 8 1.930(—3) 4.728(—5) 1.766(—8) 1.85 0.0775

Numerical results shown in Tables 1-5 contain the required iterations n, computed estimated
error |x, 11 — Xy in first three iterations (wherein A(-h) denotes A x 1071, computational order of
convergence (COC) and CPU time (CPU-time) are measured during the execution of the program.
Computational order of convergence (COC) is computed by using the formula [16]

In(|x,41 — x| /|20 — xp-11)

COC = .
In(xy — xp—1|/|Xn-1 — Xn—2])

The necessary iterations (1) are obtained so as to satisfy the criterion (|x, 41 — xu| + |f(x,)]) < 10710,
The first two initial approximations xo and x; are chosen arbitrarily, whereas third x; is taken as the
average of these two. From the numerical results displayed in Tables 1-5, we can conclude that the
accuracy of the new method (NM) is either equal to or better than existing methods. Moreover, it
requires less CPU-time compared with that of existing methods. This character makes it more efficient
than the existing ones.
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4. Generalized Method

We end this work with a method for solving a system of nonlinear equations F(x) = 0; F : D C
R™ — R™ is the given nonlinear function F = (f1, fa, ..... fm)T and x = (xq,...., xm)T. The divided
difference F[x, y| of F is a matrix of order m x m (see Reference [2], p. 229) with elements

Fi(x1, e X Y1 s Ym) = (X1, ooy X1, Yo veves Y
Xj = Y '

Flx,ylij = 1<ij<m. (23)
Keeping in mind (10), we can write the corresponding method for the system of nonlinear equations

as:
x(H) = 5 () pla(t=1) x (0] =1p[x(1=2) (=D F[x(1=2) (1] ~1F (1)), (24)

where F[-, -] 71 is the inverse of the divided difference operator F[-,].

Remark 2. The computational efficiency of an iterative method for solving the system F(x) = 0 is calculated
by the efficiency index E = r'/C, (see Reference [171), where  is the order of convergence and C is the total cost
of computation. The cost of computation C is measured in terms of the total number of function evaluations per
iteration and the number of operations (that means products and divisions) per iteration. The various evaluations
and operations that contribute to the cost of computation are described as follows. For the computation of F in
any iterative function we evaluate m scalar functions f;, (1 < i < m) and when computing a divided difference
F(x,y], we evaluate m(m — 1) scalar functions, wherein F(x) and F(y) are evaluated separately. Furthermore,
one has to add m? divisions from any divided difference. For the computation of an inverse linear operator, a
linear system can be solved that requires m(m — 1)(2m — 1) /6 products and m(m — 1) /2 divisions in the
LU decomposition process, and m(m — 1) products and m divisions in the resolution of two triangular linear
systems. Thus, taking into account the above considerations of evaluations and operations for the method (24),
we have that ,
C= §m3 + 8m? — gm and E = 1.84203 1242 m

Next, we apply the generalized method on the following problems:

Example 6. The following system of m equations (selected from [18]) is considered:
m
2 xj—e*x":O, 1<i<m.
j=Lj#i
In particular, we solve this problem for m = 10,30,50,100 by selecting initial guesses x0) = {2,2,.".
,2}T, x( = {-1,-1, ~r-n-, —1}T and x(2) = {%, %, ~’Tl~, %}T towards the corresponding solution:
a = {0.100488400337 . ..,0.100488400337 .. ., -1-0-, 0.100488400337 ...} T,
a = {0.033351667835 . .., 0.033351667835 . . ., ~3~0-, 0.033351667835...} 7,
a = {0.020003975040.. . ., 0.020003975040.. . ., ~5~0-, 0.020003975040....}T,
« = {0.010000498387 . .., 0.010000498387 . .., **", 0010000498387 ...} .

Numerical results are displayed in Table 6.
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Table 6. Performance of new method (NM) for Example 6.

m n [lxg — x| [lxs — x| [lx6 — xs]| coc CPU-Time
10 7 1139(-2)  7.395(-5)  1.310(-9) 1.84 1.935

30 7 6776(-3) 1937(—5)  5181(-11) 184 16.832

50 7 5251(-3)  9485(—6)  9.630(—12)  1.84 57.704

100 7 3.691(—3) 3.463(—6) 9.131(—13) 1.84 407.912

Example 7. Consider the system of m equations (selected from Reference [19]):
m
tanfl(x,')+l—2‘ Z ‘x]Z:O, 1<i<m.
J=Lj#

Let us solve this problem for m = 10,30, 50,100 with initial values x0) = {-1,-1, -"-l-, fl}T, x1) =
{0,0, ~n~l~,0}T and x@) = {-0.5,-0.5, ~’Tl~, —0.5}T towards the corresponding solutions:

a = {—0.209906976944 . .., —0.209906976944 . . ., ~1~0-, —0.209906976944 . . .}T,

a = {—0.123008700800. . ., —0.123008700800. . ., 43~0-, —0.123008700800 . . .}T,

a = {-0.096056797272 . .., —0.096056797272 .. ., -5-0-, —0.096056797272 ... .}T,

o = {—0.068590313107 . .., —0.068590313107 . .., ' *", —0.068590313107 ...} .

Numerical results are displayed in Table 7.

Table 7. Performance of new method (NM) for Example 7.

m n [|24 — 3] [|x5 — xa| [|lx6 — x5 cocC CPU-Time
10 9 7.661(—2) 1.423(—2) 1.304(—4) 1.84 3386

30 10 4195(-1)  5623(-2)  6.824(-3) 1.84 25.600

50 10 6.603(—1) 5.572(-2) 1.354(-2) 1.84 87.531

100 10 1.076 2.307(-2) 1.106(—2) 1.84 593.691

In Tables 6 and 7 we have shown the results of the new method only, because the other methods
are not applicable for nonlinear systems. We conclude that there are numerous one-point iterative
methods for solving a scalar equation f(x) = 0. Contrary to this fact, such methods are rare for
multi-dimensional cases, that is, for approximating the solution of F(x) = 0. Since the method uses
first divided difference, a drawback of the method is that if at some stage (say j) the denominator
xj = yj in the Formula (23), then the method may fail to converge. However, this situation is rare since
we have applied the method successfully on many other different problems. In the present work, an
attempt has been made to develop an iterative scheme which is equally suitable for both categories viz.
univariate and multivariate functions.
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